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Chapter 1

The impact of investment and R&D intention
disclosure on IPO returns

Lokman Tutiincii'?

Abstract

This study investigates the signaling properties of the use-of-proceeds
disclosure in the prospectuses of going public companies. This disclosure
plays an important role in mitigating information asymmetries through
revealing the motivation of owners to take the business public. A three-
layered classification scheme for the use-of-proceeds is used, consisting of
investment intention, debt payment intention, and general corporate purpose
intention. The study argues that companies declaring investment intention
and in particular, those disclosing research and development (R&D)
intention signal their long-term value creation potential and consequently
provide greater returns, while debt payment and general corporate purpose
intentions do not signal value creation . A sample of 117 firms that went
public on Borsa Istanbul are used to test the predictions. Results show
that investment is the primary motivation for going public and over 50%
of all proceeds are allocated for further investment plans. Debt payment
intention and general corporate purposes come second and third in terms of
the amount of proceeds. Capital expenditures (CAPEX) account for most of
the investment plans, as 76 of the 79 firms declaring investment intention
allocated part of the proceeds to it. In contrast, only 15 small firms declare
R&D investment intention, accounting for a negligible 0.3% of the gross
proceeds. Regressions show that investment declaring companies provide
larger initial returns relative to non-declaring firms. R&D emerges as the
source of good performance despite its small size while CAPEX plans appear
to be priced in the offer price and have no significant impact on long-term
returns. The results support the notion that the use-of-proceeds disclosure
provides investors information to assess investment worthiness of the going
public companies and highlight the importance of investing in the future.

Assoc. Professor, Department of Business, Bursa Uludag University, Tiirkiye. Lokmant@
uludag.edu.tr, ORCID 0000-0002-8653-9546
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1. Introduction

This study investigates the relationship between use-of-proceeds disclosure
and returns. The discussion on this subject is not new. Seminal research
papers exist on the intention of secondary equity offerings (SEO) (Autore
et al., 2009; Jeanneret, 2005; Silva & Bilinski, 2015; Walker & Yost, 2008)
and initial public offerings (IPOs) (Amor & Kooli, 2017; Andriansyah &
Messinis, 2016; Kim & Weisbach, 2008; Leone et al., 2007; McGuinness,
2019; Wyatt, 2014). Of particular interest is the signaling theory that
predicts a quality signaling mission for investment declarations leading to
better aftermarket prices (Trueman, 1986) and leaving substantial amounts
of proceeds on the table to signal quality (Allen & Faulhaber, 1989; Welch,
1989). Prior research associates investment intention with future cash
tflow stability, less severe asymmetric information, quality signals and more
favourable market reaction (Autore et al., 2009; Hill, 2008; McGuinness,
2019; Silva & Bilinski, 2015; Trueman, 1986; Walker & Yost, 2008).
Conversely, recapitalization and general purpose declaration are associated
with negative signals as they are likely to be market timers, overvalued
(Kim & Weisbach, 2008; Silva & Bilinski, 2015) and spend the proceeds
on value destroying projects (Walker & Yost, 2008). Thus, investment
disclosure is expected to be associated with less opportunistic behaviour and
consequently better initial and long-run returns. The investment intention;
however, aggregates proceeds allocated to capital expenditures (CAPEX)
and research and development (R&D). This could lead to oversimplification
of the impact of investment elements since CAPEX and R&D are subject
to different accounting treatment, the former is tangible and capitalized
while the latter is intangible and expensed. Prior research argues R&D is
an important source of uncertainty (Guo et al., 2006). While market reacts
positively to CAPEX and R&D announcements in the short-term (Chung
et al., 1998; Eberhart et al., 2004; Lev & Sougiannis, 1996), only R&D
is associated with long-run performance improvements because benefits of
R&D are likely to be revealed in the long-term (Eberhart et al., 2004; Guo
et al., 2006; van Bommel & Vermaelen, 2003). There is even evidence of
performance deterioration following CAPEX increases (Jain & Kini, 1994).
Therefore, this study argues that decomposition of investment intention
is crucial to shed light on the individual impact of CAPEX and R&D on
returns, and to decouple the long-termism and ambiguity associated with
R&D investments from CAPEX. This practice is also more in the spirit of
Trueman (1986) who theorizes a signaling role for CAPEX alone.

This study utilizes disclosure of use-of-proceeds specificity (Leone
et al.,, 2007), and its investment, debt payment and general corporate
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purpose intention metrics to seek answers to two research questions: First,
are the disclosure specificity and investment declaration associated with
better aftermarket returns? Contrary to the negative relationship between
specificity and returns presented in Leone et al. (2007). the paper argues
that specificity is market-dependent and its effect on returns could vary
based on its components. As specificity would collectively reflect the signals
of its components, its effect on returns is likely to be ambiguous. Second, do
CAPEX and R&D have divergent outcomes with regards to initial and long-
run returns? Prior IPO research merges these two declarations to obtain the
investment variable. While this study also follows this mainstream practice,
it gives CAPEX and R&D an additional separate treatment to observe their
unique effects on returns.

The sample consists of 117 capital-raising firms that went public between
2010 and 2020 at Borsa Istanbul. The Capital Markets Board (SPK) Issue
Directive 1.40 (2010) requires capital-raising issuers to attach a use-of-
proceeds intention report to the prospectus. The following SPK Issue
Directive 128.VII.1 (2013) Rule 33/1 imposes mandatory disclosure for
use-of-proceeds intention and two quarterly post-issue assessments. These
regulations enable collection of data and make this study possible. The sample
represents 87% of all Turkish IPOs in terms of numbers and 70% of all gross
proceeds during the same period. The remaining 18 issuers are excluded
because they issue secondary shares only and do not raise capital, in which
case proceeds become the personal wealth of the selling shareholder. The
three-layered classification scheme in Walker and Yost (2008) and Autore
et al. (2009) is followed, where use-of-proceeds is grouped by investment
(INVEST), debt repayment (DEBT) and general corporate purpose (GCP)
intentions. The study employs ordinary least squares (OLS) regressions to
test the hypotheses, as well as a Heckman regression to control for potential
investment selection. Main findings are consistent with the prior theory
and evidence on the role of investment intention on aftermarket returns,
while showing that only R&D part of the investment disclosure is positively
associated with underpricing and long-run performance. Specificity and its
DEBT and GCP components have no significant impact on returns. Results
show that investment intention is the dominant use-of-proceeds disclosure,
declared by 72 (67.5%) of the issuers and more than half (50.4%) of
the proceeds allocated for it. Overall, IPOs specify 78.8% of the use-of-
proceeds. The DEBT and GCP intentions account for the remaining 28.4%
of specificity. The findings demonstrate that issuers planning to allocate
proceeds for new investments tend to provide larger returns than non-
investment IPOs. The firms allocating all proceeds to future investments
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provide more than triple average initial returns of firms allocating zero
proceeds to investment (12.5% vs. 3.8%). Despite their small number, 15
IPOs declaring R&D intention provide the highest return of all groups,
and triple average initial return of firms without R&D declaration (17.5%
vs. 5.9%). Moreover, R&D declaring companies are the only disclosure
class that does not underperform in the long-run, while IPOs declaring
zero investment are the least underpriced and the worst performers in the
long-run. Multivariate tests support the positive effect of investment and
R&D disclosure on returns; however, investment has no significant impact
on returns when stripped of the R&D component. Specificity, DEBT
and GCP disclosures are not significantly associated with initial and long-
run returns. These findings support the quality signaling properties of
investment disclosure (Amor & Kooli, 2017; Autore et al., 2009; Walker
& Yost, 2008) and informative content of the use-of-proceeds section. They
are also consistent with Guo et al. (2006) that research and development
(R&D) is a major source of information asymmetry, and its benefits slowly
unravel (Eberhart et al., 2004). Nonetheless, the Trueman (1986) theory
that predicts a quality signaling role for CAPEX is consistently rejected.

The contribution of this study is twofold. First, it extends the relevant
disclosure literature on equity issues (Amor & Kooli, 2017; Autore et al.,
2009; Beatty & Ritter, 1986; Kim & Weisbach, 2008; Leone et al., 2007;
Silva & Bilinski, 2015; Walker & Yost, 2008) through investigating the
impact of CAPEX and R&D disclosure on returns. Prior research does not
decompose investment intention into its components. Second, for the first
time the study documents the motivations and intentions of Turkish issuers
tfor going public and extends prior research on Turkish IPOs that utilize
prospectus disclosure to document the relationship between IPO price
support, lockups, valuation, and underpricing (Tutuncu, 2020c, 2020b,
2020a). The investors should be aware that they could benefit from the
information content of the use-of-proceeds section since it will help them
decide the investment worthiness of the going public company. Issuers
should realize that more focus on long-term sustainability by investing in
R&D would benefit both investors and companies because it mitigates
disappointments, e.g., helps prevent winner’s curse (Rock, 1986) in the
short- and long-run as market reacts positively to quality signals.

The rest of the study is as follows. Section 2 reviews the literature and
constructs the testable hypotheses. Section 3 describes data and provides
descriptive statistics. Section 4 presents test results and Section 5 concludes.
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2. Literature review and hypothesis development

The literature often associates greater uncertainty and less specific
disclosure with larger underpricing to enforce an equilibrium between issuer
and investor wealth (Beatty & Ritter, 1986; Myers & Majluf, 1984). This
line of reasoning assumes that underwriters need to offer greater discounts
to compensate investors for the larger risk they are prepared to take, and
the issue is priced by market more accurately in the light of more specific
disclosure (Leone et al., 2007; Amor and Kooli, 2017) and with the assistance
of book-building mechanism which allows price adjustments (Benveniste &
Spindt, 1989). Central to underpricing are the issuer motivations for going
public and investor perceptions about value, thus issuers need to justify their
going public decision and the offer price that comes with it. Pagano et al.
(1998) find that firms issue equity primarily to exploit mispricing in capital
markets. Roell (1996) surveys the motives for going public and finds that
financing investment is the most important and exploiting mispricing is the
least important intention. Kim and Weisbach (2008) note that some equity
issues are motivated by wealth expropriation if market prices are higher
than justified by the issuing firm’s fundamentals. The equilibrium model
introduced by Myers and Majluf (1984) argues that investors discount
the price announced by the issuer because they are aware of their relative
ignorance and may be suspicious of issuers’ intentions. In this asymmetric
environment, issuers may signal quality of the issue by underpricing (Allen
& Faulhaber, 1989; Welch, 1989) and ensure participation of less informed
investors in the market (Rock, 1986). One way of signaling firm quality is
disclosing the level of planned capital expenditures (Trueman, 1986), as it
will demonstrate that insiders have favourable private information about
the firm. Chung et al. (1998) show that investors distinguish valuable
investment opportunities from less valuable ones and firms with larger
growth opportunities have a more positive market reaction.

On the other hand, the rational investor would discount the value
of an asset when the information about its quality is withheld and react
positively to good information disclosure. Trueman (1986) defines the
good information as the planned CAPEX, through which issuers can signal
the quality of the asset to investors. The issuing firm could abstain from
disclosing specific information if rent-seeking motives are present; however,
would provide it if specific information allows market to estimate its value
in an unbiased manner (Walker and Yost, 2008) and proves that the issuer is
not an opportunistic market-timer (Autore et al., 2009). Kim and Weisbach
(2008) study post-issue financial statements to show that when the issuer
is valued at lower multiples, the proceeds are likely to be used to finance
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new investments. Conversely, issuers stating debt as their primary intention
are likely to be market timers (Hertzel & Li, 2010) and overvalued (Amor
& Kooli, 2017). Likewise, ambiguous intentions such as general purpose
could be used to mask overvaluation (Silva and Bilinski, 2015) and imply
that proceeds would be used for value destroying projects (Walker and
Yost, 2008). If the use-of-proceeds specificity and investment intention
convey credible information about the quality and value (Trueman, 1986;
Kim and Weisbach, 2008), the issue would suffer from less severe ex-ante
information asymmetry. The issuers in this case would not need to offer
large discounts to attract investors and the issue should still be accompanied
by larger initial returns. The prior evidence on market reaction to investment
declarations supports this argument. Walker and Yost (2008) document that
markets react favourably to the declared investment intention in secondary
offerings. Autore et al. (2009) and Adriansyah and Messinis (2016) show
that investment is the only use-of-proceeds intention associated with better
operating performance. Silva and Bilinski (2015) find that issuers citing
investment intentions perform better than non-investment issuers in the
long-run. McGuinness (2019) presents more evidence that investment
intention is associated with larger subscription rates, higher price updates
and larger initial returns in Hong Kong IPOs. This discussion provides two
hypotheses concerning specificity, investment and underpricing:

HI1: Disclosure of overall use-of-proceeds specificity is associated with
larger initial returns.

H2: Disclosure of investment intention is associated with larger initial
returns.

Although a significant relationship is proposed between specificity
and returns following the mainstream disclosure research, the specificity
incorporates a mix of different intentions which may not convey the
favourable information better disclosure is purported to have. While
Leone et al. (2007) find a negative relationship between specificity and
initial returns, the use-of-proceeds specificity in their sample is dominated
by the debt payment intention, which may send a negative signal to the
market. Amor and Kooli (2017) find that firms stating debt as their primary
intention time the market and provide the worst returns. McGuinness
(2019) shows that investment intention is associated with better returns
relative to other intentions in the short- and long-run. Similarly, Autore et al.
(2009) document that issuers declaring debt payment and general corporate
purpose intentions underperform in the long-run, while investment declaring
tirms do not. Therefore, it is necessary to interpret specificity results with



Lokman Tiitiincii | 7

caution as its components are likely to send mixed signals. This study defines
use-of-proceeds specificity as percentage disclosed use-of-proceeds intention
relative to net proceeds as in Leone et al. (2007). The specificity is often a
combination of several intentions, and its components may vary from one
market to another. For example, Jeanneret (2005) reports new investment
and capital structure intentions. Leone et al. (2007) factor specificity into
debt and non-debt components. Hill (2008) and Adriansyah and Messinis
(2016) divide use-of-proceeds into 5 different categories. Wyatt (2014) uses
3 categories consisting of growth, production, and financing. This study
uses the 3-layered classification scheme following the dominant strand of the
literature as used by Walker and Yost (2008), Autore et al. (2009), Silva and
Bilinski (2015), and McGuinness (2019).

This study decomposes investment disclosure to obtain a better
understanding of the use-of-proceeds. Although the existing use-of-proceeds
literature aggregates CAPEX and R&D to obtain investment disclosure, in
practice, the CAPEX and R&D parts of the investment may be processed
differently by market because the former is tangible and capitalized while the
latter is intangible and expensed. Their separate treatment is consistent with
the accounting standards, as well as a large body of research that individually
studies their effect on performance (Chung et al., 1998; Fedyk & Khimich,
2018; Lev & Sougiannis, 1996; van Bommel & Vermaelen, 2003). While
Trueman’s (1986) argument presents CAPEX as a safer investment with
more predictable cash flow outcomes, the R&D stands out because it
presents investors with more ex-ante uncertainty (Guo et al., 2006), and
the full extent of its potential benefits will only be revealed in the long-
run (Eberhart et al., 2004; Guo et al., 2006). Prior research argues that
R&D increases or announcements are associated with more uncertainty
(Lev and Sougiannis, 1996; Eberhart et al., 2004), and R&D intensity is a
major source of information asymmetry for IPOs, thus require larger initial
returns to compensate for short-term uncertainty and provides better long-
run returns as the uncertainty dissipates and R&D investments are realised
in the long-term (Guo et al., 2006). Investors may demand higher returns
from R&D declaring IPOs and receive it as overall market reaction to R&D
announcements and increases is positive (Lev and Sougiannis, 1996; Guo
et al., 2006). On the other hand, CAPEX declarations provide a more
tangible basis for estimating value and future cash flows, thus investors
may be satisfied with smaller returns in exchange for less severe uncertainty.
Consistent with this discussion, the following hypotheses are proposed:

H3: R&D investment disclosure is associated with larger initial and
long-run returns.
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H4: Non-R&D investment (CAPEX) disclosure is not associated with
larger initial and long-run returns.

Existing research investigates determinants of going public, market
timing and investor composition in the Turkish IPO market (Avci, 2020,
2024, 2025). This study differs by analysing the effect of ex-ante use-of-
proceeds disclosure on underpricing and long-run returns, and also extends
Tutuncu (2020a, 2020b) who show the effect of insider valuation on price
support, lockup decisions, and underpricing in Turkish IPOs.

3. Data and sample descriptive statistics

The sample covers the population of capital-raising firms going public
at Borsa Istanbul between 2010 and 2020. The list of the IPOs and basic
sample data are drawn from the SPK website and enhanced with manually
collected data from prospectuses from Public Disclosure Platform (KAP)
and supplemented with the share price data from Borsa Istanbul Data
store and www.investing.com. All data sources are public and accessible by
researchers. 135 firms went public in the 11-year period of the study, of
which 18 issued secondary equity only and then were dropped from the
sample. 63 IPOs raised new capital only and 54 both raised new capital and
sold existing shares. The final sample incorporates 117 IPOs that fully or
partially raise new capital as part of the issue. This is a necessary requirement
to construct the sample because cash from the sale of existing shares often do
not benefit the company, but the incumbent shareholders who are not bound
by regulations to declare their spending plans. There are a few instances
where shareholders remain in the issuing firm and use their income from
secondary sale to pay down company debt. These exceptional examples are
not included in the analysis of the proceeds and all use-of-proceeds intention
statistics are based on net proceeds to the issuing firm. The use-of-proceeds
disclosure is located in the section 9.25 of the prospectus, or the information
is provided in the intermediary report published by underwriter. Examples
of the disclosure are given below.

Pegasus A.S.: “... The expected investment covering the final and
optional orders to be delivered between 2013 and 2022 amounts to $12.5
billion at list prices. Part of the proceeds from the IPO are planned to be
used to finance acquisitions of new planes. In addition, part of the proceeds
is planned to be used to finance important investments and expenditures
on marketing, sales, additional qualified personnel, equipment, facilities and
general corporate activities in the process of expanding the flight network
and launching new services. Pegasus A.S. intends to use IPO proceeds to
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improve its liquidity and demonstrate better and competitive ratios relative
to its peers ...”

Specificity: 0%.

Bakanlar Medya A.S.: “The company intends to use IPO proceeds to
finance working capital requirement, to benefit from the cash payment
discount and reduce the cost of purchasing raw material (paper), new
investments, to reduce financial debt and debt servicing costs, and to
purchase machinery and equipment in line with the growth aims. In this
regard, the anticipated investment budget for 2013 and 2014 is €400,000...
and net proceeds is expected to be £4,571,240.”

Specificity: €400,000 * S (€/b) on June 03,2013 /4,571,240 = €400,000
* 24603 / 44,571,240 = 21%

Investment specificity: 21%; Debt specificity: 0%; General corporate
purpose specificity: 0%.

Cemas Dokum A.S.: “IPO proceeds will be used to finance capacity-
increasing investments and working capital requirements. The estimated
cost of capacity investment will be $6,300,000. The anticipated purchase
of machinery and accessories are listed below at the list prices... Although
the proceeds are expected to meet the financing requirements for these
purchases, leasing will be used as additional financing tool if the IPO funds
do not suffice.”

The author-calculated net proceeds after the cost of issue are approximately
$11,500,000.

Specificity: 55%

Investment specificity: 55%; Debt specificity: 0%; General corporate
purpose specificity: 0%.

Berkosan A.S.: “Company needs to issue new capital to strengthen its
equity capital and expects close to 7.9 million proceeds from the issue. The
new source will be primarily used to finance working capital. The expected
use-of-proceeds is given in the following percentage distribution:

25% will be used to reduce existing debt; 35% will be used to purchase
latest technology equipment and in the automation of existing machinery;
30% will be used to finance research activities aimed to increase profitability
and momentum through opening new production lines and upgrading
the existing facilities in markets such as Azerbaijan and Libya; and 10% to
accelerate R&D and laboratory works.”
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Specificity: 100%

Investment specificity: 45%; Debt specificity: 25%; General corporate
purpose specificity: 30%.

Table 1 and 2 present distributions of number of firms declaring use-of-
proceeds intentions and detailing specificity of intentions across years of the
issue. The sample represents 87% of all Turkish IPOs between 2010 and
2020 in terms of numbers and 70% in terms of proceeds. The aggregate
proceeds in the last decade are $6,228 million, of which $4,366 million is
covered by this study. 99 (84.6% of) firms fully or partially disclose specifics
of their intentions. Investment (INVEST) motive is the primary intention,
79 (67.5% of) firms declaring their plans to do so. INVEST covers
proceeds allocated to capital expenditures (CAPEX) (76 firms), research and
development (R&D) (15 firms), and a few planned acquisitions (5 firms).
Second on the list is the general corporate purpose (GCP) intention which
mainly covers working capital and marketing investments. 52 (47%) of the
issuers make this declaration. The debt repayment (DEBT) motive is the
least frequent intention. 39 (35%) of the issuers declare that they intend to
use proceeds for debt payments. In terms of dollar specificity; issuing firms’
use-of-proceeds declarations account for 78.8% of the proceeds. Investment
remains the primary motivation with 50.4% of proceeds. Debt repayment
intention comes second with 19.6% and GCP is the least important with
8.8% of total sample proceeds in terms of dollars. It appears that Turkish
firms utilize new issues primarily to finance new investment projects.
However, they invest considerably more in CAPEX (40%) and R&D
investment is minuscule, having received only 0.3% of the net proceeds.
The overall specificity and investment specificity compare favourably with
prior studies. For example, in Walker and Yost (2008) sample, 53% of the
issuing firms state investment purpose. On the other hand, debt repayment
is the primary intention in Leone et al. (2007), and Hill (2008), while Silva
and Bilinski (2015) report GCP as the dominant motive and investment
intention remains circumstantial. Therefore, Turkish market provides a
strong case to test the predictions related to investment intention.
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Table 1. Distribution of use-of-proceeds intentions (N; %)

Year AIlTPOs  SPEC.  INVEST CAPEX  R&D GCP DEBT
2010 17 12 10 10 0 1 2

2011 24 19 13 13 2 9 8

2012 24 19 14 13 1 12 8

2013 17 14 13 13 0 7 7

2014 10 10 10 10 2 8 5

2015 5 5 4 4 2 4

2016 1 1 1 1 0 1

2017 1 1 1 0 1 1 1

2018 5 5 2 2 2 4 4

2019 6 6 5 4 2 5 4

2020 7 7 6 6 3 5 2

99 79 15 57
Total 117 (84.6%)  (67.5%) 76 (65%) (12.8%)  (48.7%) 41 (35%)

Table shows number of firms declaring use-of-proceeds intentions across years. Percentages are
relative to the number of all observations.

Sample descriptive statistics and variable definitions are reported in
Table 3. The average (median) issuer discloses 80.8% (100%) of the use-
of-proceeds specificity. INVEST is the leading motive for going public,
as 43.58 (45%) of the net proceeds are allocated for planned or ongoing
investments, followed by GCP 20.66% (0%) and DEBT 17.07% (0%)
intentions. Note that the mean statistics are reported for equally weighted
observations and in terms of aggregate dollar proceeds DEBT intention
nearly triples GCP, which puts it in the second place. INVEST is largely
accounted for by the CAPEX 37.94% (30%), and the average issuer plans to
allocate almost 2.43% of proceeds to R&D activities. The use-of-proceeds
disclosure specificity in Turkish IPOs compares favourably to other studies.
For example, Leone et al. (2007) report 67.8% average specificity and
38.1% debt specificity. The statistic is quite high in the Turkish market
because of the mandatory disclosure regulation for IPOs going public after
2013. The priority of Turkish issuers appears to be financing investment
projects, upgrading the equipment, and expanding the asset base, rather than
debt reduction. While the statistics appear nominally impressive on paper,
the dollar amount of proceeds obtained, and as a result, funds allocated to
investment and R&D are in fact small. The median PROCEEDS is a mere
$8.92 million. The largest proceeds $713 million belongs to the IPO of
Emlak Konut GYO, which allocates proceeds fully to CAPEX as typical of a
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real estate investment trust. The total gross proceeds obtained by 15 R&D
disclosing IPOs is a small $79.4 million, which is equivalent to 1.8% of gross
proceeds in this sample. The largest R&D firm is RTA Labs. valued at $12.4
million at the offer price. The second largest is Kontrolmatik, valued at $6.5
million at the offer price. Both firms are in the Technology index. Larger
tirms abstain from investing in R&D and instead focus on more predictable
short-term opportunities such as construction. For example, 12 construction
IPOs obtain a total of $1.58 billion gross proceeds, of which $1.33 billion
is allocated to CAPEX, which has little long-term benefit associated with
resolution of uncertainty in this particular case. The Turkish market has an
interesting IPO portfolio, and the following section attempts to decipher the
impact of going public motivations and highlight the importance of R&D
to obtain long-term benefit.

Table 2. Specifics of the use-of-proceeds intentions (million $; %)

Gross Net
Year Proceeds Proceeds SPEC. INVEST CAPEX R&D GCP DEBT
2010 1605.14 1462.13 129545 1241.68 118522 0 10.76 43.01

2011 596.58 47353 267.84 16956 167.74 141 47.06 51.62
2012 289.65 201.21 11648 44.1 43.84 0.26 45.22 28.65

2013 664.53 564.72 25749 22219 21392 O 22.9 12.4
2014 93.69 75.86 75.86 33.23 32.46 0.76 15.82 26.81
2015 35.23 25.64 25.64 18.28 17.91 0.37 7.35 0
2016 125 6.25 6.25 3.31 3.31 0 2.94 0
2017 7.43 4.96 4.96 1.48 0 1.48 1.24 2.23
2018 901.72  660.7 660.7 6.64 5.12 1.52 135.64 518.42
2019  46.29 35.76 35.18 16.85 14.99 1.86 7.5 11.39
2020 113.36  88.61 88.61 56.26 53.35 291 19.98 12.36

2834 1813 1737 1057 3164 707
Total 4366 3599 (78.8%) (50.4%) (40%)  (0.3%)  (8.8%)  (19.6%)

Table shows distribution of use-of-proceeds intentions in terms of US Dollar. Proceeds are
converted to US Dollars using the Central Bank bid spot exchange rate on the first trading day. The
net proceeds amount is calculated as gross proceeds minus proceeds from secondary shares, and
dollar use-of-proceeds is obtained by multiplying net proceeds by the percentage use-of-proceeds
intention. The total gross proceeds for the 135 IPOs from 2010 to the end of 2020 is $6.228
billion. This sample covers $4.366 billion (70%) of all proceeds from IPOs in the last decade.
Overall, $2834 billion (45%) of all proceeds are allocated for a specific purpose. Percentages are
relative to net proceeds.
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4. Results

The hypotheses (H1, H2, and H3) predict significant differences in
returns between specific and non-specific use-of-proceeds disclosure as well
as investment disclosure. The sample is partitioned by the type of disclosure
and intention to test these predictions. The aim in this step is to examine
whether specificity and investment disclosing issuers yield larger returns,
holding other factors constant. Table 4 shows initial and long-run returns
grouped by use-of-proceeds intentions. The average (median) initial return
for the sample is 7.4% (3.2%). Compared against these statistics, investment
disclosing IPOs have significantly larger initial returns. The average IPO
committing proceeds fully to investments provide 12.5% return compared
to the meagre 3.8% in non-investment IPOs. The source of this superior
return appears to be R&D disclosures. While CAPEX declaring IPOs have
larger returns than non-CAPEX IPOs, the differences between them are
not significant. On the other hand, R&D committing IPOs provide the
largest returns, their average (median) 17.5% (20.3%) return significantly
surpassing the non-R&D IPO returns. Moreover, R&D committers are the
only IPO class that does not underperform in the long run. DEBT and GCP
declaring IPOs exhibit average performance, the differences in initial and
long-run returns being insignificant. While IPOs in the investment and R&D
classes are the top performers, those in the non-INVEST and non-CAPEX
are the worst. These IPOs have the smallest average and 0 median initial
return, as well as the largest negative long-run returns. While investment
intention tends to provide additional information and manifests it in the
form of better returns, more specific disclosure does not lead to significantly
better returns. The findings of the univariate analysis reject prediction of H1
for specific disclosure, and support H2 and H3 for investment disclosure.
In other words, preliminary results validate the reservations expressed about
the quality signaling properties of the specificity as advocated by Leone et al.
(2007) and suggests that information contained in CAPEX disclosure is not
good enough to validate significantly better returns, contrasting Trueman
(1986).
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Table 3. Descriptive statistics

Mean Median ~ 25th 75th Min Max
SPECIFIC. (%) 80.81 100 96.4 100 0 100
INVEST (%) 43.58 45 0 80 0 100
GCP (%) 20.66 0 0 39.5 0 100
DEBT (%) 17.07 0 0 315 0 100
CAPEX (%) 37.94 30 0 69.5 0 100
R&D (%) 2.43 0 0 0 0 50
AGE 17.12 15 7.5 24.5 0 57
SIZE ($ mil) 150.75 32.61 14.98 99.11 4.75 2852.3
PROCEEDS ($ mil) 37.32 8.92 5.26 24.98 1.52 713.08
PRIMARY (%) 84.48 100 69.37 100 11.05 100
RETAINED (%) 69.26 69.7 62.5 75 29.7 94.66
DILUTION (%) 38.26 35.3 22.45 50 40 200
BB 0.21 0 0 0 0 1
VC 0.094 0 0 0 0 1
IR (%) 7.41 3.28 -0.84 16.58 -17.29 108
BHAR -0.379 -0.577 -0.889 -0.093 -1.255 1.765

SPECIFICITY is the percentage use-of-net proceeds disclosed in the prospectus (Leone et al.,
2007). INVEST, GCP, and DEBT are the disclosed investment specificity, general corporate
purpose specificity, and debt repayment specificity as percentage of net proceeds. Capital
expenditure (CAPEX) and research and development (R&D) are part of the investment intention
and calculated relative to net proceeds. AGE is the IPO year minus the incorporation year. SIZE
is the dollar market capitalization at the ofter price. PROCEEDS is the dollar gross proceeds
calculated as total shares offered including overallotment, multiplied by the offer price. PRIMARY
is the percentage of new shares issued divided by total shares issued. RETAINED is defined as
number of shares held by insiders divided by outstanding shares after IPO. DILUTION is defined
as the number of newly issued shares divided by pre-IPO shares (Roosenboom, 2012). BB is the
dummy variable representing book-building ofterings. VC is a binary variable for venture capital
sponsor, denoted 1 if IPO has VC sharcholder prior to offering and zero otherwise. Overall, 11
IPOs are backed by VC funds. IR is the first day raw return calculated as first day close price minus
offer price, divided by ofter price. Buy-and-hold abnormal returns (BHAR) are computed as daily
compounded stock returns for three years minus BIST All Share Index daily compounded returns
for the same period, excluding first trading day. First trading day Central Bank bid spot exchange
rate for US Dollars is used for dollar conversion.

Next, multivariate regressions are conducted to investigate the impact of
use-of-proceeds disclosure on returns. The model in Eq. 1 tests the general
prediction of the hypotheses that use-of-proceeds disclosure is positively
associated with aftermarket returns due to positive market reaction to quality
signals and long-term nature of investments. The model below is estimated
via ordinary least squares (OLS). RETURN is the initial return (IR) or
the three-year buy-and-hold abnormal return (BHAR). DISCLOSURE is
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the main variable of interest, and it represents percentage SPECIFICITY,
INVEST, DEBT and GCP intentions as well as non-disclosure intentions
relative to net proceeds to the company. A separate model is also presented
with CAPEX and R&D as independent variables. DILUTION, RETAINED
and PARTICIPATION control insiders’ commitment to the firm and
wealth motives for going public (Leland & Pyle, 1977; Roosenboom,
2012). RETAINED equity signals reduced incentives to pursue self-interest
(Jensen and Meckling, 1976). BB is a dummy variable that controls for
the book-building style price negotiation and adjustment (Benveniste and
Spindt, 1989). Since this feature enables a price update over the initial
range, the offer price is expected to be more accurate, potentially resulting
in less underpricing for the issuer. VC is a binary variable for venture capital
sponsors, included as presence of VCs may certify the offering and mitigate
uncertainty (Barry et al., 1990; Megginson & Weiss, 1991). PANDEMIC
is a dummy variable that equals 1 for the 7 IPOs in 2020, 0 otherwise. The
variable aims to control for the abnormal investor and marker behaviour
observed in the post-pandemic world. Arguably, retail investors flocking to
the markets in pursuit of higher returns (Tutuncu, 2023) may result in larger
oversubscriptions and larger underpricing. Oversubscription is not included
because it results in the loss of 50 observations; however, robustness tests
confirm that results hold after it is controlled. AGE is the natural logarithm
of the IPO used to control for the information asymmetry and life cycle
of the company. Including controls such as size, profitability, leverage,
industry- and year-fixed effects does not change the essence of the results,
and a parsimonious model is estimated with only significant variables to
allow a larger degree of freedom.

RETURN =+, DISCLOSURE + B,DILUTION + B,RETAINED + B, PARTICIPATION + B,BB + ,VC + (Eq. 1)
B,PANDEMIC + B, AGE + & q
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Table 4. Initial and long-run returns by the type of use-of-proceeds disclosure

Initial return BHAR
Mean Median Mean Median

-0.379%x* -0.577%x*
All firms (N: 117) 0.074*** (5.63) 0.032*** [5.32] (-4.44) [-4.20]
Specificity

-0.354% %% -0.577***
All SPEC. firms (N: 99) 0.080%** (5.27) 0.036*** [4.98] (-3.92) [-3.76]

-0.292%x* -0.382% %%
Full SPEC. firms (N: 88) 0.083*** (5.13) 0.037*** [5.09] (-2.90) [-3.02]
Zero SPEC. firms (N: 18) 0.041** (2.42)  0.010* [1.81] -0.529*% (-2.04) -0.697* [-1.78]
SPEC. vs. non-SPEC. n.s. (1.08) ns. [0.72] ns. (0.72) ns. [1.14]
Full vs. zero SPEC. ns. (1.15) n.s. [0.96] n.s. (0.93) n.s. [1.36]

Investment
AILINVEST firms (N: 79)
Full INVEST firms (N: 21)

Zero INVEST firms (N: 38)

INVEST vs. non-INVEST
Full vs. zero INVEST
CAPEX

All CAPEX firms (N: 76)
Full CAPEX firms (N: 18)

Zero CAPEX firms (N:41)
CAPEX vs. non-CAPEX
Full vs. zero CAPEX
R&D

Al R&D firms (N: 15)

Zero R&D firms (N:102)
R&D vs. non-R&D

Delit payment

All DEBT firms (N: 41)

Zero DEBT firms (N: 76)
DEBT vs. non-DEBT
General corporate purpose

All GCP firms (N: 57)

Zero GCP firms (N: 60)
GCP vs. non-GCP

0.091%** (5.15)
0.125%* (2.43)

0.038** (2.46)

*(1.91)
**(2.02)

0.088*** (4.74)
0.117** (2.06)
0.049*** (3.22)
n.s. (1.38)

n.s. (1.48)

0.175%** (4.78)

0.059*** (4.37)
KKK (3'04)

0.063*** (3.98)
0.080*** (4.35)
n.s. (-0.61)

0.072*** (4.29)

0.076*** (3.75)
n.s. (-0.13)

0.040%** [5.29]
0.093*** [3.11]

0[1.29]

** [2.14]
** [1.99]

0.037*** [4.93]
0.035%** [2.59]
0%* [2.09]
ns. [1.51]
n.s. [1.06]

0.203%** [3.29]

0.013%%* [4.11]
**x [3.49]

0.032*** [2.93]
0.034*** [4.38]
ns. [-0.19]

0.038*** [3.41]

0.031*** [4.11]
n.s. [-0.02]

-0.256%% (-2.52)
-0.380* (-2.03)
-0.679%**
(-4.89)
**(2.32)

ns. (1.31)

-0.303***
(-3.09)
-0.426%* (-2.38)
-0.522% %%
(-3.22)

ns. (1.23)

ns. (0.37)

0.121 (0.31)
-0.435% %
(-5.25)
**(2,02)

-0.257* (-1.69)
_0.448***
(-4.38)

n.s. (1.08)

-0.270** (-2.17)
-0.463%**
(-3.97)

ns. (1.12)

-0.354%* [-2.82]
-0.655* [-1.65]
-0.848%%*
[-3.17]

H KK [2.81]

**% [4,93]

-0.382% %+
[-3.25]
-0.655% [-1.92]

-0.807%* [-2.54]
**12.19]
n.s. [0.89]

-0.011 [0.33]
-0.589%**
[-4.62]

ns. [1.51]

-0.301%* [-2.27]
-0.653%**
[-3.61]

ns. [1.26]

-0.293%%*
[-2.47)
-0.655%**
[-3.39]
*[1.71]

Only 4 firms fully allocate proceeds to debt payments, and 6 firms fully allocate proceeds to GCP, and due to
their small numbers, tests are not conducted for full DEBT and full GCP firms. Likewise, no company plans
to spend proceeds fully on R&D. Observation numbers in long-run returns vary. Winsorization at the 1st and
99th percentiles do not change results. Significance of means and medians is tested by t-test and sign rank test,

respectively. t-values are in parentheses, z-values are in brackets. ***, **, and * show significance at 1, 5, and 10%

level. n.s.: not significant.
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Table 5 and 6 report the tests of underpricing and long-run return
hypotheses modelled in Eq. 1. Each column reports the model with another
use-of-proceeds disclosure variable. Panel A reports basic regressions with
DISCLOSURE as the only regressor, Panel B reports models including
controls. Results strongly indicate a positive role for the investment intention
on initial returns as INVEST variable is significant at conventional levels.
One standard deviation increase in the percentage investment allocation is
associated with a 22.8% increase in underpricing. Partition of the INVEST
into CAPEX and R&D reveals that R&D disclosures are the source of
this positive association as CAPEX coefficient is insignificant and R&D
is highly significant. Technically speaking, one standard deviation increase
in the percentage R&D allocation is associated with a 29.5% increase in
underpricing. This pattern extends to long-run returns as R&D remains
highly significant, consistent with the H3 predictions and confirming
the long-term nature of the R&D expenses. SPECIFICITY, CAPEX and
the combined INVEST disclosure have no significant impact on long-
run returns. On the contrary, investors tend to penalize DEBT and more
generally, lack of investment motivation as they are associated with smaller
initial returns. The findings are in line with the theories and evidence arguing
for more severe uncertainty for R&D investments demanding larger initial
returns (Eberhart et al., 2004), which translates into better returns when
the uncertainty dissipates in the long run (Lev and Sougiannis, 1996; Guo
et al., 2006). CAPEX does not translate into long-term value for investors
as it does not involve this slow resolution of uncertainty, supporting H2,
H3 and H4 as well as prior findings in Table 4 while contrasting Trueman
(1986). Overall, results suggest a positive role for investment commitments;
however, cautions against uniform treatment of CAPEX and R&D as the
former contains virtually no information about the future performance. This
divergence highlights the tangibility of CAPEX and ambiguity associated
with R&D as the former could easily be incorporated by valuation models
into the ofter price while the latter requires a premium.

Several alternative model specifications are considered to test the
robustness of the results. First, dummy investment variables (DINVEST,
DCAPEX, DR&D) are utilized instead of the percentage disclosure. This
construct gives information on the binary choice of whether or not disclosing
investment plans have an effect on returns. The tests are repeated with
dummies that equal to 1 if the investment is the primary use-of-proceeds
intention, and 0 otherwise, following the prior literature (Walker and Yost,
2008; Amor and Kooli, 2017). Only the first specification is reported as both
constructs yield similar results. Third, a two-step Heckman selection model
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is used to account for the probability of investment selection in the case that
the decision to invest is not exogenous and depends on other factors. OLS
estimates could be inconsistent if selection bias is present. The procedure
involves estimating a probit in the first stage using DINVEST variable to
account for determinants of investment choice and augmenting the second
stage OLS variable by the Inverse Mills ratio obtained from the probit. The
choice of investment is modelled as a function of LAGGEDINVEST (Amor
and Kooli, 2017), LEVERAGE (Leone et al., 2007), RISKFACTORS
(Leone et al., 2007; Arnold et al., 2010; McGuinness, 2019), PRIMARY
(Kim and Weisbach, 2008), BIG5 and TECH variables. Prior literature
models the disclosure specificity (Leone et al., 2007) and investment
intention as endogenous (Amor and Kooli, 2017; McGuinness, 2019).
SPECIFICITY is assumed exogenous because of the (SPK (Capital Markets
Board), 2013) regulation mandating the disclosure of use-of-proceeds.
Unsurprisingly; all post-2013 IPOs fully disclose their intentions.

Table 5. Ordinary least squares (OLS) underpricing regressions

SPEC INVEST1 INVEST2 DEBT GCP
Panel A: Basic model
DISCLOSURE  0.036(1.55) 0.083%%(2.09) -0.032(-0.78) -0.052(-1.31)
CAPEX 0.053
R&D 0.641**%(5.12)
Constant 0.044*%(2.53) 0.037**(2.51) 0.037*%%(2.66)  0.08***(4.73) 0.08***(4.93)
R? (%) 0.94 5.14 14.15 0.37 1.12
F 2.40 4.38 15.39 0.61 1.71
Ponel B: Full model
DISCLOSURE  0.034(1.18) 0.092%%%(3.02) -0.062%(-1.78)  -0.052(-1.22)
CAPEX 0.038(1.56)
R&D 0.537*%%(3.48)
DILUTION 0.768%%(2.42) 0.768**%(2.76)  0.737*%(2.39) 0.746*%(2.41) 0.72%%(2.30)
RETAINED 1.523%%(2.41) 1.535%*%(2.78)  1.412*%(2.33) 1.448%*(2.40) 1.368**(2.25)
PARTICIPATION 1.21%%(2.54) 1.221%%%(2.95)  1.056**(2.41) 1.128%%(2.49) 1.074%*(2.34)
BB -0.037(-1.65) -0.041%(-1.85)  -0.033(-1.64) -0.045%%(-2.22)  -0.051**(-2.05)
vC 0.073*%(2.19) 0.071**(2.49) 0.051%(1.92) 0.089**%(3.23)  0.072**(2.18)
PANDEMIC 0.17%**(4.41) 0.17***(5.11) 0.14***(4.88) 0.178%**(4.76)  0.185***(4.72)
AGE 0.018(1.21) 0.024*(1.74) 0.022(1.57) 0.021(1.38) 0.018(1.22)
Constant -1.435%%(-2.40)  -1.47**%(-2.83) -1.35%%(-2.35)  -1.34**(-2.38)  -1.261**(-2.21)
Adj. R? (%) 39.15 44.39 4713 39.85 39.50
F 4.76 6.86 8.10 6.24 4.64
N 117 117 117 117 117

Table reports OLS regressions with robust errors. DISCLOSURE variable stands for SPECIFICITY, INVEST, DEBT,
GCP portion of the use-of-proceeds in their respective models. INVEST2 model partitions investment disclosure into
CAPEX and R&D components. 15 IPOs declare R&D intention. t-statistics are in parentheses. ***, **, and * show
significance at 1, 5, and 10% level.
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Table 6: Ordinary least squares (OLS) long-run return regressions

SPEC INVEST1 INVEST2 DEBT GCP
Panel A: Basic model
DISCLOSURE 0.298(1.20) 0.351*(1.69) 0.102(0.30) -0.222(-1.08)
CAPEX 0.229(1.11)
R&D 5.435%**(3.40)
Constant -0.62%%%(-2.83) -0.54***(-4.59) -0.54***(-4.70) -0.39***(-4.00) -0.33***(-3.18)
R? (%) 2.39 3.82 12.88 0.11 0.86
F 1.45 2.84 5.95 0.09 1.17
Panel B: Full model
DISCLOSURE 0.099(0.38) 0.314(1.55) 0.093(0.27) -0.484**(-2.21)
CAPEX 0.288(1.42)
R&D 5.261***(3.09)
DILUTION -1.48%%%(-2.80) -1.49***(-3.46) -1.62***(-2.75) -1.55%**(-2.84) -1.79***(-3.60
RETAINED -3.41%%(-2.20)  -3.39%%(-2.50) -3.61**(-2.21) -3.62**(2.30) -4.35%**(-3.01

)
)
PARTICIPATION  -2.98*(-1.93) -2.88%%(-2.01) -3.39(-2.22) -3.226%%(-2.12) -3.89***(-2.71)
)

BB 0.42%%%(-3.07) -0.42%%%(-3.09) -0.36**(-2.58) -0.44%***(-3.25) -0.48%**(-3.38
\Ye -0.084(-0.28)  -0.189(-0.63)  -0.227(-0.59)  -0.053(-0.18)  -0.11(-0.39)
AGE -0.043(-0.36)  -0.016(-0.13)  -0.068(-0.55)  -0.051(-0.41)  -0.032(-0.26)
Constant 2875%(1.97)  2.72%%(2.12)  3.04*%(2.04)  3.15%%(220)  3.85%**(2.88)
Adj. R? (%) 13.58 16.42 26.06 13.78 17.38

F 415 4.92 4.46 4.07 472

N 69 69 69 69 69

Table reports OLS regressions with robust errors. DISCLOSURE variable stands for SPECIFICITY, INVEST,
DEBT, GCP portion of the use-of-proceeds in their respective models. t-statistics are in parentheses. ***, **
and * show significance at 1, 5, and 10% level.

However, the choice of what information to disclose (Verrecchia, 1983;
2001) and whether or not to invest is a discretionary choice insiders need
to make. LAGGEDINVEST is defined as the preceding year CAPEX plus
R&D expenses, divided by lagged total assets. RISKFACTORS is defined
following McGuinness (2019) as the natural logarithm of total number of
risk factor enumerations or captions. The risk factors explain and closely
relate to existing and future operations. This variable is expected to be
positively correlated with investment intention as new risks associated with
planned investments are likely to be disclosed. LEVERAGE is expected to
be negatively associated with investment motivation as higher leveraged
firms would be more motivated to reduce debt. It is calculated as long-
term debt divided by total assets in the year before the IPO. PRIMARY

controls the insider motives for going public and investor perceptions. Sale
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of existing shares is associated with the timing motive and sends a negative
signal (Leland and Pyle, 1977; Autore et al., 2009), hence a larger primary
fraction of issued equity should be associated with more specific disclosure
and investment intention. It is defined as the number of primary shares
issued divided by total shares issued. BIG5 is a dummy variable for the top
investment bankers accounting for the largest proceeds in the last 11 years.
These bankers may prevent misrepresentation of use-of-proceeds intentions
due to reputational concerns. TECH is a technology sector dummy to control
tor the R&D-intensity. The estimates reported in Table 7 are consistent with
the previous findings in Table 5 and Table 6. The Inverse Mills coefticient in
the Heckman selection regression is positive and significant, suggesting that
investment disclosure is associated with larger underpricing after the choice
of disclosing it is controlled.

Table 7. Robustness tests for underpricing regressions

OLS1 OLS2 Probitl Heckmanl
INVEST/DINVEST 0.054** (2.23)
CAPEX/DCAPEX 0.0123 (0.55)
R&D/DR&D 0.075% (1.86)
DILUTION 0.774** (2.54)  0.747** (2.30) 0.938%** [8.42]
RETAINED 1.537%% (2.55) 1.458** (2.29) 1.823*** [6.06]
PARTICIPATION  1.243*** (2.75) 1.14** (2.38) 1.71%** [5.80]
BB -0.032 (-1.46) -0.032 (-1.55) -0.09*** [-2.80]
VC 0.075%* (2.59)  0.06** (2.02) 0.099%* [2.09]
AGE 0.019 (1.33) 0.015 (0.97) 0.016 [0.99]
PANDEMIC 0.168%** (4.64) 0.155*** (4.45) 0.187*** [3.84]
LAGGEDINVEST 2.954%* [2.23]
LEVERAGE -1.357** [-2.31]
RISKFACTORS 0.533** [2.14]
PRIMARY 1.82%*% [2.69]
BIG5/TECH Yes
Inverse Mills 0.127%* [2.09]
Constant -1.463** (2.58) -1.35%* (-2.27)  -2.255%* [-2.35] -2.25%* [-2.35]
R? (%) 41.39 41.56 11.31 n/a
E/y? 6.03 6.23 16.68 102.84
N 117 117 117 117

OLS1 and OLS2 use DINVEST, DCAPEX, and DR&D dummies as independent variables,
which are equal to 1 if investment, CAPEX, and R&D intentions are declared, 0 otherwise.
Dependent variable in the probit regression is DINVEST. INVEST and R&D remain significant
when oversubscription rate is controlled in underpricing regressions (unreported). t-values are in
parentheses, z-values are in brackets. *** ** ‘and * show significance at 1, 5, and 10% level.
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Turkish companies declare investment plans as their primary intention
and reason for going public. The investment intention accounts for 50.4%
of net proceeds in terms of US Dollars, more than doubling the second-place
debt reduction intention. The hypothesis tests through OLS and Heckman
selection method validate a positive role for the investment motivation on
financial performance. The strong support for the investment intention
predictions should be viewed in line with its dominant position, which
leads to less ex-ante uncertainty through signaling quality (Trueman, 1986;
Allen and Faulhaber, 1989), while offering larger returns for investors to
mitigate the potential winner’s curse (Rock, 1986). Although the positive
market reaction to investment intention is consistent with the prior evidence
(Autore et al., 2009; Amor and Kooli, 2017; McGuinness, 2019), R&D is
the source of this positivity, as well as better long-term performance. The
lack of association between SPECIFICITY and returns highlights conflicting
motivations of use-of-proceeds elements and ambiguity of their combined
signal. This contrasts with Leone et al. (2007) who find and interpret the
negative sign of the specificity as evidence of more accurate pricing. Overall,
the results suggest that use-of-proceeds section contains useful information
to assess investment worthiness of the going public companies and mitigates
ex-ante uncertainty about their short- and long-term value.  Noted;
however, is the fact that R&D investing IPOs are few and small despite their
superior performance. The combined R&D investment amounts to 0.3%
of the aggregate net proceeds compared against 40% CAPEX. It is vital to
overcome the apparent short-termism embedded in CAPEX and invest more
in R&D to secure better and sustainable performance.

5. Conclusion

This study investigates the relationship between use-of-proceeds
disclosure and returns using the population of 117 capital-raising IPOs at
Borsa Istanbul between 2010 and 2020. The study period is important since
it straddles two global financial crises, which jointly mark the beginning
and the end of the last IPO waves starting in 2010. It is important to
draw lessons from the past decade to provide implications for the future.
Building on the theory of disclosure (Verrecchia, 1983; Trueman, 1986;
Allen and Faulhaber, 1989; Kim and Weisbach, 2008), and empirical studies
on IPOs (Leone et al., 2007; Walker and Yost, 2008; Autore et al., 2009;
McGuinness, 2019), this study predicts that higher quality use-of-proceeds
disclosure would be associated with larger underpricing and better long-
run performance. The quality of disclosure could be signalled by investment
intention and the R&D component of it. The findings are in line with
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these predictions; investment disclosure and R&D intention are strongly
associated with better initial returns while only R&D investment leads to
better long-run performance. While investment is the primary motivation
for going public, not all investment plans are equal. This study distinguishes
between CAPEX and R&D investments and shows that CAPEX is not
related to larger underpricing and long-run returns due to its tangible nature
and predictability of cash flows associated with it. The research highlights
the importance of investing in R&D for long-term sustainability and
encourages investors to assess the use-of-proceeds intentions of insiders to
mitigate a potential winner’s curse.

This study can be extended to incorporate operating performance.
Analysis of operating performance would allow observing the spending
and investment behaviour of IPOs and their linkages with use-of-proceeds
intentions for the first time as previous research investigates this matter in
the context of SEOs alone (Walker and Yost, 2008; Autore et al., 2009; Silva
and Bilinski, 2015). This extension, however, comes with own limitations as
tar as Turkish market is concerned since the matching techniques are difficult
to apply due to lack of standard industry classification codes. On the other
hand, the present study can be extended to cover secondary equity offerings.
There is a lack of research on Turkish SEOs and their motives for raising
additional capital. Another extension would be to study how these proceeds
are actually used vis-a-vis their declared intention. Finally, markets in the
(post)-pandemic world witnessed a large volume of IPOs. An analysis of
the use-of-proceeds intentions in these IPOs would contribute greatly to the
present literature. The usual limitations such as time-consuming prospectus
analysis and manual data collection would apply to these extensions.
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Abstract

Previous studies have extensively documented effects of macroeconomic
news on the stock prices. However, the specific impact of inflation rate
announcements — measured by the Consumer Price Index (CPI) — has
received limited attention in financial literature, particularly in the context of
the developing economies. This study aims to assess and compare semi-strong
form efficiency of stock markets (banking sectors) in Finland and Poland in
reaction to inflation announcements from 2015 to 2024, within the Efficient
Market Hypothesis (EMH) framework. The results indicate that both the
Finnish and Polish banking sectors exhibit semi-strong form efficiency in
response to the monthly public release of inflation data, suggesting that it is
impossible to earn abnormal returns based on these announcements.

1. Introduction

Inflation is defined as a sustained rise in general price level of goods and
services within an economy, commonly measured by indices such as CPI or
Retail Price Index (RPI). In the first half of the past decade, monthly inflation
rates in Finland fluctuated between -0.6% and 1.5%, and they reached their
peak in December 2022 with 9.1% and decreased to 1% at the end of the
past decade. In Poland, monthly inflation rates followed almost the same
pattern as the rates in Finland as altering around -1.1% and 4.7% in the first
half of the past decade, reaching to their maximum in February 2023 with
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18.4%, diminshing to 2% in March 2024 and closing the past decade with
4.7%. Over time, many researchers have explored how inflation and other
macroeconomic factors impact financial markets. While the empirical link
between news and returns is being questioned, the process by which news
is incorporated into security prices is poorly understood. Research to date
presents a lack of consensus. Some, including Goodhart and Smith (1985)
and Amihud (1996), identified a negative link between inflation and stock
market performance. In contrast, other studies, like those by Joyce & Read
(2002), reported minimal or no meaningful connection between the two.

This research analyzes relationship between inflation announcements and
stock returns to explore a research question. Do Consumer Price Index (CPI)
announcements influence stock returns:?

The motivation for this study is twofold. First, there is an ongoing debate
regarding the nature of this relationship. Thus, exploring it using a different
methodology, namely, event study, may yield fresh insights. Second, the existing
body of research on Finland and Poland is relatively limited. Thus, exploring
the relationship in Finland and Poland may lead to empirical contributions
to the literature.

The remainder of this study is structured as follows. Section 2 offers
a concise theoretical overview of the topic. Section 3 describes data and
methodology and investigates whether stock prices react to inflation-related
news. Section 4 presents results and discussion. Finally, Section 5 concludes
analysis.

2. Literature

One of the pioneering studies exploring relationship between macroeconomic
indicators and stock prices was conducted by Schwert (1981), which examines
how stock prices respond to newly released inflation data by analyzing the
daily returns of Standard & Poor’s composite portfolio from 1953 to 1978.
It is found that stock market appears to respond negatively to the unexpected
inflation announcements.

Goodhartand Smith (1985) analyze Retail Price Index (RPI) announcement
data covering the period from January 1977 to December 1983 on UK stock
market. Findings reveal that unexpected inflation significantly negatively
impacts UK stock market.

McQueen & Roley (1993) investigate whether stock price responses to
macroeconomic news differ across various phases of the business cycle in the
U.S. setting by using the Standard & Poor’s 500 Index. Market participants’
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reactions to unexpected economic announcements are found to vary across
different stages of business cycle.

Amihud (1996) explores the relationship between unanticipated inflation
and equity prices in the Israeli setting. The results demonstrate that unexpected
inflation exerts a statistically significant negative effect on stock returns.

Joyce & Read (2002) investigate the immediate response of various UK
asset prices to the monthly RPI announcements, covering sample period
from early 1980s through April 1997. The findings suggest that the markets
exhibit efficiency; as asset prices remain unresponsive to expected component
of RPI announcements.

Adams et al. (2004) examine impact of unexpected inflation announcements
(unforeseen changes in price indexes) on stock returns. In other words, whether
information in Producer Price Index (PPI) and CPI announcements influences
the stock returns is reviewed. Findings reveal a strong connection between the
PPI and CPI inflation news and the stock returns. Moreover, this relationship
is most substantial for portfolios of large stocks.

Knif et al. (2008) explore the impact of the good and bad inflation news
on the stock returns in the U.S. setting. Findings indicate that stock market
responses to the positive and negative inflation shocks vary according to
prevailing economic conditions. The results suggest that impact of inflation
on the stock returns is contingent upon investors’ perceptions of inflationary
shocks as either favorable or unfavorable, depending on the economic context.

Li et al. (2010) examine impact of expected and unexpected inflation
announcements on UK stock markets. The unexpected inflation rate exerts
a statistically significant and negative effect, while expected inflation rate has
a little impact on the stock returns.

Diaz & Jarefo (2013) examine how the Spanish stock market reacts to
inflation news using consumer price index data. It is observed that unexpected
inflation news leads to statistically significant abnormal returns across all
industries on the announcement day. Moreover, it is found that investors tend
to react more strongly to negative news than to positive news.

Belen & Giimrah (2016) examine the impact of surprises in the inflation
announcements (difference between expectations and actual figures) on the
stock market in the Turkish context. Covering the period from January 2006
to February 2016 and using the event study; it was found that while there were
abnormal returns, they did not follow a systematic pattern, and no significant
effect was observed on the event day.



30 | Impact of the Inflation Announcements on the Stock Returns: Evidence from Finnish and Polish...

Sathyanarayana & Gargesa (2018) seck to analyze relationship between
inflation and stock market returns by focusing on major stock indices within
the selected countries. The results revealed that most of the selected indices
showed a negative correlation with inflation. Specifically, countries such as
India, Austria, Belgium, Canada, Chile, China, France, and Ireland exhibited
a negative coefticient. Conversely, positive correlations were observed for
Brazil, Indonesia, Japan, Mexico, Spain, and Tiirkiye.

Singh & Padmakumari (2020) evaluate the efficiency - or semi-strong
form efficiency - of Indian stock market regarding inflation announcements
by employing the event study. It is found that Indian stock market does not
exhibit short-run efficiency in response to inflation announcements, as a
significant number of events are associated with abnormal returns. However,
specific industries display greater sensitivity to inflation news.

Thorbecke (2025) examines the effects of post-2019 inflation fluctuations
on the U.S. stock market. The evidence suggests that investors largely failed
to incorporate inflation expectations into asset prices until inflation rose
significantly.

3. Research Methodology

The primary aim of this study is to analyze and compare semi-strong form
market efticiency of Finnish and Polish banking sectors in response to the
inflation announcements throughout 2015-2024.

The analysis is based on EMH and utilizes an event study methodology,
focusing on monthly inflation rates as key macroeconomic indicators relevant to
the Finnish and Polish stock markets. Under this hypothesis, market efficiency
exists if prices at any given moment completely incorporate all information
available to market participants (Fama, 1970). Within the framework of EMH,
these inflation figures are treated as new information entering the market.
The specific dates when this data is publicly released are identified as event
dates, and both the event window and estimation window are defined based
on these announcement dates.

The study applies the market model for forecasting purposes, using
the OMX Helsinki 25 and WIG stock indices to reflect the overall market
performance in Finland and Poland, respectively. To represent banking sectors
in each country, Helsinki Banks index is used for Finland, and WIG Banks
index for Poland. The logic behind the selection of these two countries is that
they are both members of the European Union, and the inflation rates are
among the most important indicators for the banking sectors in these countries.



Abmet Yokup Erkiie / Rana Torun | 31

In line with the study’s objective, the effects of monthly publicly announced
inflation rates on the banking stock indices of Finland and Poland are analyzed.
Over the 10 years, 120 inflation data points for each country are planned
and actually used. However, due to the unavailability of data for the Finnish
banking index between July 13,2020, and August 14, 2020, the analysis for
Finland is conducted using 117 data points. In contrast, the complete set of
120 data points is available and used for Poland as initially planned.

The event window is selected to cover five working days before and after
event date (t-5, t+5) to better isolate impact of inflation rate announcements
on the banking sector and minimize the potential influence of other events.
The estimation window starts one month before the event date and ends at
the beginning of the event window as (t-20, t-6).

4. Results and Discussion

The study’s calculations are carried out simultaneously for Finnish and
Polish stock markets. Under the EMH, daily returns of the main stock indices
and banking sector indices for both Finland and Poland are calculated as a
first step as follows:

(Rm)t =1In [ (Tm)t

(Tm )t—l j|
Where:

(Rm )t , 1s return of main stock index on the day (t),
(T )t , 1s closing value of main stock index on the day (t),

m

(T )H , 1s closing value of main stock index on the day (t-1),

m

In, denotes natural logarithm.

(7),
(Ri )t =In {(7;)’1]

where:

(Rl. )t , is return of banking sector index on day (t),
(T )t , is closing value of banking sector index on day (t),

l

(Tl )t_l , is closing value of banking sector index on day (t-1),
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In, denotes natural logarithm.

Following this, regression analysis is conducted during the estimation
window to determine expected returns of banking sector indexes based on
the return of main stock indexes with below-mentioned market model:

(E(R)), = (o), + (B),* (R), + (c),

Where:

(E(R))),, is expected return of banking sector index on the day (t);
(a,),, 1s intercept of regression analysis on day (t);

(B,),» is a coefficient showing relationship between returns of banking
sector index and main stock index on day (t);

(R,),, s return of main stock index on day (t) and
(e.). is error term.
1/t

Then, abnormal returns (AR) are calculated for event window period as
follows:

((AR)), = (R), - (E(R)),

Where:

((AR),),, is the abnormal return for banking sector index on day (t),
(R,),, is the actual return of banking sector index on day (t),
(E(R,)),, is the expected return of banking sector index on day (t).

After finding daily ARs, cumulative abnormal return (CAR) is calculated
with adding all ARs for whole event window. The results are presented in
Appendix 1.

For analyzing and comparing semi-strong form market efficiency of the
Finnish and Polish banking sectors in response to inflation announcements,
the following statistical calculations are made for both countries. The results
are given in the Table 1.

Table 1. CAR Statistics for Finnish and Polish banking sector indexes

Statistics (CAR) For Finnish banking For Polish banking sector

sector index index
Total 0,19345296 0,261167595
Average 0,001653444 0,002176397

Standard Deviation 0,054556201 0,041213742
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Based on these statistics, calculated t and p values for both countries are
presented in Table 2.

Table 2. t and p values for Finnish and Polish banking sector indexes

For Finnish banking For Polish banking sector

Values sector index index
t-value 0,327822174 0,578477692
p-value 0,743654 0,564087

These p-values can be interpreted to be statistically insignificant, indicating
that both Finnish and Polish banking sectors demonstrate semi-strong form
market efticiency in response to monthly public announcements of inflation
rate data.

5. Conclusion

This study provides valuable insights into how monthly inflation
announcements affect the Finnish and Polish stock markets, focusing on the
banking sector. In this context, an analysis and comparison of semi-strong
market efficiency in Finnish and Polish banking sectors is conducted, focusing
on their responses to inflation announcements from 2015 to 2024.

The analysis utilizes an event study methodology, focusing on monthly
inflation rates as key macroeconomic indicators relevant to the Finnish and
Polish stock markets. Within the framework of EMH, these inflation figures
are treated as new information entering the market. The specific dates when
this data is publicly released are identified as event dates, and both the event
window and estimation window are defined based on these announcement
dates.

The study applies the market model for forecasting purposes, using
the OMX Helsinki 25 and WIG stock indices to reflect the overall market
performance in Finland and Poland, respectively. To represent the banking
sectors in each country, the Helsinki Banks index is used for Finland, and the
WIG Banks index for Poland.

In line with the study’s objective, the eftects of monthly publicly announced
inflation rates on the banking stock indices of Finland and Poland are analyzed.
Over the 10 years, 120 inflation data points for each country are planned to
be used. However, due to the unavailability of data for the Finnish banking
index between July 13, 2020, and August 14, 2020, the analysis for Finland
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is conducted using 117 data points. In contrast, the complete set of 120 data
points is available and used for Poland as initially planned.

The market model is employed as the forecasting framework in the analysis.
Findings indicate that Finnish and Polish banking sectors demonstrate semi-
strong form market efficiency in response to monthly public announcements
of inflation rate data.

The results align generally with studies like Joyce & Read (2002) and
Castanias (1979). However, the findings contradict the study by Adams et al.
(2004) and Diaz & Jareno (2013), which determined that abnormal returns
could be achieved through publicly announced macroeconomic disclosures
and that the market does not have semi-strong efficiency.

This study provides remarkable strategic insights for investors. Given that
both the Finnish and Polish banking sectors demonstrate semi-strong form
market efficiency in response to publicly disclosed monthly inflation data,
these markets seem suitable for implementing long-term trading strategies.
Furthermore, the presence of semi-strong form market efficiency may enhance
the confidence of both domestic and international investors in the Finnish
and Polish banking sectors.

It is recommended that the methodology employed in this study - namely,
the event study approach within the framework of EMH applied to the banking
sector - be extended to other inflation-sensitive sectors, such as the energy
sector, to facilitate comparative sector-based analysis. Furthermore, future
research could explore the impact of additional macroeconomic indicators,
including employment figures, exchange rates, interest rates, and money
supply, to further examine market reactions within the Finnish and Polish
stock markets.

In conducting event studies, it is essential to acknowledge potential presence
of other events within estimation and event windows that may influence stock
markets and the banking sector globally and, on a country-specific or sectoral
level. Confounding effects can occur in the analysis. Changing the estimation
and event windows and replicating the analysis across alternative periods can
help mitigate such eftects. These additional studies would facilitate meaningful
comparisons and contribute to a more robust assessment of market efficiency
in the Finnish and Polish banking sectors.
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Appendix 1. Results for Finnish and Polish banking sector indexes

CAR CAR
Year Month . .
(Finnish) (Polish)

2015 1 0,018655758 -0,011571463
2015 2 -0,050094924 -0,013872432
2015 3 -0,088362126 0,017891765
2015 4 0,045840505 0,045870245
2015 5 0,026269599 -0,032974976
2015 6 -0,012551095 0,017943338
2015 7 0,006138631 -0,031527319
2015 8 0,000568472 0,024128819
2015 9 -0,032274503 -0,042836946
2015 10 -0,053213612 -0,002815486
2015 11 0,04449866 0,001856676
2015 12 0,02134582 0,021569456
2016 1 -0,028802389 -0,034078591
2016 2 -0,00803107 0,016777397
2016 3 -0,066717186 -0,015522256
2016 4 0,123445917 -0,013992332
2016 5 0,031141176 0,025498164
2016 6 0,008013166 -0,009618956
2016 7 0,109666391 -0,028727443
2016 8 -0,008836761 -0,009554327
2016 9 -0,063207768 -0,020630265
2016 10 -0,00229556 -0,012713068
2016 11 0,004078092 -0,002821269
2016 12 0,035762512 0,065343799
2017 1 0,001647457 -0,027633878
2017 2 -0,066907426 -0,0148600622
2017 3 -0,022702679 0,001966959
2017 4 0,037456746 -0,005673077
2017 5 -0,053568418 0,01616349
2017 6 0,005123815 -0,011483488
2017 7 -0,055296794 -0,011090971
2017 8 0,030489185 -0,006359391
2017 9 -0,011845633 0,020735558
2017 10 -0,03247054 0,029961251
2017 11 0,056141565 0,054574112
2017 12 0,033974747 -0,032401873
2018 1 -0,024037097 -0,030632269
2018 2 -0,028961883 -0,005609192
2018 3 -0,032849824 -0,014015127
2018 4 0,045850365 0,000398846
2018 5 0,010208677 0,016003519
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2018
2018
2018
2018
2018
2019
2019
2019
2019
2019
2019
2019
2019
2019
2019
2019
2019
2020
2020
2020
2020
2020
2020
2020
2020
2020
2020
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2021
2021
2021
2021
2021
2021
2021
2021
2021
2021
2021
2022
2022
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0,06204336
-0,000493833
-0,046431448
-0,012249257
-0,013539001
0,07412113
-0,030335554
-0,018609219
-0,019001471
0,060194066
0,100674046
-0,078635433
-0,005839733
-0,12253497
0,042751981
0,009918709
0,05238399
-0,043553895
0,10942571
-0,067211052
0,002194735
-0,107846197
0,03913181
-0,069417585
-0,027052401
N/A
N/A
N/A
-0,051026193
-0,071072949
-0,061537755
0,079772866
0,062641788
-0,086493067
-0,041410761
0,047497348
0,017396175
0,014636175
-0,01884457
0,11086223
-0,030764561
0,0022841
-0,019288461
-0,057812405
-0,019518497
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0,022519116
-0,01986082
-0,010139538
-0,007676162
0,012993188
-0,028385639
0,039747911
-0,035841031
0,016788242
0,008658967
0,011894922
-0,031906727
-0,021430857
0,025626539
0,040237289
-0,00067527
0,030030856
-0,055591354
0,041274665
-0,014676441
-0,034554621
-0,129052166
0,027492893
0,043882282
0,026194019
-0,011717798
0,086272193
0,034467878
-0,082192813
0,137813354
0,051147836
0,024812509
0,06757289
-0,092737775
0,013377303
-0,001453479
0,001590326
0,069754074
0,012153277
-0,022445606
-0,05480598
-0,0277429
-0,047383538
0,046079973
-0,080492596
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2022
2022
2022
2022
2022
2022
2022
2022
2022
2022
2023
2023
2023
2023
2023
2023
2023
2023
2023
2023
2023
2023
2024
2024
2024
2024
2024
2024
2024
2024
2024
2024
2024
2024

0,097051267
0,05102034

-0,023635984

0,013993785
0,112040933

-0,087166496

0,03559784
0,107762174

-0,058891916
-0,002629996
-0,025044712

0,054637331

-0,084639222

0,157054116
0,03884892
0,05712562

0,006908186

-0,017593925

0,036194114

-0,008205815

0,050352661
0,001970236

-0,043312863

0,070508675

-0,057245992

0,072000976

-0,017563915
-0,009090812
-0,013113021
-0,018480328
-0,008515132

0,081584962

-0,041257466
-0,055511501

0,089830901

-0,002555718
-0,008642186

0,054438249
0,025681007
0,046546305

-0,016323215

0,14869163
-0,01992399
0,033103615

-0,040099001

0,03103605
0,005375385
0,011067148
0,020912438

-0,023350391
-0,042936463
-0,029549971
-0,033766122
-0,018482131

0,043172886

-0,023277088

0,013228295
0,027204617
0,02667104

-0,046243023
-0,084155089

0,008700157

-0,003261263

0,025822113

-0,034013168

0,068129576

-0,052725661

0,045574894
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Trade Deficit Announcements and Asset Prices
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Abstract

While prior research has extensively explored the influence of macroeconomic
news on stock prices, the specific effect of trade deficit announcements has
remained relatively underexamined, particularly across both developed and
developing economies. This study seeks to evaluate and compare the semi-
strong form efficiency of the energy sectors in France and Spain in response
to trade deficit announcements between 2016 and 2024, within the Efficient
Market Hypothesis (EMH) framework. The analysis utilizes an event study
methodology; focusing on monthly announced trade balance numbers, and
applies the market model for forecasting purposes. The findings suggest that
both countries’ energy sectors reflect semi-strong form efficiency in reaction
to monthly trade announcement releases, implying that investors cannot
achieve abnormal returns based on this information. The presence of efficient
markets in the energy sectors of France and Spain can enhance the confidence
of both domestic and foreign investors in these countries’ markets and energy
sectors.

1. Introduction

In recent years, financial research has highlighted the sensitivity of financial
markets to the release of macroeconomic news. Typically, public and private
institutions—such as statistical agencies—release reports on key economic
indicators that reflect the state of the economy. These announcements
often impact the behavior of financial assets, as they provide insight into
current economic conditions and potential future developments. However,
the findings in the literature are mixed, with some studies indicating that
macroeconomic announcements significantly impact financial markets. In

1 Dr., Abdullah Giil University, rana.torun@agu.edu.tr, 0000-0002-4776-4011

2 Dr., Ministry of Culture and Tourism of the Republic of Tiirkiye, ayerkilic@gmail.com, 0000-
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contrast, others suggest they produce little to no effect. The extent of this
impact is far from uniform and depends on the announcement type. This
variability has sparked a rapidly expanding body of research examining how
various macroeconomic announcements affect financial assets.

Economic research has widely studied the impact of macroeconomic
announcements on asset prices. Gross Domestic Product (GDP) growth,
inflation rate, interest rate, and unemployment are some of the widely studied
macroeconomic announcements. Although financial market reactions to trade
balance announcements are frequently covered by the media, only a few
studies have examined these announcements in detail.

Trade deficits occur when a country’s imports exceed exports, which
have significant implications for both macroeconomic stability and financial
markets. Spain and France have the largest trade deficits, ranking just behind
the United States and the United Kingdom. For this reason, this study focuses
on France and Spain. Energy imports constitute a significant portion of
the trade deficits for both countries. Therefore, the energy sector has been
examined for both countries.

This research examines how French and Spanish trade balance
announcements influence stock prices by analyzing the information they
convey. This study contributes to the existing literature in several important
ways. Firstly, it centers on trade announcements—an area that has received
limited attention in prior research. Secondly, the study employs a consistent
dataset comprising 216 independent events of trade announcements, analyzing
their impact on the stock market in France and Spain. Thirdly, most studies in
this tield generally analyze the causal relationships between macroeconomic
indicators and various sectors. This study approaches macroeconomic
indicator (trade announcements) using the event study methodology to test
market efficiency within the energy sector. Thus, this research stands out as
a more original contribution compared to existing literature.

The efficient market hypothesis ofters a perspective on asset price behavior,
proposing that stock prices fully incorporate all publicly available information.
The assertion that financial asset prices fully reflect all available information
accessible to all market participants was introduced to the literature by
Eugene Fama as the Efficient Market Hypothesis (EMH). According to the
hypothesis, a market is efficient if prices at any given time fully incorporate
all available information (Fama, 1970, p. 383).

In the semi-strong form of market efficiency, which is a second degree
of market efficiency, the information set includes all publicly disclosed and
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accessible data, information, and news. For a market to be considered semi-
strong form efficient, the current prices of financial assets in that market
must reflect the past market prices of those assets and all publicly released
and available information. Examples of such publicly disclosed and accessible
information include stock splits, the announcement of financial statements
prepared by the company, and new stock issuances (Fama, 1970, p. 404). Since
trade deficit announcements are examined, an analysis has been conducted to
determine whether the markets exhibit semi-strong form efficiency.

The remainder of this research is structured as follows. Section 2 offers
a concise theoretical overview of the topic. Section 3 describes the data and
methodology and investigates whether stock prices react to trade deficit-
related news. Section 4 presents the results and discussion. Finally, Section 5
concludes the research.

2. Literature Review

An extensive body of research has now emerged focusing on evaluating
the effects of ‘scheduled’ news announcements on financial markets. Three
of the most frequently analyzed financial markets in this context are the stock
market (e.g., Hardouvelis, 1987; Sun & Tong, 2000), the foreign exchange
market (e.g., Aggarwal & Schirm, 1992; Kim et. al., 2004; Calin, 2015),
and the bond market (e.g., Kutty & Sabi, 1994;Aggarwal & Schirm, 1992;
Deravi et. al, 1989).

Some researchers have started examining macroeconomic announcements’
effects across multiple financial markets, rather than analyzing each market
independently. For example, Kim et. al. (2004) discuss how the release of
news related to six key macroeconomic indicators aftects the U.S. stock, bond,
and foreign exchange markets.

Hardouvelis (1987) examines how stock prices in the United States react
to monetary and nonmonetary news. It is found that stock prices are mainly
influenced by announcements related to monetary factors. However, among
the nonmonetary indicators, three—namely; the trade deficit, unemployment
rate, and personal income—show statistically significant reactions.

Deravi et. al. (1989) investigate the short-term reactions of several major
exchange rates and three categories of domestic interest rates to the information
conveyed in the U.S. Treasury’s quarterly announcements of new long-term
debt issuances, covering the period from 1975 to 1985. Findings reveal that
neither expected nor unexpected U.S. Treasury debt announcements from
1975 to 1985 have any significant impact on foreign exchange returns.
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Aggarwal & Schirm (1992) assess how U.S. exchange rates, interest
rates, and stock prices responded to new monthly data on the U.S. trade
balance between 1980 and 1988. The findings indicate that trade balance
announcements primarily influenced interest rates during the early 1980s,
before the implementation of the 1985 Plaza Agreement. In contrast, during
the subsequent period from 1985 to 1987, such announcements were also
associated with significant movements in stock prices and exchange rates.

Kutty & Sabi (1994) analyze the effect of U.S. trade balance announcements
on stock prices and bond interest rates. The findings suggest that an
unexpectedly large trade deficit leads to a decline in stock prices. However,
the unanticipated trade deficit shows no significant effect on stock prices or
bond interest rates during the period analyzed.

Ghosh & Lien (1995) examine how participants in the foreign exchange
market respond to the monthly trade balance announcements (both the
preliminary and revised trade data) issued by the U.S. Commerce Department.
The findings reveal that the announcement of revised U.S. trade balance
figures significantly impacts exchange rate movements.

Aggarwal & Schirm (1998) examine the market response to U.S. trade
balance announcements during 1985-1993. Findings prove that equity prices
and foreign exchange rates reacted notably to new information regarding the
U.S. trade balance.

Sun & Tong (2000) examine how announcements about the U.S.
trade deficit influence the stock prices of automobile companies in both
the United States and Japan. The empirical findings show that trade deficit
announcements negatively impact Japanese automobile ADRs, particularly
when the reported deficit exceeds expectations. On the other hand, such
announcements do not significantly affect U.S. automobile stock prices.

Kim et. al. (2004) aim to analyze how six major macroeconomic news
announcements affect the average returns in U.S. equity, bond, and foreign
exchange markets. Announcements regarding the trade balance were identified
as having the most pronounced effect on the foreign exchange market. In
the bond market, macroeconomic news on domestic economic conditions
was generally found to be most important. On the other hand, data releases
related to consumer and producer prices are found to be significant for the
U.S. equity market.

Calin (2015) uses an event study to focus on the impact of trade
announcements on the foreign exchange market. It is observed that the
most significant eftect is triggered by announcements of macroeconomic
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indicators related to the trade balance, followed by news concerning the
trends in imports and exports.

Lupu et. al. (2015) assess whether releasing new economic information
affects the movement of stock market indices in the CEE countries and
developed countries. Analysis of 271 announcements indicated no significant
impact from news related to variables such as GDP, current account, imports,
trade balance, expected inflation, and private or government consumption,
for both Central and Eastern European (CEE) and developed market indices.

Nadler & Schmidt (2016) explored how U.S. macroeconomic
announcements affect U.S. stock prices. Their study examined 18 types
of news releases, including gross domestic product (GDP) data, consumer
price index (CPI), producer price index (PPI), unemployment claims, and
the international trade balance. Some highly significant announcements are
International Trade Balance, Index of Leading Indicators, Housing Starts,
and Jobless Claims.

Erkilig (2024) investigates how the announcements of economic growth,
national income figures, balance of payments, and foreign trade data to the
public affect the stock markets of Jordan and Tiirkiye, specifically the tourism
sectors. Findings reveal that the stock markets of Jordan and Tiirkiye exhibit
semi-strong form market efficiency within the tourism sector.

3. Materials and Methods

The primary aim of this study is to analyze and compare semi-strong form
market efficiency of the French and Spanish energy sectors in response to the
trade balance announcements throughout nine years of 2016-2024.

The analysis utilizes an event study methodology, focusing on monthly
announced trade balance numbers as key macroeconomic indicators relevant
to the French and Spanish stock markets. Within the framework of EMH,
these trade balance figures are treated as new information entering the market.
The specific dates when this data is publicly released are identified as event
dates, and both the event window and estimation window are defined based
on these announcement dates.

The study applies the market model for forecasting purposes, using the
CAC40 and IBEX 35 stock indices to reflect the overall market performance in
France and Spain, respectively. The related indexes are employed to represent
each country’s energy sectors.

In line with the study’s objective, the effects of monthly publicly announced
trade balance figures on French and Spanish energy stock indices are analyzed.
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Over a nine-year period, 108 trade balance data points for each country are
available and used for this research.

Event window is selected as covering between five working days before
and after event date (t-5, t+5) for better isolating impact of trade balance
tigure announcements on energy sector and minimizing potential influence
of other events. Estimation window starts one month before event date and
ends at the beginning of event window as (t-20, t-6).

4. Results and Discussions

The study’s calculations are carried out simultaneously for the French
and Spanish stock markets. Under the EMH, daily returns of the main stock
indices and energy sector indices for both France and Spain are calculated as
a first step as follows:

(7,),
(R,), =1n { @ )} (1)

m

Where:
(Rm )t , 1s the return of the main stock indexes on day (t),
(T )t , 1s the closing value of the main stock indexes on day (t),

m

(T . )t_] , 1s the closing value of the main stock indexes on day (t-1),

In, denotes the natural logarithm.

(7)),
(R), =1In {W} )

where:

(Ri )t , 1s the return of energy sector indexes on day (t),

(]: )t , 1s the closing value of energy sector indexes on day (t),

(]: )ti ,» 1s the closing value of energy sector indexes on day (t-1),
In, denotes the natural logarithm.

Following this, regression analysis is conducted during the estimation
window to determine expected returns of energy sector indexes based on the
return of main stock indexes with the following market model:

(ER)), = (o) + (B). " (R,), + (e), 3)
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Where:
(E(R,)),, is the expected return of energy sector indexes on day (t);
(a.),, is the intercept of the regression analysis on day (t);

(B,),» 1s a coefficient showing the relationship between the returns of energy
sector indexes and the main stock indexes on day (t);

(R,),, is the return of the main stock indexes on day (t) and
(e,),1s the error term.

Then, abnormal returns (AR) are calculated for the event window period
as follows:

((AR)), = (R)), — (E(R))), (4)

1/t

Where:

((AR),),, is an abnormal return for energy sector indexes on day (t),
(R,),, is the actual return of energy sector indexes on day (t),
(E(R,))),is the expected return of energy sector indexes on day (t).

After finding daily ARs, cumulative abnormal return (CAR) is calculated
with adding all ARs for whole event window. The results are presented in
Table 1.

Table 1: Results for Energy Sector Indexes of France and Spain

Year Month CAR (France) CAR(Spain)
2016 1 0.0354 0.0328
2016 2 -0.0111 -0.0066
2016 3 -0.0252 0.0132
2016 4 0.0560 0.0098
2016 5 -0.0011 -0.0410
2016 6 0.0059 -0.0111
2016 7 -0.0364 -0.0242
2016 8 0.0457 -0.0104
2016 9 -0.0304 0.0078
2016 10 0.0298 -0.0096
2016 11 -0.0045 0.0407
2016 12 0.0229 0.0018
2017 1 -0.0353 0.0008
2017 2 0.0157 0.0188
2017 3 -0.0186 0.0135
2017 4 0.0684 -0.0557
2017 5 0.0773 0.0468
2017 6 -0.0475 -0.0016
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2017
2017
2017
2017
2017
2017
2018
2018
2018
2018
2018
2018
2018
2018
2018
2018
2018
2018
2019
2019
2019
2019
2019
2019
2019
2019
2019
2019
2019
2019
2020
2020
2020
2020
2020
2020
2020
2020
2020
2020
2020
2020
2021
2021
2021

-0.0037
-0.0286
0.0140
-0.0011
0.0054
0.0118
-0.0025
0.0295
-0.0273
0.0200
-0.0098
-0.0081
-0.0285
-0.0156
0.0212
-0.0379
-0.0017
0.0581
0.0151
0.0552
0.0112
-0.0013
0.0175
-0.0195
-0.0027
-0.0115
-0.0112
-0.0453
0.0097
0.0272
-0.0401
0.0528
-0.0952
-0.1909
0.0792
-0.0021
0.0280
0.0533
-0.0391
0.0806
0.1234
-0.0173
0.0812
-0.0562
-0.0393

0.0217
-0.0065
-0.0099
-0.0042
-0.0125
-0.0159
-0.0043
0.0174
0.0145
-0.0154
-0.0457
-0.0308
-0.0469
-0.0022
0.0000
0.0016
-0.0356
-0.0192
0.0241
-0.0262
0.0061
0.0200
-0.0337
-0.0482
0.0885
-0.0239
0.0205
0.0055
0.0072
0.0210
0.0367
0.0081
-0.0343
0.0021
-0.0386
0.0356
-0.0044
-0.0262
0.0060
-0.0149
-0.0053
0.0035
0.0168
0.0204
0.0168
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2021 4 -0.0496 -0.0109
2021 5 0.0884 0.0181
2021 6 0.0729 0.0175
2021 7 -0.0124 0.0175
2021 8 -0.0016 0.0230
2021 9 0.0396 -0.0045
2021 10 -0.0136 0.0251
2021 11 0.0171 0.0468
2021 12 0.0420 -0.0228
2022 1 0.1090 0.0623
2022 2 -0.0433 0.0262
2022 3 -0.0217 -0.0794
2022 4 -0.0172 -0.0480
2022 5 0.0950 -0.0135
2022 6 -0.0287 -0.0458
2022 7 -0.0380 -0.0031
2022 8 0.0924 0.0480
2022 9 -0.0429 -0.0368
2022 10 0.0379 0.0190
2022 11 -0.0052 -0.0163
2022 12 -0.0251 0.0138
2023 1 -0.0939 0.0004
2023 2 0.0377 0.0284
2023 3 -0.0811 0.0255
2023 4 0.0700 -0.0334
2023 5 -0.0530 -0.0388
2023 6 -0.0029 0.0074
2023 7 0.0307 0.0511
2023 8 0.0091 -0.0052
2023 9 0.0668 -0.0246
2023 10 -0.0463 0.0357
2023 11 -0.0049 0.0189
2023 12 -0.0255 -0.0332
2024 1 -0.0081 0.0078
2024 2 0.0152 0.0122
2024 3 0.0544 -0.0018
2024 4 0.1000 -0.0138
2024 5 -0.0401 -0.0276
2024 6 -0.0046 0.0246
2024 7 0.0025 0.0164
2024 8 0.0011 -0.0105
2024 9 0.0239 -0.0141
2024 10 0.0579 0.0118
2024 11 0.0532 0.0299
2024 12 -0.0235 0.0009

Reference: The authors.
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For analyzing and comparing semi-strong form market efficiency of the
French and Spanish energy sectors in response to trade balance number
announcements, the following statistical calculations are made for both
countries, and the results are given in Table 2.

Tible 2: CAR Statistics for Energy Sector Indexes of France and Spain

Statistics (CAR) France Spain
Total 0.6318 0.0192
Average 0.0058 0.0002
Standard Deviation 0.0480 0.0274

Source: The authors.

Based on these statistics, calculated t and p values for both countries are
presented in Table 3.

Table 3: t and p Values for Energy Sector Indexes of France and Spain

Values France Spain
t-value 1.2594 0.0671
p-value 0.2106 0.9466

Source: The authors.

These p-values can be interpreted to be statistically insignificant, indicating
that both the French and Spanish energy sectors demonstrate semi-strong
form market efficiency in response to monthly public announcements of
trade balance figures.

5. Conclusion

Economic research has widely studied the impact of macroeconomic
announcements on asset prices. GDP growth, inflation rate, interest
rate, and unemployment are some of the widely studied macroeconomic
announcements. Although financial market reactions to trade balance
announcements are frequently covered by the media, only a few studies have
examined these announcements in detail.

The primary aim of this study is to analyze and compare semi-strong form
market efficiency of the French and Spanish energy sectors in response to the
trade balance announcements throughout nine years of 2016-2024.
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The analysis utilizes an event study methodology, focusing on monthly
announced trade balance numbers as key macroeconomic indicators relevant
to the French and Spanish stock markets. Within the framework of EMH,
these trade balance figures are treated as new information entering the market.
The study applies the market model for forecasting purposes, using the CAC
40 and IBEX 35 stock indices to reflect the overall market performance in
France and Spain, respectively. The related indices are employed to represent
each country’s energy sectors. Findings reveal that both the French and
Spanish energy sectors demonstrate semi-strong form market efficiency in
response to monthly public announcements of trade balance figures.

The presence of efficient markets in the energy sectors of France and
Spain can enhance the confidence of both domestic and foreign investors in
these countries’ markets and energy sectors. This environment of trust may
encourage a greater number of investors to increase their investment levels,
both specifically in the tourism sectors of France and Spain and more broadly
in their overall economies. In this way, it may contribute more significantly
to the economic development of the countries, paving the way for higher
growth and increases in national income, greater reduction of trade deficits.

This research examines how French and Spanish trade balance
announcements influence stock prices by analyzing the information they
convey. This study contributes to the existing literature in several important
ways. Firstly, it centers on trade announcements—an area that has received
limited attention in prior research. Secondly, the study employs a consistent
dataset comprising 216 independent events of trade announcements, analyzing
their impact on the stock market in France and Spain. Thirdly, most studies in
this field generally analyze the causal relationships between macroeconomic
indicators and various sectors. This study approaches macroeconomic
indicator (trade announcements) using the event study methodology to test
market efficiency within the energy sector. Thus, this research stands out as
a more original contribution compared to existing literature.

Future research in this area could be carried out to explore the cross-country
effects of macroeconomic announcements. For instance, macroeconomic
news in the U.S. economy is often regarded as a leading indicator of
subsequent economic trends in other nations. Thus, the effects of U.S.
macroeconomic news may be examined in the context of its impact on other
countries’ markets. Moreover, replicating this study for other macroeconomic
indicators announced at similar frequencies would contribute to the literature.
Additionally, within the scope of this study, it is also possible to conduct
different analyses by modifying the previously defined estimation and event
window intervals.
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Bolum 4

BIST100 Endeksi ile VIX Endeksi Arasindaki
Iliskinin Ampirik Analizi

Ilknur Can!

Ozet

Finansal piyasalarda menkul kiymetlerin gelecekte 6ngoriilen hareketlerinin
tahmin edilmesine aracilik eden 6nemli degigkenlerden biri Korku Endeksi
(VIX) ile olgtilmektedir. Uluslararasi piyasalarda yatirrm karart alinirken
incelenen gostergelerden biri olan VIX endeksinin yani sira BIST100
endeksi ile etkilegiminin incelenmesi yatirimeilar agisindan yatirrm karari
verilirken 6nem arz etmektedir. Caliymada BIST100 Endeksi ile kiiresel risk
gostergesi olarak kabul edilen VIX endeksi arasindaki iligki incelenmistir.
Aragtirmada 1.257 gozlemden olusan giinliik veriler kullanilmustir. Oncelikle
serilerin duraganliklart ADF birim kok testi ile analiz edilmig, BIST100%{in
birinci farkta duragan, VIX’in ise diizeyde duragan oldugu belirlenmistir.
Degiskenler arasindaki uzun ve kisa donem iliskileri aragtirmak amacryla
ARDL modeli tercih edilmigtir. Elde edilen sonuglara gore kisa donemde
VIX endeksindeki artiglarmn BIST100 iizerinde negatif ve istatistiksel olarak
anlamh etkisi bulunmaktadir. Ancak uzun donem katsayilari istatistiksel
olarak anlamli gtkmamugtir. Bounds testi sonuglar1 ise degiskenler arasinda
uzun donemli bir egbiitiinlesme iligkisinin siir degerler seviyesinde zayif da
olsa var olabilecegine isaret etmektedir. Bulgulara gore kiiresel risk algisindaki
degisimlerin Tiirkiye hisse senedi piyasasinda 6zellikle kisa vadede 6nemli bir
rol oynadigim gostermektedir.

1.Giris

Finansal piyasalarda belirsizlik ve risk unsurlari, yatirimer davraniglarini
dogrudan etkilemekte ve varlik fiyatlarinda dalgalanmalara yol agmaktadir.
Ozellikle gelismekte olan piyasalarda, kiiresel risk algisindaki degisimler,
sermaye akimlarinin yoniinii belirleyerek borsa endeksleri iizerinde kisa
vadeli etkiler yaratabilmektedir. Bu baglamda, Chicago Board Options

1 Dr Ogr. Uyesi, Sivas Cumhuriyet Universitesi, Iktisadi ve Idari Bilimler Fakiiltesi Finans ve
Bankacilik Boliimii, ilknurcan@cumhuriyet.edu.tr, ORCID No:0000-0001-9613-0624.
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Exchange tarafindan hesaplanan Volatilite Endeksi (VIX), yatirimcilarin
risk istahini 6l¢en en 6nemli gostergelerden biri olarak literatiirde yaygin
bi¢imde kullanilmaktadir (Kurtkaya ve Ozgelik, 2024:23).

Tiirkiye’de hisse senedi piyasasinin oncii gostergesi konumunda olan
Borsa Istanbul 100 (BIST100) endeksi, hem ulusal ekonomik gelismelerden
hem de kiiresel finansal soklardan giiglii bir sekilde etkilendigi bilinmektedir.
Dolayisiyla BIST100 endeksi ile VIX endeksi arasindaki iligkinin incelenmesi
Tiirkiye sermaye piyasalarinin digsal risk faktorlerine kargi duyarhiligini
anlamak agisindan 6nem arz etmektedir.

Bu caliymada BIST100 ve VIX endeksleri arasindaki kisa ve uzun
donem iliskileri ekonometrik yontemlerle analiz edilmektedir. Aragtirmada
kullanilan zaman serilerinin duraganliklart ADF testi ile sinanmig ardindan
degiskenler arasindaki iliskiyi ortaya koymak i¢in ARDL modeli tercih
edilmigtir. Boylece kiiresel risk algisindaki dalgalanmalarin Tiirkiye hisse
senedi piyasasina yansimalari ortaya konulmak istenmektedir.

2. Literatiir Taramasi

Arastirilan konu ile ilgili alanda yapilmig yerli ve yabanci literatiir
kaynaklarina yer verilmektedir. Alan yazinda yapilan literatiir taramasi tarih
sirasina gore ele alinmaktadir.

Chandra (2015), Hindistan volatilite endeksi (India VIX) ile hisse senedi
getirileri arasindaki asimetrik iliskiyi incelemektedir. Bulgulara gore piyasa
diisiiglerinde India VIX ile getiriler arasinda negatif bir iliski oldugunu
ancak giiglii yiikselis donemlerinde bu iligkinin zayifladigini gostermektedir.
Sonuglara gore India VIX’in hem geleneksel volatilite modellerine kiyasla
daha giiglii bir oynaklik gostergesi oldugunu hem de portfoy yonetimi ve
riskten korunma agisindan etkili bir ara¢ olarak kullanilabilecegini ortaya
koymaktadhr.

Saritag ve Nazhoglu (2019), VIX endeksindeki goklarin BIST-100
tizerinde negatif, doviz kuru iizerinde pozitif etki yarattigini ve VIX’ten hem
borsa hem de d6viz piyasasina dogru nedensellik iligkisi bulundugunu ortaya
koymuslardir.

Oner (2019), VIX korku endeksinin seili gelismekte olan iilkelerin 10
yillik tahvil faizleri tizerindeki etkisini incelemis ve VIX’ten Rusya ve Meksika
tahvil piyasalarina tek yonlii; Giiney Afrika ve Endonezya tahvil piyasalarina
ise ¢ift yonlii nedensellik iliskisi oldugunu tespit etmistir.
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Tuncel ve Giirsoy (2020), Bitcoin, BIST100 ve VIX arasindaki iliskileri
incelemis ve Bitcoin’in etkisinin anlamli olmadigini, VIX’ten BIST100%
dogru tek yonlii bir nedensellik bulundugunu ortaya koymustur.

Giirsoy  (2020), 2011-2020 doneminde  VIX  endeksindeki
dalgalanmalarin BRICS {ilkeleri borsalari tizerindeki etkisini incelemektedir.
Toda—Yamamoto nedensellik analizi sonuglarma gore VIX ile Rusya ve
Giiney Afrika borsalar1 arasinda gift yonlii, Hindistan ve Cin borsalariyla ise
tek yonlii bir nedensellik iligkisi bulunmaktadir. Buna kargilik VIX endeksi ile
Brezilya borsasi arasinda anlaml bir nedensellik iligkisi tespit edilememistir.

Tltag ve Giizel (2021), VIX ve CDS gibi belirsizlik gostergelerinin
BIST100 iizerinde etkili oldugunu VIX’ten BIST100% tek yonlii; CDS
ile BIST100 arasinda ise cift yonlii nedensellik iliskisi bulundugunu tespit
etmiglerdir.

Grima ve Digerleri (2021), COVID-19un ABD’deki giinliik vaka
ve oliim sayilarinin VIX endeksi tizerindeki etkisini ve VIX’in pandemi
stirecinin baginda 6nde gelen borsa endeksleriyle iligkisini incelemektedir.
Bulgulara gore VIX ile COVID-19 gostergeleri arasinda uzun dénemli bir
iliski oldugunu ve VIX’in ¢ogu biiyiik borsa endeksiyle egbiitiinlesik hareket
ettigini  gostermektedir. Ayrica ABD’deki giinliik vaka sayilarimin VIX
tizerindeki etkisinin 6liim sayilarindan daha giiglii oldugu tespit edilmistir.

Miinyas ve Bektur (2021), VIX ile CDS, déviz kurlari, BIST 00 ve altin
arasindaki uzun donemli iligkiyi analiz etmig; VIX’in dolar kuru ile negatif,
CDS, BIST100 ve altin ile pozitif yonlii iligkili oldugunu ortaya koymuslardir.

Papanicolaou (2021), VIX ve SPX opsiyon piyasalarinin risk iizerinden
giiglii bigimde baglantili oldugunu ortaya koymaktadir. Yiiksek kullanim
fiyatlh VIX opsiyonlar1 ile SPX opsiyonlarinin tahmin edilen oynakliklar
arasinda modelden bagimsiz olarak olgiilebilen kargilikl bir iligki bulunmakta
oldugu ifade edilmektedir.

Boateng ve Digerleri (2021), COVID-19 doneminde petrol fiyat
belirsizligini yansitan petrol zimni volatilite endeksinin Afrika’daki petrol
ithalatgist ve ihracatgisi llkelerin hisse senedi getirileri tizerindeki etkisini
incelemektedirler. Kantitatif regresyon sonuglarma gore petrol volatilite
soklarinin  6zellikle piyasa diigiislerinde hisse getirilerini olumsuz ve
asimetrik bi¢imde etkiledigini gostermektedir. Ayrica bulgulara gore
pandemi siirecinde Afrika hisse senetleri ile petrol piyasasini birlikte igeren
porttoylerin yatirimcilar igin korunma araci olabilecegine igaret edilmektedir.

Yilmaz ve Yildiz (2022), gesitli kiiresel korku endekslerinin Tiirkiye’de
farkli yatinmcr gruplarmnin risk igtahi iizerindeki etkilerini incelemis ve
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V2TX endeksinin tiim yatirimer tiirleri igin en belirleyici gosterge oldugunu
tespit etmiglerdir.

Sertkaya (2022), stratejik emtia fiyatlar ile VIX korku endeksi arasindaki
iligkiyi incelemis; uzun dénemde altin fiyatlarinin VIX’i artirdigy, brent petrol
fiyatlarinin ise VIX'i azalttigi, bugday fiyatlarinin ise anlamli bir etkisinin
olmadig1 sonucuna ulagmistir.

Lin (2023), SPY’nin hafta sonu negatif getirileri ile VIX degisimleri
arasinda istatistiksel olarak anlamli negatif bir iligki oldugunu ortaya
koymaktadir. Bulgulara gore opsiyon piyasast yapicilarinin bu  bilgiyi
zimni volatilite ayarlamalarinda kullandigini ve hafta sonu temelli opsiyon
stratejilerinin karh olabilecegini gostermektedir.

Giirbiiz (2024), doviz kuru, CDS, VIX ve petrol fiyatlarinin BIST100
ve Katilm O endeksleri iizerindeki etkilerini kargilagtirmugtir. S6z konusu
risk gostergelerinin her iki endeksi de olumsuz etkiledigini ancak bu etkinin
BIST100’de daha giiglii oldugunu ve Covid-19 doneminde Katilim50
endeksinin daha direngli oldugunu tespit etmistir.

Ding (2024), FED’in 2022°deki ilk faiz artisi 6ncesinde VIX ile SPY
getirileri arasinda anlamli bir iligki bulunmadigini fakat faiz artig1 sonrasinda
VIX’in 6nemli bir belirleyici haline geldigini gostermektedir. Bulgulara gore
taiz politikas1 degisimlerinin ardindan VIX’in piyasa duyarlihgini ve risk
algisini daha giiglii yansittig1 ortaya koyulmaktadir.

Shah (2024), GARCH (1,1) modeli ve Granger nedensellik testleri
kullamlarak VIX ile S&P 500 oynakhigi arasinda cift yonli bir iligki
bulundugunu ortaya koymaktadir. Bulgulara gore her iki degiskenin de
kargilikli olarak oynaklig1 6ngérmede kullanilabilecegini gostermektedir.

Giil ve Digerleri (2024), 2012-2024 doneminde BIST100 getiri
endeksi ile yatirrmer duyarliligini temsil eden gesitli giiven, risk ve belirsizlik
gostergeleri arasindaki nedensellik iligkilerini  Toda-Yamamoto testiyle
incelemektedir. Bulgulara gore BIST100 ile Tiiketici Giliven Endeksi ve
CDS arasinda ¢ift yonlii, bazi duyarlilik gostergeleri ile ise tek yonlii iliskiler
oldugu tespit edilmigtir. FHGE, RGE ve VIX gibi baz1 endekslerle anlaml
bir nedensellik bulunmadigini gostermektedir.

Wang (2025), VIX endeksinin hisse senedi piyasasi ¢okiis riskini anlaml
ve pozitif yonde etkiledigini ortaya koymaktadir. 2000-2020 donemine ait
verilerle yapilan regresyon ve GARCH-M analizlerine gore VIX artiglarinin
piyasa riskini artirdigini gostermektedir. Bulgulara gore VIX’in yatirimcilar ve
politika yapicilar i¢in 6nemli bir risk gostergesi oldugunu teyit edilmektedir.
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Albuquerque ve Digerleri (2025), VIX endeksi kullanilarak piyasa
oynakliginda diigtik ve yiiksek belirsizlik rejimlerinin varligint Markov Rejim
Degisimi modeliyle analiz etmektedir. Bulgulara gére modelin biiyiik kriz
donemlerini bagarili gekilde yansittigini ve sistemik riskin izlenmesinde

yararl oldugu ifade edilmektedir.

Aydin (2025), 2015-2024 doéneminde BIST100 ile VIX endeksi
arasindaki iligkiyi TVP-VAR yontemiyle incelemekte ve belirsizlik soklarinin
BIST100 iizerinde siirekli olarak olumsuz etki yarattigini ortaya koymaktadir.
Bulgulara gore VIX kaynakli etkilerin ozellikle COVID-19 déneminde
belirgin bi¢imde arttigini ve bu durumun yatirimer davranuglari ile politika
yapicilar agisindan VIX endeksinin 6nemini artirdigini gostermektedir.

Dutta ve Singh (2025), Hindistan piyasasinda yatirimcr duyarliligini
temsil eden India VIX ile hisse senedi risk primleri arasinda giiglii ve gok
yonlii iliskiler bulundugunu gostermektedir. Ozellikle kriz donemlerinde
piyasa risk primi, momentum ve biiyiiklitk faktorlerinin VIX ile yakindan
baglantili oldugu tespit edilmistir. Bulgulara gore piyasa oynakliginin
izlenmesinin belirsizlik donemlerinde portfoy yonetimi agisindan onemli bir
gosterge oldugu ortaya koyulmaktadir.

3. Metodoloji

3.1. Aragtirmanin Kapsam ve Kisitlar1

Bu aragtirmanin temel amaci Tiirkiye finansal piyasasi 6zelinde BIST100
endeksi ile kiiresel risk gostergesi olan VIX endeksi arasindaki kisa ve uzun
donemli iligkileri incelemektir. Caligmada 2 Temmuz 2020 ile 31 Temmuz
2025 tarihleri arasindaki doneme ait giinliik veriler kullaniimigtir. Bahsedilen
donem Covid-19 pandemisinin etkileri, kiiresel piyasalarda artan belirsizlikler
ve Tirkiye ekonomisinde gozlenen dalgalanmalar agisindan oldukga kritik
bir siireci kapsamaktadir. Analiz kapsaminda tiirkiye hisse senedi piyasasinin
performansint temsil eden BIST100 endeksi ile uluslararast piyasalardaki
risk algisini yansitan VIX endeksi arasindaki dinamik etkilesimler ampirik
olarak aragtinlmugti. Caligmada serilerin duraganlik diizeyleri dikkate
alinarak ARDL yontemi tercih edilmistir. Bu model hem kisa donemli
etkilerin hata diizeltme katsayilar1 (ECM) araciligiyla hem de uzun dénemli
iligkilerin bounds testi yardimiyla analiz edilmesine imkan tanimaktadir.
Ayrica modelin parametre istikrart CUSUM testleri ile sinanmig ve sonuglar
modelin dénem boyunca istikrarli oldugunu gostermistir.

Aragtirmanin bazi kisitlart bulunmaktadir. Oncelikle galisma yalnizca
iki degigken BIST100 ve VIX endeksleri arasindaki iligkiye odaklanmustir.
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Bir diger aragtirma kisiti analiz donemiyle ilgilidir. Aragtirmada analiz
donemi 2020-2025 yillariyla sinirl olup farkl donemlerde veya daha uzun
zaman araliklarinda farkli sonuglar elde edilmesi miimkiindiir. Yontemsel
agidan ise BIST100 serisinin I(1) ve VIX serisinin I(0) diizeyinde duragan
olmast nedeniyle ARDL modeli tercih edilmigtir. Son olarak aragtirma
sadece Tiirkiye piyasasina 6zgi verilerle yiiriitiildigii i¢in bulgularin diger
tilke piyasalarina genellenebilirligi sinirhdir. Tiim bu kisitlar géz 6niinde
bulunduruldugunda elde edilen sonuglar Tiirkiye hisse senedi piyasasi ile
kiiresel risk gostergesi arasindaki iliskilere dair 6nemli bulgular sunmakla
birlikte yorumlarin yapilmasinda dikkatli olunmasi gerekmektedir.

3.2. Aragtirmanin Veri Seti, Model ve Hipotezleri

3.2.1.Arastirmanin Veri Seti

Arastirmada kullanilan veri seti olarak 02.07.2020 ile 31.07.2025 tarihleri
arasindaki doneme ait giinliik frekansli veriler kullanilmistir. Toplamda 1.259
gozlemden olugan veri seti Tirkiye’ye iligkin iki temel ekonomik gostergeyi
icermektedir. Bu ¢alismada Tiirkiye hisse senedi piyasasinin performansini
temsil eden BIST100 endeksi ile kiiresel risk gostergesi olarak kabul edilen
VIX endeksi arasindaki kisa ve uzun donemli iligkiler incelenmistir. Analizde
kullanilan veri seti 2020-2025 donemini kapsamaktadir. Caligmada kullanilan
veriler; BIST100 endeksi igin Borsa Istanbul’un resmi veri tabanindan, VIX
endeksi i¢in ise uluslararasi veri saglayicilarindan temin edilmigtir. Veri
frekans1 giinliik veri olarak diizenlenmigtir. Boylece piyasadaki kisa vadeli
dalgalanmalarin modele daha net bigimde yansitilmasi amaglanmugtir. Veriler
EViews 12 programinda analiz edilmig ve tiim seriler duraganlik agisindan
test edildikten sonra ARDL testinin uygun oldugu anlagildigindan ilgili test
uygulanmugtir.

3.2.2. Arastirmanin Modeli

Aragtirmanin modeli agagidaki gibi kurulmustur. Buna gore;

p q
BIST, = a,+ Y a,BIST,_,+ > BVIX,  +¢,

i=1 Jj=0
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Modelde ;

“1” (=1,2,3,....,N) alt indisi farkli gecikme donemlerini temsil ederken
“t” indisi (02.07.2020 ile 31.07.2025 tarihleri arasindaki giinliik verileri) alt
indisi ise zamani ifade etmektedir.

BIST I ilgili donemdeki BIST100 Endeksi degerini

o, : sabit parametre

p : BIST100 degiskeni igin gecikme uzunlugu

q : VIX degiskeni igin gecikme uzunlugu

B, : Endeksin kendi gecikmeli degerlerinin katsayilarin

BIST ,: BIST100 Endeksi’nin i dénem gecikmeli degeri.

Y, : CDS degiskeninin gecikmeli degerlerine ait katsayilardir.
VIX ; :VIX endeksinin i dénem gecikmeli degeri.

VIX  :tdoneminde VIX endeksi degerini.

g : Hata terimi  seklinde ifade edilmektedir.

3.2.3. Arastirmanin Hipotezleri

Arastirmanin hipotezleri agagidaki gibi kurulmustur.

@ Hipotez 1

H,: BIST100 ile VIX endeksi arasinda kisa dénemli bir iliski yoktur.
H,: BIST100 ile VIX endeksi arasinda kisa donemli bir iliski vardur.
O Hipotez 2

H,: BIST100 ile VIX endeksi arasinda uzun donemli egbiitiinlesme
iligkisi yoktur.

H,: BIST100 ile VIX endeksi arasinda uzun donemli egbiitiinlesme
iligkisi vardir.
3.3. Aragtirmanin Degiskenleri

Aragtirmanin analizinde kullanilan degigkenler ve degiskenlere yonelik
aciklamalar tablo 1’de sunulmaktadir.
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Tablo 1: Avastuwmada Kullanidan Degiskenler

Degisken  Tiri Degisken Beklenen Kaynak Benzer
Kodu Tanimu Etki Calismalar
BIST100 Bagimh Borsa Negatif (VIX Borsa Saritag ve
Degisken  Istanbul’un Yiikseldiginde ~ Istanbul Nazlioglu
En Biiyiik Diigmesi (BIST) (2019),
100 Sirketinin Beklenir) Giirbiiz
Performansint (2024),
Olgen Endeks
VIX Bagimsiz  ABD Opsiyon Negatif Cboe, Aydin
Degisken  Piyasasinda (Kiresel Investing. (2025),
Volatiliteyi Risk Artinca Com Wang (2025)
(Risk Algisini) Bist100
Gosteren Endeks Diiger)
4. Bulgular

Caliymada VIX ve BIST100 endeks verilerinin yillar igerisindeki degisimi
grafikler araligiyla sunulmaktadir. Analiz kapsaminda oncelikle serilerin
duraganlk seviyelerinin belirlenmesi amaciyla Genigletilmis Dickey-Fuler
(ADF) birim kok testi kullanilmugtir. Ardindan VIX ile BIST100 endeksleri
arasindaki iligki incelenmesi igin ARDL testi uygulanmugtir.

BiST 100
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Grafik 1. BIST100 Endeksinin Yillar Itibariyle Degisimi
Kaynak: BIST, 2025
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Grafik 1’de Temmuz 2020- Temmuz 2025 dénemleri arasinda BIST100
endeksinin degisimi verilmektedir. Buna gore 2020 Temmuz-2025 Temmuz
doneminde BIST100 endeksi genel olarak yiikselen bir egilim sergilemekle
birlikte goriilen artig kesintisiz olmamig ve donemsel dalgalanmalar
igermektedir. COVID-19 pandemisinin ardindan 2020-2021 déneminde
endeks gorece yatay ve sinirl bir artig gosterirken 2021 sonu ve 2022 bagindan
itibaren yiiksek enflasyon ortamu, diigiik faiz politikasi ve hisse senetlerinin
enflasyona karg1 bir korunma araci olarak goriilmesi endekste belirgin bir
yikselise yol agmugtir. 2022 yili ortalarinda kiiresel para politikalarinin
sikilagmasi 6zellikle ABD Merkez Bankasr’nin faiz artirimlari ve artan kiiresel
belirsizlikler nedeniyle endekste dalgalanmalar ve diizeltme hareketleri
gozlemlenmigtir. 2023 yili itibartyla artan yerli yatinmar ilgisi endeksin
giiglii bir ytikselig sergilemesine neden olurken 2024 yilinda uygulanan siki
para politikalari, faiz artiglar1 ve kar realizasyonlar1 endekste gerilemelere
yol agmugtir. 2024 sonu ve 2025 Temmuz doneminde ise BIST100 endeksi
yiksek seviyelerini biiyiik 6lglide korumakla birlikte kiiresel risk algisi,
jeopolitik gelismeler ve piyasalardaki belirsizliklere bagli olarak dalgali bir
goriiniim sergilemistir.
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Grafik 2. VIX Endeksinin Yillar Ttibariyle Dejisimi
Kaynak: investing, 2025
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Grafik 2°’de Temmuz 2020- Temmuz 2025 donemleri arasinda VIX
endeksinin degisimi verilmektedir. Buna gore2020 Temmuz-2025 Temmuz
doneminde VIX endeksi genel olarak yiiksek oynaklik donemleri ile sakin
piyasa kogullarinin ardigik olarak yagsandigi dalgali bir seyir izlemistir.
COVID-19 pandemisinin etkilerinin devam ettigi 2020 yili boyunca VIX
endeksi gorece yiiksek seviyelerde seyretmigtir. Bu durum kiiresel piyasalarda
artan belirsizlik ve risk algisinin bir yansimasi olarak degerlendirilebilir. 2021
yilinda agilamanin yayginlagmasi ve ekonomik toparlanma beklentileriyle
birlikte VIX seviyelerinde belirgin bir diisiis gozlemlenirken 2022 yilinda
kiiresel enflasyon baskilari, ABD Merkez Bankasrnin faiz artirimlarr ve
jeopolitik riskler nedeniyle volatilitenin yeniden arttigi goriilmektedir. 2023
yilt boyunca kiiresel piyasalarda gorece istikrarli bir goriintim hakim olmus ve
VIX endeksi tarihsel ortalamalarina yakin ve diigiik seviyelerde seyretmistir.
Buna kargin 2024 ve 2025 yillarinda kiiresel para politikalarina iligkin
belirsizlikler, jeopolitik geligmeler ve finansal piyasalarda artan kirilganliklar
nedeniyle VIX endeksinde ani ve yiiksek sigramalar yaganmig fakat bu
artiglarin kalict olmadigr ve kisa stirede yeniden diigiig egilimine girdigi
gozlemlenmigtir. Bulgulara gore VIX endeksinin kiiresel risk algisina duyarh
bir gosterge oldugunu ve kriz, politika belirsizligi ve ok donemlerinde hizl
tepki verdigini ortaya koyulmaktadir. BIST100°deki yiikselis trendi 6zellikle
VIX’in diigiik seviyelerde kaldig1 donemlerle ortiigmektedir. VIXin yiikseldigi
zamanlarda BIST100’de dalgalanma veya diistisler dikkat ¢ekmektedir. Bu
ise negatif korelasyon beklentisini gli¢lendirmektedir.

4.1. Tanimlayici Istatistikler

Analiz kapsaminda degerlendirilen verilere ait tanimlayic istatistikler
tablo 2’de sunulmaktadir.

Tablo 2: Verilevin Ozeti
DEGISKENLER OBS ORTALAMA STANDART MAX MIN

SAPMA
BIST 100 1.260 5.269,361 3.520,694 11.172,75 1.034,400
VIX 1.260 20,1408 5,5900 52,3300 11,8600

Arasirmada 5 yilik donemi kapsayan giinliik frekanshi veriler
kullanilmaktadir.
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Analizde kullanilan degiskenler Augmented Dickey-Fuller (ADF) birim
kok testi ile analiz edilmigtir. ADF birim kok test sonuglart asagidaki tabloda
verilmektedir.

Tablo 3: VIX Igin Hem Sabit Hem Sabit + Trend ADF Testi Sonuglar:

Degisken Diizey/ Model  ADF p-degeri %1 %5 %10 Sonug
Fark Tirt  t-Istatistigi Kritik  Kritik  Kritik
Deger Deger Deger
VIX 1(0) Sabit -5.4647 0.0000 -3.4353 -2.8636 -2.5679 Duragan
VIX 1(0) Sabit + -5.9720 0.0000 -3.9654 -3.4134 -3.1287 Duragan
Trend
BIST100 1(0) Sabit -0.0605 09517  -3.4353 -2.8636 -2.5679 Duragan
degil
BIST100 1(0) Sabit + -2.2607 0.4548 -3.9654 -3.4134 -3.1287 Duragan
Trend degil
BIST100 I(1) Sabit -33.9101 0.0000 -3.4353 -2.8636 -2.5679 Duragan
BIST100 I(1) Sabit + -33.9065 0.0000  -3.9654 -3.4134 -3.1287 Duragan

Trend

Serilerin  duraganhik diizeyleri

dikkate alindiginda VIX’in 1(0),

BIST100%in ise I(1) diizeyinde duragan oldugu belirlenmistir. Bu nedenle
geleneksel Granger nedensellik testinin dogrudan uygulanmasi uygun
goriilmemis ve ARDL modeli tercih edilmigtir.

4.3. Modelin Uygun Gecikme Uzunlugu Secimi

Modelin uygun gecikme uzunlugunun segimi igin uygulanan analiz
sonuglari tablo 4’de verilmektedir.

Tablo 4: BIST100 ve VIX Servileri igin Uygun Gecikme Uzunlugn (VAR Modeli)

Gecikme LogL LR FPE AIC SC HQ
Uzunlugu
(Lag)

0 -15658.85 NA 2.95¢+08 25.17822 25.18646 25.18131
1 -10117.98 11055.01 40164.81 16.27650 16.30122* 16.28580
2 -10107.63 20.62854* 39756.48* 16.26628* 16.30749 16.28178*
3 -10106.23 2.785261 39922.98 16.27046 16.32815 16.29215
4 -10104.73 2.974764 40083.89 16.27448 16.34866 16.30237
5 -10102.28 4.851621 40184.09 16.27698 16.36763 16.31107
6 -10099.04 6.423903 40232.86 16.27819 16.38533 16.31848
7 -10094.48 9.008537 40196.74 16.27729 16.40091 16.32378
8 -10091.50 5.873142 40262.93 16.27894 16.41904 16.33162
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LR, FPE, AIC ve HQ kriterlerine gore uygun gecikme uzunlugu 2 olarak
secilmigtir. SC kriterine gore ise uygun gecikme 1’dir. Caligmada ¢ogunluk
kriter uyumuna gore gecikme uzunlugu 2 olarak kullanilmugtir.

4.4, ARDL Modeli Tahmin Sonuglar1

ARDL modeli tahmin sonuglar: tablo 5°de verilmektedir.

Tablo 5: ARDL(1, 2) Modeli Tahmin Sonuglary (Bagunls Degjisken: BIST 100)

Degisken Katsay1 (B) Std. Hata  t-Istatistigi  Olasilik (p)
BIST100(-1) 0.9989 0.0010 999.2670 0.0000
VIX -7.7498 1.6706 -4.6389 0.0000
VIX(-1) 1.8295 2.1750 0.8411 0.4004
VIX(-2) 4.4994 1.6749 2.6864 0.0073
Sabit (C) 42.0771 16.5922 2.5360 0.0113
Model Istatistikleri
R2 0.9991 F-Istatistigi  333,177.8
Diizeltilmis R2 0.9991 Prob(F) 0.0000
Std. Hata (Regresyon)  107.9850 AIC 12.2058
Gozlem Sayist 1,257 SC 12.2263
Durbin-Watson 1.9316 HQ 12.2135

Tablo 5% gore BIST100(-1) degiskeninin bir gecikmesinin kat sayist
oldukga yiiksek ve %5 anlamlilik diizeyinde anlamli oldugu goriilmektedir.
BIST100 endeksinde énceki dénemin etkisinin neredeyse benzer sekilde
devam ettigini gostermektedir. VIX degiskeninin %5 anlamlilik diizeyinde
istatistiksel olarak anlamli ve kat sayisinin -7,75 oldugu goriilmektedir. Buna
gore VIX endeksindeki %1’lik bir artis BIST100 endeksinde %7,75’lik bir
diisiige neden oldugunu soylenilebilmektedir. Kiiresel risk istahindaki artig
Borsa Istanbul’da diisiise yol agmakta oldugu goriilmektedir. Bu durum teori
ile de uyumludur. VIX endeksinin artmasi ile yatirimeilarin daha gok altin gibi
yatirim araglarina yonlendigi bilinmektedir. VIX(-1) degiskeni istatistiksel
olarak anlamli degildir. VIX endeksinin bir donem gecikmeli etkisi BIST100
tizerinde anlamli bir etkiye sahip olmadig seklinde yorumlanabilir. VIX(-
2) degiseni %5 anlamlibk diizeyinde anlaml ve kat sayisi pozitif oldugu
goriilmektedir. VIX endeksi soklarinin kisa vadede negatif etki yaratirken
iki donem sonra toparlanma etkisi olusturmakta oldugu goriilmektedir.
Buna gore yatirnmcilar VIX endeksinin yiikselmesiyle kisa vadede panigin de
verdigi irrasyonalite ile satis pozisyonu alirken sonraki donemlerde kismen
panigin yatigmasi ile hisse senedi piyasasini pozitif etkiledigi goriilmektedir.
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Modelde genel itibariyle istatistiki olarak anlamli ve teoriyle uyumlu sonuglar
elde edilmistir. VIX endeksindeki bir artis BIST100 endeksi iizerinde giiglii
ve negatif bir etkiye sebep olmaktadir. Bahsedilen etki kisa vadede diisiise
sebep olurken iki dénem sonra pozitif etkiledigi goriilmektedir. BIST100
degiskeninin gecikmeli degeri oldukg¢a baskin oldugu i¢in endeksin ge¢mig
hareketleri ile buglinkii seviyeyi tahmin etmenin miimkiin olabilecegi
goriilmektedir. Kurulan model genel itibariyle istatistiki olarak anlamli
ve agiklayici giicii yiiksektir. ARDL model tahmin sonuglarina gore VIX
endeksinde meydana gelen artiglar BIST100 tizerinde negatif ve anlamli bir
etkiye sahiptir. Bu durum kiiresel risk istahinin artmasinin Borsa Istanbul’da
deger kaybina yol agtigin1 gostermektedir. Ancak VIXin iki donem gecikmeli
katsayisinin pozitif ve anlamh ¢ikmasi, piyasalarda ilk soklarin ardindan
belirli bir toparlanmanin yagandigini ortaya koymaktadir.

4.5. ARDL Bounds Testleri Sonuglar1

Analize dahil edilen aragtirma donemi itibariyle BIST100 ve VIX
degiskenlerinin kisa donemli iligkileri aragtirilmig ve bazi gecikmeli degerlerin
BIST100 iizerinde istatistiksel olarak anlamli oldugu sonucuna ulagilmustir.
BIST100 ve VIX degiskenleri arasindaki uzun donemli iligkiyi test etmek
amaciyla Bounds testi uygulanarak uzun dénem esbiitiinlesmenin varhig test
edilmek istenmistir. Tablo 6’da modelin uzun dénem kat sayilar1 bounds test
sonuglar verilmektedir.

Tablo 6: ARDL(1, 2) Uzun Donem Katsayilar: ve Bounds Test Sonuglar:
(Bagumly Degisken: ABIST 100, Model: ARDL(1, 2), Case 2: Sabit, Trend Yok)

Degisken Katsayi (p) Std. Hata t-Istatistigi Olasilik
(p)

Kisa Donem Katsayilar:
(Error Correction Model)
C 42.0771 16.5922 2.5360 0.0113
BIST100(-1) -0.0011 0.0010 -1.1253 0.2607
VIX(-1) -1.4209 0.6474 -2.1949 0.0284
AVIX -7.7498 1.6706 -4.6389 0.0000
AVIX(-1) -4.4994 1.6749 -2.6864 0.0073
Uzun Donem Katsayilar:
VIX -1263.1610 972.8104 -1.2985 0.1944
Sabit (C) 37405.9574 25035.42 1.4941 0.1354
Bounds Test Sonuglar:
F-statistic 3.6557 Kritik Degerler

(%5) 1(0): 3.62

/1(1): 4.16

Gozlem Sayist 1,257 k=1




64 | BIST100 Endelsi ile VIX Endelesi Avasindaki Hiskinin Ampirik Analizi

Tablo 6’da BIST100 ve VIX degiskenlerinin uzun dénem iliskisinin test
sonuglar1 verilmektedir. Buna gore uzun donem kat sayilarinin istatistiki
olarak anlamli ¢ikmadigi goriilmektedir. BIST100 ve VIX degiskenleri
arasinda analiz edilen donem verilerine gore uzun dénemde kalici bir iligkinin
varligr tespit edilememistir. Bounds test sonuglarina gore 1(0)’in iizerinde
I(1) in altinda oldugu goriilmektedir. Sinirda bir egbiitiinlesme oldugu ifade
edilebilir.

Bulgulara gore VIX endeksindeki artiglarin BIST100 iizerinde kisa
donemde giiglii ve anlamli negatif etkilere yol a¢tig1 fakat uzun dénemde
degiskenler arasinda istatistiksel olarak giiglii bir esbiitiinlesme iligkisinin
bulunmadig goriilmektedir. Buna gore risk algisinin etkisi kalict olmamakla
birlikte daha ¢ok kisa vadeli soklar1 piyasay: etkiledigi ifade edilebilir. Uzun
donem katsayilar1 anlamsiz ¢iktig1 i¢in modelde giiglii bir uzun doénem
esbiitiinlesme iligkisi bulunmadig séylenebilir.

4.6. Modelin CUSUM Test Sonucu
Olusturulan modelin  kararhligim1 aragtirmak igin CUSUM  grafigi

gizilmigtir.
120
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—— CUSUM  ———— 5% Significance

Sekil 1 : Modelin CUSUM Sonuglar:

Sekil 1’de yer alan CUSUM grafigi incelendiginde olugturulan modelin
kat sayilarmmin %5 anlamlilik smnurlart iginde anlamli ve kat sayilarinin
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istikrarli oldugu soylenilebilmektedir. Incelenen donemde verilerin yapisal
kirilma gostermedigi ve modelin giivenilir oldugu ifade edilebilmektedir.
Sonug olarak modelin kisa donem ve uzun donem katsayilar1 igin yapilan
tahminler istikrarhidir. Dolaysiyla katsayilarin degismedigi ve modelin
ongorii giiciiniin giivenilir oldugu soylenebilmektedir.

6. Sonug ve Degerlendirme

Bu caliymada BIST100 ve VIX endeksleri arasindaki iliski ARDL
yaklagimi gergevesinde incelenmigtir. ADF testleri sonucunda BIST100%in
birinci farkta duragan, VIX’in ise diizeyde duragan oldugu belirlenmis ve
bu durum ARDL yo6nteminin kullanimini miimkiin kilmistir. Elde edilen
bulgulara gore kisa donemde VIX endeksindeki degisimlerin BIST100
tizerinde istatistiksel olarak anlamli ve negatif bir etki yarattigi goriilmektedir.
Ozellikle VIX’teki artiglarin BIST100 endeksini diisiiriicii yonde etkiledigi ve
kiiresel risk algisinin Tiirkiye hisse senedi piyasasi tizerinde belirgin bir baski
olusturdugu sonucuna ulasilmistir. Uzun donem katsayilari ise istatistiksel
olarak anlamli bulunmamugtir. Dolayisiyla BIST100 ile VIX arasinda kalict
bir egbiitiinlesme iligkisi olmadigina igaret etmektedir. Bounds testi sonuglari
da bu bulguyu desteklemektedir. Kiiresel belirsizlik gostergelerindeki
hareketlerin Tiirkiye piyasalarinda daha ¢ok kisa vadeli dalgalanmalara yol
a¢t1g1 ve uzun donemde ise bu etkinin zayifladigi soylenebilir.

Genel olarak aragtirma  bulgular1  BIST100’tin uluslararasi  risk
gostergelerine duyarlt bir yapiya sahip oldugunu gostermektedir. Bahsedilen
etkinin kisa vadeli ve gegici oldugu da analiz sonuglarina gore elde edilmistir.
Buna gore yatirnmcilarin portfoy yonetiminde kiiresel risk algisini dikkate
almalarinin  dogru bir tercih olacagi ve finansal piyasalarda istikrar
giiglendirecek diizenlemeler agisindan 6nem verilmesi gereken bir gosterge
oldugu goriilmektedir. Bu aragtirmanin temel kisitlarindan biri yalnizca
BIST100 ve VIX endeksleri arasindaki iligkiye odaklanmasidir. Caligmada
kullanilan veri seti tek bir tilke ve sinirhi degiskenleri kapsadigr igin sonuglarin
genellenebilirligi sinirhdir. Gelecek ¢aligmalarda farkl volatilite gostergeleri,
alternatit’ ekonometrik yontemler ve daha uzun donemleri dahil eden veri
setleri kullanilabilir.
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Bolum 5

Finansal Piyasalarda Giiven ve Risk Altinda

Yapilan Yatirimlarin Endeks Fiyatlarina Etkast:
BIST 30 Endeksi Ornegi

Aysegiil Ertugrul

Ozet

Finansal piyasalarda hisse senedi yatirimlari gegmisten giiniimiize gelene
kadarki stirecte halen 6nemini korumaktadir. Tasarrufsahipleri yatirim kararlari
verirken 6zellikle belirsizlik ortamlar ve giiven durumlarinda farkli tutumlar
sergileyebilmektedirler. Yatirimecilarin tutumlarina gore sekillenen yatirimlar
ise menkul kiymetlerin fiyatlarinda degisikliklere neden olmaktadirlar. Bu
caligmada borsa yatirimailarinin giiven ortami ve belirsizligin yogun oldugu
donemlerdeki yatirim tutumlarinimn endeks fiyatlarini etkileyip etkilemedigi
analiz edilmeye caliglmistir. Aragtirmanin temel dayanak noktast olan
Davramigsal Finans teorileri baz alinarak olusturulan modelde, Finansal
Hizmet Giiven Endeksi(FHGE), Reel Kesim Giiven Endeksi (RKGE),
Tiiketici Giiven Endeksi (TGE) gibi yatirrmcilarin finansal piyasalara olan
giiveninin ol¢iildiigii endeksler ile belirsizlik ve degiskenligin olgiisii olan
Volatilite Endeksi (VIX) bagimsiz degiskenler olarak modele dahil edilmistir.
Bagimli degisken olarak ise giiglii isletmelerin yer aldigi BIST 30 endeksi
kapanig fiyatlarina ait veriler degerlendirilmistir. Analiz donemi olarak
2012:01-2025:10 donemlerine ait aylik veriler kullanilmistir. Modelde
iligkilerin tespiti igin Birim Kok Testleri sonucunda ARDL smr testi
yapilmasinin uygun olacagi sonucuna varilarak, uzun ve kisa donem iligkiler
degerlendirilmistir. Ardindan Toda-Yamamoto nedensellik testi ile nedensellik
iliskileri degerlendirilmistir. Elde edilen sonuglara gore LNFHGE, LNRKGE
ile LNFIYAT arasinda uzun dénemde pozitif iligki bulumugken, LNGE ve
LNVIX ile LNFIYAT arasinda negatif iliski elde edilmistir. Kisa donemli
olarak ise, LNRKGE ile LNFIYAT arasinda pozitif bir iliski bulunmugken,
LNVIX ile LNFIYAT arasinda beklenildigi gibi negatif yonlii bir iliski elde
edilmistir. Ancak LNFHGE ve LNTGE ile LNFIYAT arasinda kisa donemli
bir iligki tespit edilememistir. Toda-Yamamato nedensellik sonucuna gore ise

tiim degiskenlerden LNFIYAT endeksine dogru bir iligki tespit edilmistir.
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1. Girig

Finansal piyasalar ge¢migten giiniimiize gelene kadar 6nemli degisimler
gecirmig olsa da hisse senedi yatirimlari bu piyasalarda gelir saglama
fonksiyonu agisindan 6nemini korumaya devam etmektedir (Saatgioglu,
2005: 152; Ganiev, 2014:118). Finansal piyasalarin derinligi ise finansal
varliklarin gesitlenmesini saglayan en 6nemli unsurlardan biridir (Oztiirk
vd., 2010: 98; Bagci, 2025: 648). Finansal piyasalar ne kadar derin ve
tam rekabet piyasalarina yakinsa finansal varliklardan beklenen getiriler
gerceklesen getiriye o kadar yakin olacakur (Tufan ve Sarigigek, 2013:
164). Finansal varlik yatinmailart finansal piyasalarda hem tasarruflarinin
erimesini engellemek hem de ekstra getiriler elde edebilmek amaciyla
vatirimlar gergeklestirmektedirler. Ancak finansal piyasalarin etkin olmadigt
durumlarda yatinmcilarin bekledikleri getiriler ile gergeklesen getirileri
arasindaki farkin da yiikselecegi beklenmektedir.

Finansal piyasalarin etkin olup olmadigi konusu birgok akademisyen
tarafindan gerek yerel gerekse de uluslararasi piyasalar igin test edilmig olsa da
piyasalarin hangi formlarda etkin olup olmadiklart konusunda hentiz net bir
tikir birligi olugmamugtir. Son zamanlarda piyasalarin etkin olmadigi goriigiinii
savunan aragtirmacilar piyasalarin, yatirnmcilarin duygusal ve psikolojik
faktorlerden etkilendigini (Ayranci, 2020: 15; Yesildag ve Karahan, 2021:
56) ve yatirimcilarin kararlarini verirken duygusal davranabildiklerini ifade
etmiglerdir (Aydin ve Agan, 2016: ). Bu goriis literatiirde Davranigsal Finans
olarak tanimlanmaktadir. Davranigsal Finans teorisine gore, yatirimcilar her
zaman rasyonel davranamamaktadirlar (Oztopgu, 2016; Sansar, 2016:1306).
Rasyonellige dayanan geleneksel teorilerin aksine yatirimcilarin her zaman
kendi faydalarini maksimize edecek kararlari alamadiklar ifade edilmektedir.
Geleneksel teoriye gore, yatinm kararlar finansal varliklardan beklenen
getiri ve riske gore karar verildigini savunmaktadirlar (Tekin, 2016:76;
Usul, 2020: 226; Delice, 2023). Yatirrmcilar ayni risk diizeyinde getirisi en
yiiksek finansal varliga yatirim yaparken, ayni getiri diizeyinde ise minimum
risk diizeyine sahip varliklar1 tercih edeceklerdir. Ancak yatirimcilarin kazang
veya kayip durumlarina gore risk algilarinin farkli olabilecegi Davranigsal
Finans teorisinde tartigtlan Onemli bir faktor olmaktadir. Yatirimecilarin
kayip durumlarina karg1 daha hassas davranmalari ile kaybetme durumunda
daha fazla risk alma egilimi gosterirken; kazan¢ durumlarinda ise risk
alma egilimlerinin azaldig: ifade edilmektedir (Akdeniz ve Turan, 2021:
1018). Ayni zamanda yatinmcilarin risk alma egilimlerinin kendilerine
duyduklar: giiven ile de farklilagabilecegi de yine tartigilan konular arasinda
yer almistir. Ornegin yatirimcilarin asirt giivenli (Taner ve Akkaya, 2005:
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48) tutum sergilemesi, yatirnmdaki riskleri gorse dahi tepkisiz kalacagini
diisiindiirmektedir.

Finansal piyasalarda belirsizliklerin ve istikrarsizliklarin yogun oldugu
zamanlarda yatinmcilar, sabit getirili menkul kiymetlere yatirrm yapma
egilimindeyken (Gacar, 2009:36), belirsizlik ve oynakliklarin diigiik oldugu
donemlerde ise daha riskli olarak tanimlanabilecek sabit getiri garantisi
sunmayan menkul kiymetlere yatirrm yapmayi tercih etmektedirler (Aksoy
ve Sahin, 2009: 6). Bu durum da ashinda finansal piyasalarda belirsizlik,
oynaklik ve giiven faktorlerinin yatinmcilarin tercih ettikleri menkul
kiymet yatirimlarini etkilediklerini diistindiirtmektedir. Ister bireysel ister
kurumsal yatirimcilar olsun duygusal faktorler menkul kiymet yatirimlarini
etkilemekte ve bu durumun nihai sonucu olarak ta menkul kiymet fiyatlari
da etkilenmektedir. Giivenilir ortamlarda yatirnmcilarin hisse senedi gibi sabit
bir getiri garantisi sunmayan bir finansal varliga yatirim yapilma egilimini
artirmast beklenirken, oynakliklarin yiiksek oldugu donemlerde ise sabit
getiri sunmayan hisse senedi yatirimlar1 azalacak ve bu durumda endeks
fiyatlarini olumsuz etkileyebilecektir.

Bu ¢aligmada finansal piyasalardaki psikolojik faktorlerin yani giiven ve
belirsizlik durumlarinin hisse senedi endeks fiyatlar: iizerindeki etkisinin
degerlendirilmesi amaciyla olusturulmugtur. Caliymanin, yatirimcilarin
kendilerini giivende hissettikleri donemde risk alma egilimlerinin artip
artmadiginin test edilmesi ve aymi zamanda riskli donemlerde giivenilir
limanlara siginilip sigmilmadiginin test edilmesi agisindan literatiire katki
sunmasi beklenmektedir. Ayn1 zamanda daha 6nceki ¢aligmalarda ya giiven
endeksleri ile fiyat iliskisinin ya da volatilite durumu ile fiyat iligkisinin
degerlendirildigi goriiliirken, her iki durumunda fiyat tizerindeki etkisinin
degerlendirildigi nadir ¢ahiymalardan olmasi agisindan da literatiirdeki
boslugu doldurmasi beklenmektedir.

2. Literatiir Taramasi

Caliymanin bu agamasinda borsada islem yapan yatirimcilarin psikolojik
faktorlerinin yatirim kararlarina etkisi ve bu etkilerin endeks ve hisse fiyatlart
tizerindeki etkisinin degerlendirildigi ulusal ve uluslararasi ¢aligmalara yer
verilmistir.

Hsu vd. (2011) yapmig olduklart aragtirmalarin 21 adet tilkenin 1999-
2007 yullart arasindaki verilerini kullanarak, tiiketici giiven endeksleri ile
borsa endeksleri arasindaki iligkiyi incelemiglerdir. Elde edilen bulgulara
gore bazi endeksler arasinda cift yonlii bir nedenselligin oldugu sonucuna
varmuglardir. Ferrer vd.(2016) tiiketici giiven endeksleri ile hisse senedi
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piyasalart arasindaki nedensellik iligkilerini incelemis ve giiven endeksleri
ile hisse senedi piyasalar1 arasinda pozitif yonlii bir iligki oldugu sonucuna
varmuglardir.

Chandra ve Thenmozhi (2015) Hindistan’da VIX endeksi ile hisse
senedi getirileri arasindaki asimetrik iligkiyi degerlendirmislerdir. Hindistan
VIX endeksi ile Hindistan hisse senetleri getirileri arasinda negatif bir iligki
oldugu goriilmiistiir.

Sadeghzadeh (2018) ¢alismasinda BIST 100 endeks fiyatlarini etkileyen
psikolojik faktorleri degerlendirmistir.  Psikolojik faktorler olarak VIX
korku endeksi ve Tiiketici Giiven Endeksi degiskenlerini ele almigtir. Analiz
donemi olarak 2004:01-2018:04 zaman araligin degerlendiren aragtirmaci
uzun vadeli olarak VIX endeksi ile endeks fiyatlar1 arasinda negatif bir iligki
oldugu sonucuna ulagmigken, tiiketici giiven endeksi ile de literatiirden farkl
olarak endeks getirileri arasinda negatif bir iligki oldugu sonucuna varmustir.
Kisa vadede ise VIX korku endeksi ile yine negatif bir iliski bulunmusken,
tiiketici gliven endeksi ile pozitif bir iligki tespit etmistir.

Basarir (2018), VIX endeksi ile BIST 100 arasindaki nedensellik
iligkisini 2000:01- 2018:02 donemleri i¢in degerlendirmis ve BIST 100
endeksinden VIX endeksine dogru kisa ve uzun dénemli bir nedensellik
tespit edememigken, VIX endeksinden BIST 100 endeksine dogru hem
uzun hem de kisa donemli bir nedenselligin oldugu sonucuna varmustir.

Oner vd. (2018) arastirmalarinda gelismekte olan iilke piyasalart endeks
getirileri ile VIX korku endeksi arasindaki iliskiyi incelemiglerdir. Geligmekte
olan iilkeler olarak ise, Tiirkiye, Sili, Arjantin, Tayland, Tayvan, Meksika
ve Polonya verileri alinmistir. 2016:10 ile 2017:05 donelerine ait verileri
kullanan aragtirmacilar nedensellik testi sonucuna gore Arjantin harig
tiim iilke endeks getirileri ile VIX endeksi arasinda uzun ve kisa donemli
nedensellik iligkisi tespit etmislerdir.

Bagtiirk 2019 yilinda yapmis oldugu arastirmasinda Tiiketici Giiven
Endeksi ile BIST 100 endeksi arasindaki uzun ve kisa donemli iligkiyi
2004:01- 2019:03 donemleri igin incelemistir. Analiz yontemi olarak
Johansen egbiitiinlesme ve Granger nedensellik testlerini kullanmistir. Elde
ettigi sonuglara gore uzun vadede her hangi bir iligki tespit edememisken,
kisa donemde ise BIST 100 endeksinden Tiiketici Giiven Endeksine dogru
bir nedenselligin oldugu sonucuna varmugtir. Kale ve Akkaya (2016) ise
reel kesim giiven endeksi ile hisse senedi piyasalar: arasinda cift yonlii bir
iligki oldugu sonucuna varmuglardir benzer gekilde Fisher ve Statman (2003)
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aragtirmalarinda S&P 500 endeksi ile Tiiketici Giiven Endeksi arasinda giiglii
ve pozitif bir iliskinin varligini tespit etmislerdir.

Sarwan ve Khan (2017) yapmis olduklar1 ¢aligmalarinda VIX korku
endeksi ile Latin Amerika tilkeleri (Meksika, Kolombiya, Peru, Brezilya, $ili)
hisse senedi getirileri arasindaki nedensellik iligkisini kriz 6ncest, kriz ve kriz
sonrast donem olarak ayr1 ayr1 incelemiglerdir. Elde ttikleri sonuca gore kriz
sonrast donemde VIX korku endeksi ile hisse senedi getirilerine dogru bir
nedenselligin varlig: bulgusuna ulagmuglardir.

Altuntag ve Ersoy (2021) aragtirmalarinda BIST 100 endeksi ile tiiketici
giiven endeksi ve VIX korku endeksi arasindaki iligkiyi 2007:01- 2020: 08
donemleri aylik verilerini kullanarak incelemiglerdir. Elde ettikleri sonuglara
gore BIST 100 endeksinden tiiketici giiven endeksine dogru ve ayni
zamanda VIX korku endeksinden BIST 100 endeksine dogru bir nedensellik
oldugu sonucuna varmuglardir. Iltag ve Giizel (2021), 2010:01-2020:06
donemlerinde BIST 100 endeksi ile VIX ve CDS primleri arasindaki iligkiyi
incelemigler ve VIX endeksinden BIST 100 endeksine dogru tek yonlii bir
nedenselligin oldugu sonucuna varmiglardir. Ayni zamanda CDS primleri
ile BIST 100 endeksi arasinda ¢ift yonlii bir nedensellik iligkisinin varlig
sonucuna ulagmuglardir.

Giil vd. (2024) arastirmalarinda BIST 100 endeksi ile Finansal Hizmet
Giiven Endeksi, Reel Kesim Giiven Endeksi, VIX Korku Endeksi, CDS
primleri, Risk Istah1 Endeksi ve Ekonomik Giiven endeksi arasindaki iligkiyi
2012:05- 2024:03 donemleri igin degerlendirmislerdir. Elde ettigi sonuglara
gore BIST 100 endeksi ile CDS ve Tiiketici Gliven Endeksi arasinda gift yonlii
bir nedensellik iliskisi oldugunu tespit etmiglerdir. Ekonomik Giiven Endeksi
ve Risk Istahi Endeksi'nden BIST 100’ dogru ve BIST 100°den Tiiketici
Giiven Endeksi’ne dogru tek yonlii iligki oldugu sonucuna varmuglardir.

Han (2024) aragtirmasinda tiiketici giiven endeksi ve korku endeksi ile
BIST 100 arasindaki nedensellik iligkisini test etmigtir. 2008:01-2023:12
donemlerine ait aylik verileri kullanan aragtirmac tiiketici giiven endeksi ve
VIX korku endeksinde yaganan bir artisin BIST 100 endeksinde bir azalmaya
neden oldugu sonucuna varmiglardir. Saritag ve Nazhoglu (2019) VIX korku
endeksi ile BIST 100 ve doviz kurlar arasindaki iligkiyi degerlendirmigler
ve VIX endeksi ile BIST 100 endeksi arasinda negatif bir iligkinin varligini
tespit etmiglerdir.

Shah (2024) makalesinde VIX korku endeksi ile S&P 500 endeksi

arasindaki nedensellik iligkisini Grnager nedensellik testi ile incelemiglerdir.
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Elde ettikleri sonuca gore VIX endeksi ile S&P 500 endeksi arasinda gift
yonli anlaml bir iligkinin oldugu sonucuna varmuglardir.

3. Arastirma

3.1. Aragtirmanin Amaci ve Veri Seti

Bu ¢aliyjma borsa yatinmcilarinin  psikolojik faktorlerinin - yatirim
davraniglarina ve dolayisiyla da hisse senedi fiyatlarina nasil yansidigini
degerlendirmek amaciyla olugturulmustur. Piyasalarin etkin olup olmadigt
konusu bir¢ok aragtirmaci tarafindan analiz edilmig ve degerlendirilmis olsa da
bu konuda net bir fikir birliginin olusmadig sdylenebilmektedir. Piyasalarin
etkin olmamasinin en temel sebebinin ise insan psikolojisi ve bu psikolojik
faktorlerin hisse senedi fiyatlarini etkileyebileceginin savunulmasidir. Bu
caliymada da psikolojik faktorleri baz alarak olusturulan Finansal Hizmet
Giiven Endeksi, Reel Kesim Giiven Endeksi, Tiiketici Giiven Endeksi ve
VIX volatilite endeksinin BIST 30 fiyatlan {izerinde uzun ve kisa donemli
etkisinin olup olmadiginin degerlendirilmesidir. Bu amag¢ dogrultusunda
veriler Tirkiye Merkez Bankasi Elektronik Veri Dagitim Sistemi (EVDS)
ve Investing. net web sitesinden alinmigtir. Analiz donemi olarak 2012:01-
2025:10 araligr verileri alinmistir. Aragtirmada kullanilan degiskenler ve
onlara ait kisaltmalar Tablo 1’de sunulmustur.

Tblo 1. Degjiskenler ve Kisaltmalar

Degiskenler Kisaltmalar

Bagimli Degigken- BIST 30 agilig fiyati LNFIYAT

Bagimsiz Degisken- Finansal Hizmet Giiven Endeksi | LNFHGE

Bagimsiz Degisken- Reel Kesim Giiven Endeksi LNRKGE
Bagimsiz Degisken- Tiiketici Giiven Endeksi LNTGE
Bagimsiz Degisken — Volatilite Endeksi LNVIX

Cahymanin verileri uyum saglamasi ve daha anlamli sonuglar elde
edilebilmesi amaciyla LN degerleri alinarak modele dahil edilmis ve
aragtirmanin hipotezleri agagidaki gibi olusturulmustur.

HI: Finansal Giiven Endeksi Fiyat1 Etkilemektedir.
H2: Reel Kesim Giiven Endeksi Fiyat1 Etkilemektedir

H3: Tiketici Gliven Endeksi Fiyat1 Etkilemektedir.
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H4. VIX Endeksi Fiyat1 Etkilemektedir.

Hipotezler olugturulurken psikoloji temelli degigkenlerin BIST30 endeks
fiyatlarim1 uzun ve kisa vadede etkiledikleri temeline dayandirilmistir.
Ancak beklenen etkilerin yonleri de 6nem arz etmektedir. Finansal Giiven,
Reel Kesim Giiven ve Tiiketici Giiven endeks degerleri ile fiyat arasindaki
iliskinin pozitif yonlii olacagr ancak Korku endeksi olarak ta bilinen VIX
endeks degerindeki artigla fiyat arasinda negatit yonlii bir iliski olacag:
diigtiniilmektedir. Aragtirmada kullanilan bagimli ve bagimsiz degiskenlerin
tanimlayicr istatistikleri Tablo 2’de ve degiskenlerin grafikleri Sekil 1°de
sunulmugtur.

Tablo 2. Degiskenlerin Tanwminywcr Istatistikleri

LNFHGE | LNRKGE LNTGE LNFVIX LNFIYAT

Ortalama 5.08 4.64 4.43 2.83 7.49
Ortanca 5.11 4.65 4.44 2.79 7.12
Maksimum 5.23 4.73 4.58 3.98 943
Minimum 4.77 4.13 4.15 2.25 6.43
Stnd.

Sapma 0.08 0.06 0.08 0.29 0.88
Gozlem 166 166 166 166 166
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Sekil 1. Degiskenlerin Zamana Bagly Degisim Grafigi

3.2. Arastirmanin Yontemi

Caligmada iliskilerin tespitinde kullanmilan yonteme karar vermek igin,
serilerin hangi seviyede duragan olduklarinin tespit edilmesi ve elde edilen
sonuca gore analiz yontemine karar verilmesi gerekmektedir. Bu amag igin
degiskenlere oncelikle Birim Kok testlerinden Augmented Dickey Fuller- ADF
ve Phillips Perron- PP yapilmugtir. Ardindan analiz doneminin uzun olmast
dolayisiyla yapisal kirilma testlerinden tek yapisal kirilmayr inceleyen Zivot-
Andrews yapilmig ve yapisal kirilma tarihleri belirlenerek yapisal kirilmalar
ile birlikte serilerin duraganliklart test edilmigtir. Duraganhk testlerinin
ardindan tiim degiskenlerin ayni seviyede duragan olmadiklari goriilmiis ve
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ayni seviyede duragan olmayan testler i¢in uzun ve kisa donemde iligkilerin
tespit edilmesine olanak saglayan ARDL sinir testi uygulanmigti. ARDL
testi uygulanmadan once ise VAR yontemi ile gecikme uzunlugu tespit
edilmigtir. ARDL sinir testi yapilmasinin ardindan uzun dénemli katsayi
tahmini ve ardindan Vektor Hata Diizeltme modeli ile kisa donemli iligki
katsayilart ile katsayilarin yonleri tespit edilmistir. ARDL sinir testinden elde
edilen katsayilarin anlamli olmasi ancak varsayimlarin saglanmasina baghdir.
Bunun i¢in ise ARDL simur testinin varsayimlar1 stnanmig ve varsayimlarin
saglanmasindan sonra

ARDL simur testi ile uzun ve kisa donemli iligkilerin tespitinden sonra,
ayni seviyede duraganhiga ihtiya¢ duymayan nedensellik iligkilerinden Todo-
Yamamoto testi yapilmug ve nedensellik iligkileri de tespit edilmistir.

3.3. Bulgular

Bu baglik altinda aragtirmada kullanilan testler ve testler sonucunda elde
edilen sonuglar sunulacaktir. Tlk olarak degiskenlerin duraganliklari test
edilmis ve birim kok testi sonuglarina yer verilecektir.

3.3.1. Birim Kok Testleri

Aragtirmada biiyiik 6nem arz eden degiskenlerin duraganhgin test
edilmesi amaciyla yapisal kirilmali ve kirllmasiz birim kok testleri ve bu test
sonuglarina ait bulgular bu baglik altinda sunulmustur.
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Tablo 3 incelendiginde LNFIYAT degiskeni hari¢ tiim degiskenlerin
%5 anlam diizeyinde hem seviyede hem de birinci farkta duragan olduklari
goriilmiigtiir. Degiskenlerin yapilan iki test sonucuna gore ayni seviyede
duraganlagtiklar1 goriilse de LNFHGE, LNRKGE, LNTGE ile LNVIX
degiskenlerinin seviyede de duragan olduklart sonucuna varilmistir.
Degiskenlere bu agidan farkli seviyelerde duraganhk olmasi durumunda
da anlamli sonuglar verecegi bilinen ARDL siir testi yapilmugtir. Sinir
testi analizine gecilmeden Once degiskenlerin yapisal kirilma durumunda
duraganhig test edilmis ve elde edilen sonuglar Tablo 4’te belirtilmistir.

Tablo 4. Yapisal Kuwrimals Bivim Kok Testi Sonuglare- Zivot Andrews

H ; Degishen yapisal kurdma ile bivlikte bivim kok icerir

Degisken Test Istatistigi Olasilik Kirilma Tarihi
LNFHGE -6.44 0.008 2018-09
LNRKGE -6.87 0.000 2020-08
LNTGE -5.24 0.010 2021-10
LNVIX -6.28 0.000 2020-01
LNFIYAT -3.62 0.000 2021-12

Tablo 4 incelendiginde tiim degiskenler igin %5 anlam diizeyinde
H, hipotezi reddedilmis ve degiskenlerin yapisal kirilma ile birlikte birim
kok igermedigi sonucuna varilmistir. Bu agidan analiz doneminde kirilma
yaganan donemlerde modele dahil edilmistir. Degigkenlerin yapisal kirilma
donemlerine ait grafikler ise Sekil 2°de sunulmustur.
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Degiskenlere birim kok testi uygulanmasinin ardindan VAR ile uygun
gecikme uzunlugu belirlenmigtir.

3.3.2. VAR ile Uygun Gecikme Uzunlugu Tespiti

Aragtirmada ARDL sinir testi uygulanmadan 6nce degiskenler i¢in uygun
gecikme uzunlugunun belirlenmesi gerekmektedir. Bu amag iginse VAR
testi yapilmugtir. VAR testi sonuglarina gore uygun gecikme uzunlugunun 4
oldugu goriilmiistiir.
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Tablo 5. Uygun Gecikme Uzunlugn Tespiti

Gecikme LogL LR FPE AIC SC HQ

0 351.7475 NA 8.54¢-09 | -4.389209 | -4.292292 | -4.349850
1 1039.155 | 1322.607 | 2.88e-12 | -12.39314 | 10.35787 | -11.56659
2 1059.985 | 38.75989*| 2.06e-12 | -12.72133 | -11.65524 | -12.28838
3 1069.940 | 17.89416 | 2.49¢-12 | -12.53089 | -10.98021 | -11.90114
4 1084.058 | 24.48251 | 1.95¢-12* [-12.77411*(-12.19261* |-12.53796*
5 1102.065 | 30.08700 | 3.16e-12 | -12.30462 | -9.784759 | -11.28127
6 1116.096 | 22.55688 | 3.68e-12 | -12.16577 | -9.161328 | -10.94563
7 1135.513 | 29.98597 | 4.00e-12 | -12.09510 | -8.606072 | -10.67816
8 1159.177 | 35.04667 | 4.15e-12 | -12.07819 | -8.104572 | -10.46446

Tablo 5 incelendiginde uygun gecikme uzunlugunun 4 oldugu goriilmiis

ve bu gecikme uzunlugu igin otokorelasyon ve egvaryanshk testleri
yapilmugtir. Otokorelasyon testi sonucuna gore 0.825>0.05 oldugundan
modelde otokorelasyon sorununun olmadig goriilmiistiir. Ayni zamanda
es varyanslik testi de yapilmig ve test degerinin 0.632 oldugu yani 0.05
degerinden biiyiik oldugu goriilmiistiir. Modelde farkli varyanslik sorununun
olmadig1 sonucuna varilmigtir. Ayni zamanda AR ters kok poligonuna gore

ise tiim degigkenlerin gember iginde kaldigr goriilmiigtiir.
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Sekil 3. AR Ters Kok Poligonu
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3.3.3. ARDL Sinir Testi Sonuglar:

Aragtirmanin bu samasinda ARDL sinir testi ile uzun ve kisa donemli
degiskenler arasindaki iligkiler degerlendirilmistir. Oncelikle F simr testi
sonucuna gore degiskenler arasindaki uzun donemli iliski incelenmis ve
BIST 30 endeks fiyatlarinin modele dahil edilmis olan endeksler ile iligki
katsayilar1 yorumlanmugtir. Modelin F testi sonucu Tablo 6°da belirtilmisken,
katsayilar ve katsayilarin anlamhliklarina ait sonuglar Tablo7’de sunulmustur.

Toblo 6. ARDL Swr Testi Usun Dinem 1liski Tespiti

Tahmin edilen model:
LNFIYAT=a+bl1*LNFHGE+b2*LNRKGE+b3*LNTGE+b4*LNVIX
H,: Esbiitiinlesme yoktur
F degeri 4.56
Anlamhlik seviyesi Kritik Deger

1(0) 1(1)
%1 3.74 5.06
%5 2.86 4.01
%10 2.45 3.52

Elde edilen sonuglara gore %5 anlam diizeyinde F (4.56) istatistik
degerinin 4.01 kritik degerinden yiiksek oldugu ve bu durumda iligki
olmadigim savunan H; hipotezinin reddedildigi sOylenebilmektedir. Yani
degiskenler arasinda uzun dénemli bir iliskinin oldugu goriilmektedir.

Tablo 7. Uzun Dinem Iligki Katsay: Dejerleri

Degiskenler Katsay1 T istatistigi Olasilik
Sabit 9.22 3423 0.00*
LNFHGE 2.31 10.82 0.02*
LNRKGE 1.98 5.24 0.03*
LNTGE -0.47 5.98 0.00*

LNVIX -3.89 15.76 0.03*

Tablo 7 degerlendirildiginde INFHGE ile LNFIYAT arasinda uzun
donemde pozitif yonlii bir iligki oldugu ve bu iligkinin de %5 anlam diizeyinde
anlaml oldugu gortilmektedir. LNFGHE’de yaganan bir birimlik degisimin
LNFIYAT iizerinde 2.32 birimlik artisa neden olacag goriilmiistiir. Benzer
sekilde LNRKGE’nden LNFIYAT degiskenine dogru pozitif bir etkinin
oldugu bulgusu elde edilmigtir. Bu etkinin diizeyinin ise LNFGHE’den
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daha diigiik oldugu goriilmiistiir. LNVIX endeksinde yaganan bir birimlik
artigin LNFIYAT degiskeninin 3.89 birim azaltacagi sonucuna ulasihirken
bu bulgunun beklenen bir etki oldugu soylenebilmektedir. Ancak LNTGE
degiskeni ile LNFIYAT degiskeni arasinda uzun dénemde negatif bir etkinin
olmas literatiir ve beklenin aksine bir bulgu niteligindedir. Clinkii Tiiketici
Giiven Endeksi yatirimcilarin giiven duyduklar1 noktada daha fazla Borsada
yatirrm yapmalar1 beklenmektedir. Bunun nihai sonucu olarak ise hisse
senedi endeks fiyatinin artmasi beklenmektedir.

Caligmadan elde edilen bulgularin anlamli ve dogru oldugunun kabul
edilebilmesi igin varsayim testlerinin yapilmasi gerekmektedir. Otokorelasyon
sorunu olup olmadiginin degerlendirilmesi igin Breush-Godfrey LM testi
yapilmig ve 0.87 degerinin 0.05 degerinden biiyiik oldugu gortilmiistiir.
Bu sonug bize otokorelasyon sorununun olmadigimi gostermistir. Farkli
varyanshk durumunun olup olmadiginin testi igin iseBreush-Pagan-Godfrey
testi yapimig ve 0.11>0.05 oldugundan farkli varyanslik durumunun
olmadigr gortilmiigtiir. Aym1 zamanda degiskenlerin kararhliginin  test
edilmesi ve yapisal kirilmanin varliginin test edilmesi amaciyla CUSUM ve
CUSUMSAQ testleri yapilmig ve yapisal kirtlmanin olmadig: goriilmiistiir.
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Sekil 4. CUSUM ve CUSUMSQ Grafikleri

Elde edilen sonuglara gore varsayimlarin saglandigi goriilmiig ve kisa
donemli iligkilerin tespiti igin ARDL Hata Diizeltme Modeli uygulanmustir.
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Tablo 8. ARDL (1,1,1,1,2) Hata Diizeltme Modeli Tahmin Sonuglar:

Degiskenler Katsay1 T Istatistik Degeri | Olasilik
Sabit 0.60 4.56 0.00
D(LNFHGE) -0.11 -1.29 0.19
D(LNRKGE) 0.48 4.39 0.00*
D(LNTGE) -0.12 -3.16 0.32
D(LNVIX) -0.02 -0.79 0.42
D(LNVIX)(-1) -0.07 -3.29 0.01*
ECM (-1) -0.05 -4.43 0.00%
R2= 0.56; F istatistik degeri=10.66 (0.00*)  Durbin-Watson= 1.96

Hata diizeltme modeli ile tahmin edilen sonuglar kisa donemli iliskileri
gostermektedir. Kisa donemde LNRKGE ile LNFIYAT degiskeni arasinda
bir iliski oldugu ve iliskinin yoniiniin pozitif oldugu goriilmiigtiir. LNRKGE
ile LNFIYAT arasinda hem uzun hem de kisa dénemde anlamli bir iligkinin
oldugu gortlmiistiir. Kisa donemde LNRKGE’nde yaganan %1’lik degisim
LNFIYAT degiskeninde %0.48’lik degisiklige neden olmaktadir. LNVIX
degiskeninin ikinci gecikmede LNFIYAT degiskeni ile negatif yonlii bir
iligkisinin oldugu goriilmiigken, bir gecikmede iligkiye rastlanmamistir.
LNVIX ile LNFIYAT degiskenleri arasinda hem uzun hem de kisa donemde
negatif ve anlaml iligkinin oldugu ve LNVIX degiskeninde %1°lik yasanan
degisimin LNFIYAT ta %0.07’lik bir degisime neden olmaktadir. LNFHGE
ve LNTGE degiskenleri ile LNFIYAT arasinda uzun doénemli bir iligki
varken, kisa donemli bir iliskiye rastlanmamugtir.

Modelin biitiinsel anlamliliginin sinandigy F istatistik degerinin %5 anlam
diizeyinde anlamli oldugu ve bu agidan modelden elde edilen sonuglarin
yorumlanabilir diizeyde oldugu sonucuna varilmisti. Modelde LNFIYAT
degiskeninin agiklanma giiciiniin degerlendirildigi R2 degerinin de %56
oldugu goriilmiistiir.

3.3.4. Todo-Yamamoto Testi

Degiskenlerin ayni seviyede duragan olmamast durumunda dahi
nedenselligin test edilmesinde uygulanan test yontemi Todo-Yamamoto’dur.
Bu ¢alismada degiskenlerin ayni seviyede duragan olmamasindan dolay1
nedensellik iliskisi Todo-Yamamoto testi ile degerlendirilmigtir. Testin
uygulanmast igin Oncelikle dmax ve k degerlerinin belirlenmesi gerekmektedir.
Dmax degeri degigkenlerin hangi seviyede egbiitiinlesik oldugunu
gostermektedir. Caligmada dmax degerinin 1 ve VAR testi sonucunda
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elde edilen gecikme uzunlugunun 4 oldugu tespit edilmistir. Elde edilen
sonuglara gore nedensellik testi icin gerekli seviyenin 5 (dmax+k=1+4)
oldugu goriilmiistiir.

Tablo 9. Todo-Yamamoto Nedensellik Testi Sonuglar:

Wald Testi
LNFHGE’den LNFIYAT a dogru
Test istatistigi Deger Serbestlik derecesi Olasilik
Ki-Kare 10.67811 5 0.030*
LNRKGE’den LNFIYAT n dogiru
Test istatjstigi Deger Serbestlik derecesi Olasilik
Ki-Kare 16.813025 5 0.0234*
LNTGE’den LNFIYAT a dojru
Test istatistigi Deger Serbestlik derecesi Olasilik
Ki-Kare 15.81278 5 0.0032*
LNVIX’den LNFIYAT & dogiru
Test Istatistigi Deger Serbestlik derecesi Olasilik
Ki-Kare 30.78700 5 0.0000*

Degiskenler arasindaki nedensellik iligkisi incelendiginde, LNFGHE,
LNRKGE, LNTGE ve LNVIX endeksinden LNFIYAT endeksine dogru
bir nedensellik iligkisi olmadigim savunan H | hipotezi %5 anlam diizeyinde
reddedilmis ve tiim degiskenlerden BIST 30 endeks fiyatlarina dogru bir
nedenselligin oldugu sonucuna varilmgtir.

4. Sonug ve Tartigma

Finansal piyasalar yatirimcilarin tasarruflarini degerlendirdigi 6nemli bir
getiri saglayan alanlardir. Yatirnmcilar tasarruflarini 6nemli 6lgiide getiri elde
etmek amaciyla degerlendirirken ayni zamanda enflasyon kargisinda deger
kaybetmemesini de istemektedirler. Geleneksel finans teorilerine gore, risk
ve getiriye gore yatirim kararlart verilirken zamanla tasarruf sahiplerinin
sadece risk ve getiriye gore yatirim tercihlerinde bulunamadiklari fikri ortaya
¢tkmugtir. Burada yatirimcilarin bir takim psikolojik ve duygusal faktorlerden
etkilenerek yatirim kararlarini aldiklar1 ve bu kararlari yanhg dahi olsa
savunduklar1 goriilmiigtir.

Arastirmacilar tarafindan piyasalarin etkin oldugunu savunan geleneksel
finans teorileri degerlendirilmis ve tiim formlar1 igin testler yapilmustir.
Ancak aragtirmacilar tarafindan bir fikir birligi olusmamustir. Genel olarak
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finansal piyasalarin derinlesmesinin ve tam rekabet piyasalarina yakin olmasi
durumunda beklenen getiri ile elde edilen getirilerin birbirine daha yakin
oldugu fikri genel kani olarak savunulmugtur. Degisen algilar sonucunda
davranigsal finans teorileri 6nem kazanmig ve yatirmcilarin tutum ve
davraniglarmin belirsizlik ve risk altinda degisiklik gosterdigini savunan
caligmalar ortaya gikmugtir. Aragtirmacilar genel olarak sabit getiri sunmayan
hisse senedi yatirnmlarina yonelmekte ve bu durumda risk ve belirsizlik
altinda yapilan yatirimlar sonucu hisse senedi piyasalarinda fiyat degigimleri
olabilmektedir.

Bu ¢alismada yatinmailarin belirsizlik ile risk ve gliven duyduklar
ortamda hisse senedi fiyatlarinin nasil degistigini, aralarinda bir iliski olup
olmadig: incelenmistir. Yapilan ¢aliyma da 2012:01-2025:10 donemlerine
ait giiven endeksleri ve VIX korku endeksi ile BIST 30 endeksi arasindaki
nedensellik iligkisi incelenmistir. Analizler uzun ve kisa donemli olarak ayr1
ayr1 yapimig ve uzun donemde Finansal Hizmet Giiven Endeksi ve Reel
Kesim Giiven Endeksinden BIST 30 endeks fiyatlarina dogru pozitif yonlii
bir iliski oldugu goriilmiisken; VIX korku ve Tiiketici Giiven Endeksinden
BIST 30 endeksi fiyatlarina dogru negatif yonlii bir iligkinin varlig: tespit
edilmigtir. Kisa donemli iliskilerin de incelendigi caligmada Reel Kesim
Giiven Endeksinden BIST 30 endeks fiyatina dogru pozitif bir etki, VIX
korku endeksinden BIST 30 endeks fiyatina dogru negatif bir etki oldugu
goriilmiigtiir. Caligmada yapilan Toda-Yamamoto analizi sonuglarina gore
giiven endeks ve korku endekslerinden BIST 30 fiyat endeksine dogru bir
iligki tespit edilmistir.

Elde edilen sonuglar degerlendirildiginde Ozellikle uzun vadeli
vatirimcilarin giivenilir ortam ve riskli ortamlarda hisse senedi yatirimlarini
degistirdikleri, bu degisimlerinden endeks fiyatlarini etkiledigi gortilmiistiir.
Yatirimcilarin belirsizlik ortamlarinda kisa ve uzun vadede riskten kagarak
hisse senedi yatirimlarini azalttiklar1 ve bunun nihai sonucu olarak endeks
fiyatlarinin - diigtiigii soylenebilmektedir. Benzer sekilde piyasaya giiven
duyduklar1 zamanlarda hisse senedi yatirrmlarini arttirdiklart ve bu agidan
dolay1 da endeks fiyatlarinin arttig1 soylenebilir. Ancak elde edilen garpici bir
sonucun Tiiketici Giiven Endeksi ile BIST 30 endeks fiyatlar1 arasinda uzun
donemde negatif bir iligkide olmasidir. Bu durum bireysel yatirimcilarin
giivenilir ortamlarda dahi risk alma egiliminden kagtiklar1 geklinde
diisiintilmektedir.
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Bolim 6

CDS Primleri ile Doviz ve Altin Arasindaki
Volatilite Etkilesimi: Tiirkiye Uzerine Bir
Uygulama 3

Ethem Kilig!
Mert Aktag?

Ozet

Calismanin temel amacr tiirkiye deki kredi risk (CDS) primi ile doviz kuru
ve altin getirleri arasindaki volatilite yayithmini aragtirmaktir. Bu dogrultuda
15.01.2015 -15.11.2025 donemine ait giinliik veriler kullanilmistir.
Degiskenler arasindaki iliskiyi agiklamak igin ¢ok degiskenli GARCH
modellerinde sabit kogulu korelasyon (CCC)-GARCH modeli kullanmugtir.
CCC-GARCH modeli uygulanmadan o6nce degiskenlerin duraganlik
sunanmalart yapilmugtir. Biitiin degigkenlerin seviye degerlerinden duragan
oldugu saptanmustir. Degiskenler arasindaki iliskiyi agiklamak igin uygulanan
CCC-GARCH modeli sonuglarina gore altindan CDS primine dogru
volatilite aktarimi olmadig1 tespit edilmistir. Ayni sekilde CDS priminden
altna dogru volatilite yayilmim da bulunmadigi belirlenmistir. Ancak
CDS primi ile déviz kuru arasinda gift yiinlii volatilite yayilimini oldugu
saptanmugtir. Yani CDS primi ile déviz kurunun kargilikli olarak birbirinden
etkilendigi bulgulanmistir.

GIRIS

Kiiresellesmenin, bireylerden kurumlara ve uluslararasi sisteme kadar
uzanan genis bir yelpazede sosyo-ekonomik yagami etkileyen ve sekillendiren
belirleyici bir olgu oldugu ifade edilebilir. Finansal kiiresellesmeyi ise;

bireysel yatirimcilari, kurumsal yatirimcilari, ulusal ekonomileri ve hatta
uluslararast ekonomileri etkileyen ve yonlendiren bir olgudur. Bu nedenle
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bireysel yatirimcilarin yani sira kurumsal yatirimeilar, politika diizenleyicileri
ve uygulayicilar1 bu olguyu dikkate almak zorundadur.

Kiiresellesmenin artmasi, finansal piyasalar arasindaki etkilesiminde
artmasina zemin olugturmaktadir. Bu nedenle finansal piyasalarda ciddi
bir oynakligin ortaya ¢ikmasina neden olmaktadir (Kennedy ve Nourizad,
2016:37). Finansal piyasalarin oynakligina neden olan faktorlerden bir
tanesi kredi temerriit primleri (CDS)’ dir.

Kredi temerriit primleri (CDS), temerriit, iflas, 6demede sikint1 yaganmasi
veya yeniden yapilandirma gibi kredi olaylarini tetiklemektedir. CDS primleri,
belli bir ticret karsilinda finansal kredinin 6denmeme riskine kars1 alacaklinin
kendini koruma altina almasma olanak saglamaktadir. CDS primlerinin
temel amaci, borglu tarafin borcunu 6dememesi durumuna karg: alacakl
tarafin iiglincii kisilere yaptiklart 6deme dogrultusunda alacagini sigorta
altina almasini saglamaktadir. Kisacas1 CDS primini bir borg sigortasi olarak
ifade edilebilir (Cao vd., 2010:322, Onem, 2022:275, Danaci1 vd., 2017:68,
Bagarir ve Keten, 2016:370, Asandului vd., 2015:151). CDS primleri
piyasasinin olduke¢a genis bir yelpazesine sahiptir. Bu piyasadaki islemler,
Uluslararast Swap ve Tiirev Uriinler Birligidir (ISDA) tarafindan organize
edilmekte ve yonetilmektedir. ISDAnin temel amaci kredi riskinin taraflar
arasinda dagilimini gergeklestirmenin yani sira referans yiikiimliiligint
kredi riskine karg1 muhatazasini saglamaktir(S6nmez, vd. 2023:30).

CDS primleri, referans varlik agisindan bir kredi riskinin ortaya ¢tkmasi
durumunda koruma saticisinin, koruma alicisinin kredi riskini kismen veya
tamamen 6demesini taahhiit eden bir sozlesme oldugu ifade edilmektedir.
Bu nedenle CDS primleri genellikle finansal piyasalarda “spread” olarak
ifade edilmektedir. CDS primlerinin yayilmasi referans kurulugunun kredi
kalitesinin bir gostergesi olarak kabul edilmektedir. CDS’in referansi, tahvili
ithrag eden 6zel bir igletme olabilecegi gibi hiikiimetlerde olabilmektedir.
Bu dogrultuda “spread”, bir iilkenin 6deme giiciinii ortaya koymaktadir
(Abioglu, 2021:239, Giirsoy ve Kilig, 2021:1325).

Bu ¢alismada Tiirkiye’nin kredi risk gostergesi olarak kabul edilen
CDS primleri ile doviz kuru ve altin fiyatlarindaki volatilite arasindaki
etkilesimi incelemektir. Caligmada, finansal piyasalardaki risk algisinin artig
veya azaliy donemlerinde bu degiskenler arasindaki volatilite yayiliminin
yonii ve biiyiikliigiinii ortaya koymaktir. CDS primi ile déviz kuru ve altin
arasindaki volatilite yayilimi arasindaki iligkiyi agiklamak igin ¢ok degiskenli
GARCH modellerinden CCC-GARCH modeli kullanilmisgtir. Caligmada
giris boliimiinden sonra ilgili literatiire yer verilmistir. Caliymanin kalan
boliimlerinde ise veri seti ve yontem agiklanmug, yapilan analizlere yer
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verilmis ve yorumlanmigtir. Son olarak ¢aliymada elde edilen bulgular
degerlendirilerek sonug ve 6neriler ile ¢alisma sonlandirilmugtir.

LITERATUR ARASTIRMASI

CDS primi ile finansal araglar arasindaki iligkiyi inceleyen birgok ¢aligmanin
var oldugu goriilmektedir. Bu galigmalarin bir kismi incelendiginde, Onem
(2022), Apergis ve Lake (2021), Hammoudeh vd. (2013), Shahzad vd.
(2020), Sahinler (2025), Duyar (2025), Sezal (2025) genel olarak CDS
primi ile finansal araglar arasinda iligki oldugunu saptamistir. Bektag ve
Babugcu (2019) ise CDS primi ile finansal araglar arasinda iligki olmadigini
tespit etmiglerdir.

Sahinler (2025) CDS ile BIST 100 endeksi arasindaki nedensellik iligkisini
08.10.2008 - 31.10.2024 donemine ait giinliik veri araciligiyla aragtirmugtir.
Yapilan aragtirma sonucunda CDS ile BIST 100 endeksi arasinda gift yonlii
nedensellik iligkisi oldugunu belirtmistir.

Sezal (2025) CDS, altin ve doviz arasindaki iligkiyi ele almugtir.
Caligmasinda CDS, altin ve doviz arasindaki iliskiyi agiklamak igin Toda-
Yamamoto nedensellik testini kullanmigtir. CDS primi ile d6viz arasinda
nedensellik iliskisi oldugu tespit etmisler, ancak CDS ile altin arasinda
nedensellik iligkisi olmadigini sonucuna ulagmugtir.

Tiirkan (2025) CDS primi ile Tiirkiye’deki katihim endeksleri arasindaki
es biitlinlesme iligkisini aragtirmigtir. Caligmasinda 21 Kasim 2021 - 13
Ekim 2024 donemine ait haftalik veriler kullanmigti. CDS primi ile
katim endeksleri arasindaki iligkiyi agiklamak ig¢in RALS eg biitiinlesme
yonteminden faydalanmistir. CDS primi ile Tiirkiye’deki katilim endeksleri
arasinda eg biitiinleme iligkisi oldugu tespit etmistir.

Duyar (2025) alun - CDS arasindaki iliskiyi 2010-2025 donemine
ait verilerini kullanarak aragtirmugti.  Altin ve CDS arasindaki iligkiyi
agiklama igin ARDL sinir testi, nedensellik ve rejim bagimli modellerinden
faydalanmugtir. Altin — CDS iliskisinde aracilik rolii oldugu tespit etmiglerdir.

Kilig (2024) caliymasinda CDS primi ile BIST 30 vadeli islemler
piyasast arasindaki stokastik volatilite etkilesimini aragtirmugtir. Caligmada
04.01.2016-29.04.2024 donemine ait giinliik veriler kullanarak DC-MSV
modelinden faydalanmistir. Caligma sonucunda CDS primi ile BIST 30
vadeli iglemler piyasasi arasinda stokastik volatilite yayilimi oldugu tespit
etmigtir.

Onem (2022) CDS ile doviz kuru ve secili BIST endeksleri arasindaki
volatilite yayilimini aragtirmigtir. Caligmada 02 Ocak 2017 — 31 Aralik 2021
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doénemine ait giinliik veriler kullanmiglardir. Caligma sonucunda CDS primi
ile BIST endeksleri arasinda volatilite yayilimi oldugunu saptamugtir.

Apergis ve Lake (2021)ABD, Almanya, Ingiltere ve Yunanistan’a
ait CDS primi ile borsa arasindaki iligkiyi incelemiglerdir. Degiskenler
arasindaki iliskiyi agiklamak igin ¢ok degiskenli genellestirilmis degisen
varyans (MVGARCH-M) yontemi kullanmuglardir.  Yaptiklari aragtirma
sonucunda CDS primi ile borsa arasinda negatif yonlii bir etkilesim oldugunu
saptamiglardur.

Shahzad vd. (2020) CDS primi ile hisse senetleri arasindaki iligkiyi ele
almuglardir. Yaptiklart inceleme sonucunda CDS ve hisse senetleri arasinda
uzun donemde giiglii bir negatif (pozitif) iliskinin var oldugunu tespit
etmiglerdir.

Bektag ve Babugcu (2019) CDS primi, VIX endeksi, biiyiime ve doviz
kurlar1 arasindaki iliskiyi Granger Nedensellik testi ile incelemiglerdir. Yapilan
aragtirma sonucunda CDS primi ile VIX endeksi, biiyiime ve doviz kurlari
arasinda bir iligki olmadig1 sonucuna varmiglardir.

Hammoudeh vd. (2013) ABD’deki petrol fiyatlarindan kaynaklanan
CDS, VIX endeksi ve SMOVE endeksi arasindaki iligkiyi ele almiglardur.
Caligmada 2004 — 2011 ve 2009 — 2011 donemine ait veriler kullanmislardur.
Caligma sonucunda CDS primi ile VIX endeksi ve SMOVE endeksi arasinda
uzun ve kisa donemli iligki oldugunu tespit etmislerdir.

VERI SETI VE YONTEM

Caligmanin temel amac1 CDS primi ile doviz kuru ve altin arasindaki
volatilite etkilesimi agiklamaktir. CDS primi ile d6viz kuru ve altin arasindaki
iligki agiklamak igin 15.01.2015 — 13.11.2025 donemine ait giinliik veriler
kullanilmugtir. Analizlerde Ewievs 9.0 ve Winrats 8.0 paket programlari
kullanilmugtir. Caligmada degiskenler arasindaki iliskiyi ortaya koymak igin

CCC-GARCH modelinden faydalanilmugtir.

Cok degiskenli GARCH modelleri finans literatiiriinde finansal araglar,
finansal piyasalar arasindaki volatilite yayilimini agiklamada 6nem arz
ettigini soylemek miimkiindiir. Finansal degiskenlere ait volatilite yayilimlar1
aragtirmakta igin yogun olarak GARCH modelleri kullanildig: bir gergektir.
Bu GARCH modelleri; Vektor Hata Diizeltme (VECH) modeli, Baba,
Engle, Kraft ve Kroner (BEKK) modeli, Dinamik Kogullu Korelasyon
(DCC) modeli ve Sabit Kogullu Korelasyon (CCC) seklinde ifade edilebilir.
VECH, BEKK, DCC ve CCC GARCH modellerinde ortalama denklemlerin
tanimlar1 ayn1 oldugunu séylemek miimkiindiir. Ancak kogullu varyansin
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tahmin siirecinde kosullar farklilik gostermektedir (Demirgil ve Kesekler,
2019:1169, Kilig, vd. 2021:1597).

Bollerslev (1990) tarafindan gelistirilen CCC-GARCH modeli, ¢ok
degiskenli GARCH modelinin ¢6ziimiinde kogullu varyansin yani sira kogullu
korelasyonu da dikkate alan bir modeldir (Hepsag ve Akgal1 2016:57).

Yay :\/hA,tgA,x (1)
Ve =4/ hB,th,t (2)

o, = cov(gA’t,gB,,) (3)

|:hA,t:|:|:Clj|+|:all a12i| y/},t-l _i{bn blz:H:hA,m} (4)
hB,t & Ay Oy || Ve b, b, hB,H

Finansal varliklarin volatilitesi hakkinda bilgi veren CCC-GARCH
modeli ayn1 zamanda finansal varliklarin volatilite etkilesimi hakkinda da
bilgi vermektedir. p parametresi finansal varhiklarin getirileri arasindaki

sabit korelasyonlar1 agiklamaktadir. Yani getirilerin birbiriyle etkilesimini
agikladigini soyleyebiliriz (Kilig ve Sonmez, 2022:129).

CCC-GARCH modelinde, birinci finansal varligin volatilitesinin kalict
olup olmadig1 ¢, veb,, parametreleri ile agiklanmaktadir. Tkinci finansal
varligin volatilitesinin  kahciligini ise  «,, veb,, parametreleri ile ifade
edilmektedir. «;,, b,;, @,, veb,, parametrelerinin anlamli olmasinin yani
sira bu parametrelerin toplam degerlerinin 1’den kiigiik ve 1°e yakin olmasi
gerekmektedir. @, veb,, parametreleri ise finansal varliklarin volatilite
etkilesimi hakkinda bilgi vermektedir. Tkinci finansal varliktan birinci finansal
varligina dogru volatilite etkilesiminin oldugunu ifade edebilmek igin
a,, veb, parametrelerin istatistiksel agidan anlamh olmalidir. a,, veb,,
parametrelerinin anlamli olmasi1 durumunda ise birinci finansal varliktan
ikinci finansal varligina dogru volatilite etkilesimi oldugunu gostermektedir
(Kilig, vd. 2021:1597-1598, Kili¢ ve Sonmez, 2022:129).
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BULGULAR
Sekil 1: Degiskenlere ait Getiri Serisi Grafikleri
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Degiskenlere ait grafik serileri incelendiginde CDS, Altun dolar
degiskenlerinde volatilite kiimelemeleri olugtugu goriilmektedir.

Toblo 1: CDS, Altwn ve Dolar Degiskenlerine ait Tanmmlayic Istatistikler

CDS Altin Dolar
Ortalama -0.0048 0.0436 0.1035
Medyan 0.0000 0.0514 0.0362
Maksimum 35.8551 6.3427 9.3899
Minimum -35.8972 -5.7967 0.0000
Std. Sapma 3.3817 0.9365 0.3255
Carpiklik 0.5116 -0.0830 15.1544
Basiklik 24.5114 6.3406 342.8524
Jarque-Bera 53625.1852 1293.5373 13460861.6584
Olasilik 0.0000 0.0000 0.0000
Gozlem 2775 2775 2775

CDS, Alun ve

Dolar degiskenlerinin getiri serilerine ait tanimlayic

istatistikler incelendiginde; standart sapma degerlerinin getiri serilerinin
ortalama degerlerine gore daha biyiik oldugu goriilmektedir. CDS
degiskenine ait standart sapmanin diger degiskenlere gore daha yiiksek
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oldugu goriilmektedir. Jarque-Bera test istatistigine bakildiginda getiri
serilerinin normal dagilmadig1 soylenebilir.

Tablo 2: CDS, Altmn ve Dolar Degiskenlerine ait Birim Kok Testi Sonuglar:

ADF PP

S S/T S S/T
CDS -58.1108 -58.1193 -58.2725 -58.3204
Alan -52.6366 -52.7262 -52.6990 -52.8657
Dolar -9.5214 -9.5725 -54.6379 -54.2636

Kritik Degerler

1% -3.4325 -3.9613 -3.4325 -3.9613
5% -2.8624 -3.4114 -2.8624 -3.4114
10% -2.5673 -3.1276 -2.5673 -3.1276

CDS, Altun ve Dolar degiskenlerine iliskin birim kok testleri sonuglari
Tablo 2’de raporlanmistir. Yapilan ADF ve PP birim kok testlerine gore
degiskenlerin seviye degerlerinde duragan olduklar: tespit edilmigtir. ADF
ve PP birim kok test sonuglar1 birbirlerini destekledigi yoniinde sonuglar
elde edilmistir.

Toblo 3: CDS Primi ile Altwn Getirilerine ait CCC-GARCH Modeli Sonuglar:

Katsayilar Standart t-Istatistikleri | Olasihk

Hatalar Degerleri

C(1) 0.29123* 0.10022 2.90576 0.00366
C(2) 0.01583* 0.00508 3.11645 0.00183
A(1,1) 0.11945* 0.01316 9.07805 0.00000
A(1,2) -0.09665 0.06916 -1.39753 0.16225
A(2,1) 0.00136 0.00305 0.44512 0.65623
A(2,2) 0.04927* 0.00736 6.69373 0.00000
B(1,1) 0.76775* 0.02456 31.26075 0.00000
B(1,2) 56.54969 52.11035 1.08519 0.27784
B(2,1) -0.19025 0.37485 -0.50755 0.61177
B(2,2) 0.93647* 0.01169 80.11649 0.00000
R(2,1) 0.00523 0.00496 1.05478 0.29153

Not: *,** ve *** syraswyla %1, %5 ve %10 onem seviyesinde anlamlilyj ifade etmektedir.
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CDS primi ile Altun getirilerine ait CCC-GARCH modeli sonuglari
Tablo 3’te sunulmugtur. CDS priminin volatilite kiimelemesini A(1,1) ile
B(1,1) parametreleri ile agiklanmaktadir. Bu iki parametrenin istatistiksel
agidan anlamli olmasi, katsayilari pozitif ve toplamlar1 0.8872 olarak tespit
edilmistir. Bu durumda CDS primlerinde volatilite kiimelemesinin olustugu
goriilmektedir. Altin volatilitesi ise A(1,1) ile B(1,1) parametreleri ile
agiklanmaktadir. A(1,1) ile B(1,1) parametreleri her ikisinin her ikisi de
istatistiksel agidan anlamli, katsayilari pozitif ve toplamlari 1’den kiigiik
oldugu saptanmugtir. Boylece Altinda volatilite kiimelemesinin oldugundan
bahsetmek miimkiindiir.

A(1,2) ve B(1,2) parametreleri altindan CDS primlerine dogru volatilite
etkilesimini agiklamaktadir. Bu parametrelerden her ikisinin de istatistiksel
olarak anlamli olmadig goriilmektedir. Bu durumda altindan CDS primlerine
dogru volatilite aktarimi olmadigr saptanmugti. CDS primlerinden altina
dogru volatilite yayitlimi A(2,1) ve B(2,1) parametreleri ile agiklanmaktadr.
CCC-GARCH modelindeki ARCH ve GARCH parametrelerinin her ikisinin
de istatistiksel olarak anlamli olmadig1 gozlemlenmistir. CDS primlerinin
altin getirisinin volatilitesi {izerinde etkisi olmadig1 tespit edilmistir. Sonug
olarak CDS primi ile altin arasinda volatilite yayihimi olmadigr tespit
edilmistir

Tablo 4: CDS Primi ile Doviz Kurnu Getivilerine ait CCC-GARCH Modeli Sonuglar:

Katsayilar Standart t-Istatistikleri Olasilik
Hatalar Degerleri

C(1) 0.67344% 0.00593 113.52970 0.00000
C(2) 0.00007* 0.00000 116.28493 0.00000
A(L]) 0.14720*% 0.00040 368.08976 0.00000
A(1,2) -0.04049*% 0.00170 -23.75361 0.00000
A(2,1) -0.00018* 0.00000 -149.64088 0.00000
A(2,2) 0.63406* 0.00334 189.99823 0.00000
B(1,1) 0.79531*% 0.00187 425.72442 0.00000
B(1,2) 1.39889* 0.20813 6.72122 0.00000
B(2,1) -0.03978* 0.00034 -116.52807 0.00000
B(2,2) 0.82052~ 0.00071 1154.25823 0.00000
R(2,1) 0.02095*% 0.00002 1373.17813 0.00000

Not: * ve ** suraswyla %5 ve %10 onem seviyesinde anlambilyje ifade etmektedin
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CDS primi ile D6viz kuru getirilerine ait CCC-GARCH modeli sonuglar1
Tablo 4’te raporlanmistir. CDS priminin volatilite kiimelemesini A(1,1) ile
B(1,1) parametreleri ile ifade edilmektedir. Bu iki parametrenin istatistiksel
agidan anlamli oldugu goriilmektedir. Ayrica katsayilari pozitif ve toplamlari
0.94251 olarak tespit edilmistir. Bu durumda CDS primlerinde volatilite
kiimelemesinin olugtugunu ifade etmek miimkiindiir. D6viz kuru volatilitesi
ise A(1,1) ile B(1,1) parametreleri ile agiklanmaktadir. A(1,1) ile B(1,1)
parametrelerinin her ikisi de istatistiksel agidan anlamhidir. Bu parametrelerin
katsayilar1 pozitif ve toplamlar1 1’den kiigiik oldugu belirlenmistir. Bu
durumda D6viz kuru volatilitesinde kiimelemenin olugtugundan bahsetmek
miimkiindiir.

A(1,2) ve B(1,2) parametreleri doviz kurundan CDS primlerine dogru
volatilite etkilegsimini agiklamaktadir. Bu parametrelerden her ikisinin
de istatistiksel olarak anlamli oldugu saptanmugtir. Bu durumda doviz
kurundan CDS primlerine dogru volatilite aktarimi olugu ifade etmek
miimkiindiir. D6viz kurunda % 1 birimlik ok CDS primlerini 1.35799
oraninda etkilemektedir. A(2,1) ve B(2,1) parametreleri CDS primlerinden
doviz kuruna dogru volatilite yayilimini temsil etmektedir. CCC-GARCH
modelindeki ARCH ve GARCH parametrelerinin her ikisinin de istatistiksel
olarak anlamli olmasindan dolayr CDS primlerinden doviz kuruna dogru
volatilite etkilesimi oldugunu ifade etmek miimkiindiir. CDS primlerinde
meydana gelen %1 birimlik ok doviz kuru getirilerini 0.03996 oraninda
etkilemektedir. Sonug olarak CDS primi ile doviz kuru arasinda gift yonlii
volatilite yayilimi oldugu tespit edilmistir.

SONUGC

Bu galigmanin temel amaci CDS primi ile d6viz kuru ve altin arasindaki
volatilite etkilegimi aragtirmaktir. Calismayi gergeklestirmek igin 15.01.2015
—-13.11.2025 dénemine ait giinliik verilerden yararlanilmistir. CDS primi ile
doviz kuru ve altin arasindaki iligki agiklamak igin gok degiskenli GARCH
modellerinden zamana bagl olarak degisim gostermeyen CCC-GARCH
modeli kullanilmistir. CCC-GARCH modeli ile CDS primi ile déviz kuru
ve altin arasindaki volatilite yayilimi iliskisini aragtirmadan once degiskelerin
duraganliklar1 ADF ve PP testleri ile uygulanmigti. ADF ve PP testleri
sonuglarina gore CDS primi, doviz kuru ve altin degiskenlerinin diizey
seviyesinde duragan oldugu saptanmugtir.

CCC-GARCH modeli sonuglarma gore; CDS primi, doviz kuru ve altin
degiskenlerinde volatilite kiimelemesinin olustugu tespit edilmigtir. Yani
CDS primi, doviz kuru ve altin degigkenlerinin volatilitesinin kalic1 oldugu
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ve etkisini uzun siire devam ettigi bulgulanmistir. Ayrica CDS primlerinden
altina dogru volatilite yayilimi olmadig saptanmistir. Ayni sekilde altindan
CDS primlerine dogru volatilite yayilmimna rastlanmamistir. Bu bulgu
literatiirdeki Bektag ve Babugcu (2019)’nun ¢aligmast ile paralellik, Duyar
(2025)’1n ¢aliymasindan ise farklilik gostermektedir. CCC-GARCH modeli
aracihigiyla elde edilen bir diger sonug ise doviz kurundan CDS primlerine
dogru volatilite etkilesiminin olmasidir. Ayrica CDS primlerinden doviz
kuruna dogru volatilite etkilesimi oldugu da bulgulamistir. Elde edilen bu
sonuglar literatiirdeki galigmalara Onem (2022), Apergis ve Lake (2021),
Hammoudeh vd. (2013), Shahzad vd. (2020), Sahinler (2025), Duyar
(2025), Sezal (2025) benzerlik gostermektedir.

Caligmada, doviz kurundan CDS primlerine ve CDS primlerinden doviz
kuruna ¢ift yonlii volatilite yayilimi oldugu tespit edilmistir. Bu bulgu,
tilke risk algisinin ve kur oynakliginin birbirini besledigini gostermektedir.
Piyasalara verilen yonlendirmeler ve politika siirekliligi, hem doéviz hem de
CDS oynakligini azaltabilir. Altimin, finansal stres donemlerinde giivenli
liman roliintin siirdiigiinii gostermektedir. Dolayisiyla finansal istikrar
politikalarinda altin rezervlerinin gesitlendirici rolii giiglendirilebilir. Altin,
portfoylerde etkin bir koruma araci oldugu soylenebilir. Ozellikler kriz
donemlerinde CDS ve d6viz oynakligr artarken, altin daha bagimsiz hareket
edeceginden portfoy riskini azaltabilir.
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Bolum 7

BRICS Ulkeleri Doviz Kuru ve Borsa Endekleri

Iliskilerinin Panel Veri Analizi ile Incelenmesi

Gizay Daver!

Ozet

Bu ¢alisma, BRICS iilkelerinde doviz kurlari ile borsa endeksleri arasindaki
iliskiyi panel veri analizi yontemiyle incelemektedir. D6viz kurlart ve borsa
endeksleri, bir iilkenin ekonomik saghgini yansitan iki temel gostergedir.
Calismanin amaci, bu iki degisken arasindaki etkilesimi ortaya koyarak
yatirimer  davraniglari, politika kararlari ve makroekonomik dengeler
agisindan degerlendirme yapmakur. Literatiirde portfoy dengesi ve akim
temelli yaklagimlar kapsaminda bu iliskinin yonii ve biiyiikliigii tizerine farkh
bulgular mevcuttur.

Analizde BRICS+ iilkelerinden veri biitiinliigii saglanamayan Iran ve
Etiyopya hari¢ tutulmus, 2024 yili sonrasi doneme ait giinliik veriler
kullamlmugtir. Degiskenler logaritmik olarak dontistiirtilmiis, kesit bagimlilig,
homojenlik ve birim kok testleri uygulanmistir. Hausman testi sonucunda
rassal etkiler (RE) modeli uygun bulunmusgtur. Bulgular, déviz kurundaki 1
birimlik artigin borsa endeksinde yaklagik %6,2’lik artisa neden oldugunu ve
bu etkinin %5 anlamhlik diizeyinde pozitif oldugunu gostermektedir. Ancak,
modelin agiklama giicii diigiiktiir (R? < 0.01); bu durum déviz kurunun tek
bagina borsa hareketlerini agiklamakta yetersiz kaldigini gostermektedir.

Sonug olarak, BRICS iilkelerinde doviz kuru ile borsa endeksleri arasinda
zayif fakat istatistiksel olarak anlamh bir pozitif iliski tespit edilmistir. Bu iligki,
iilkeler arasi yapisal farkliliklardan ve makroekonomik faktorlerin etkisinden
dolayr sinirli diizeydedir. Gelecek galigmalarda faiz orani, enflasyon, petrol
fiyat1 ve risk primi gibi degiskenlerin eklenmesiyle modelin genigletilmesi
onerilmektedir.

1 Dog.Dr., Zonguldak Biilent Ecevit Universitesi, gizay.daver@beun.edu.tr, ORCID: https://
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Giris

Doviz kuru ile borsa endeksleri arasindaki iligki, ekonomi ve finans
diinyasinda yakindan takip edilen ve sik¢a incelenen temel konulardan biridir.
Bu iligkinin incelenmesinin altinda yatan temel neden, bu iki 6nemli finansal
gostergenin birbirini ve dolayisiyla bir {ilkenin genel ekonomik sagligini
onemli Olglide etkilemesidir. Yatirimcilar, sirketler ve politika yapicilar igin
bu iligkiyi anlamak, dogru kararlar alabilmek adina kritik bir neme sahiptir.

Uluslararas1  finans  literatiiriinde yer bulan “portfoy  dengesi
yaklagimi(portfolio balance approach)” modelleri de déviz kurlart ile tilkelerin
genel ekonomik saghginin incelenmesinde kullanilan yontemlerdendir
(Bhattacharyya & Deb, 2024, pp. 4-7). Porttdy dengesi yaklagimi alan
yazinda giiglii bir temelle yer bulmaktadir (Aydin et al., 2023; Gazel, 2020;
Pekkaya et al., 2017) detayli tartismalar igin incelenebilir. BRICS literatiirii
son yillarda agirlikli olarak yesil doniistime odaklanmug olsa da, bu iilkelerin
tinansal istikrar1 i¢in temel dinamiklerden olan doviz kuru-borsa iligkisinin
yeni ekonomik konjonktiirde nasil bir degisim gosterdigi goz ard1 edilmistir
(Abdu et al., 2021; Audi et al., 2025; Chen & Lubabu, 2026; Essed et
al., 2025; Liu et al., 2025; Navin et al., 2025; Oget, 2024; Rahman et
al., 2025; Sahin et al., 2025; Zhang et al., 2025). Bu ¢aliyma, bu 6nemli
boslugu doldurmayr amaglamaktadir.

Bu ¢alisma, {ilke borsalarinin, o iilke ekonomisinin barometresi olma
ozelliginden faydalanilarak portfoy dengesi yaklagimlari ile paralellik
arz edecek bigimde BRICS+ iilkelerinin doviz kuru ile borsa endeksleri
arasindaki iligkiyi irdelemektedir.

Doviz kuru ile borsa endeksleri arasindaki  iligkinin incelenmesinin gesitli
nedenleri bulunmaktadir. Bunlardan bashcalari, girket karliliklar: tizerindeki
dogrudan etki, yabanc yatirimer kararlarindaki 6nemi ve makroekonomik
gosterge olarak kullanimi geklinde 6zetlenebilir.

Sirket Karliliklar1 Uzerindeki Dogrudan Etki:

Dig Ticaret Firmalart (Ithalat ve Thracat Yapan Sirketler): Doviz
kurundaki degisimler, uluslararasi ticaret yapan sirketlerin maliyetlerini ve
gelirlerini dogrudan etkiler. Ornegin, yerel para biriminin (Tiirk Lirasi) deger
kaybetmesi (d6viz kurunun yiikselmesi), ihracat yapan sirketlerin tirtinlerini
dig pazarlarda daha rekabetgi hale getirerek gelirlerini artirabilir. Bu durum,
bu sirketlerin hisse senedi fiyatlarina olumlu yansiyabilir. Tersi durumda,
ithalat yapan sirketlerin maliyetleri artacag igin karliliklar: diigebilir ve hisse
senedi degerleri olumsuz etkilenebilir.
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Doviz Cinsinden Borglanma: Ozellikle déviz cinsinden borcu olan
sirketler i¢in kurdaki artiglar, borg yiikiinii ve finansman giderlerini artirarak
bilangolarini olumsuz etkiler. Bu da hisse senedi performanslarina negatif
olarak yansir.

Yabanc1 Yatirimci Kararlari:

Sermaye Akimlart: Yabanci yatirnmcilar, bir iilkenin borsasina yatirim
yaparken hem hisse senedi getirisini hem de kur riskini goz Oniinde
bulundururlar. Deger kazanan bir yerel para birimi, yabanci yatirimcilarin
elde edecegi dolar bazli getiriyi artirir ve bu da tilkeye sermaye girigini tegvik
ederek borsayi destekler. Diger yandan, yerel para birimindeki istikrarsizlik ve
deger kayb1 beklentisi, yabanci yatirimcilarin riskten kaginarak yatirimlarini
¢ekmesine (sermaye ¢ikigt) neden olabilir. Bu durum da borsa endekslerinde
diisiise yol agar.

Gelismekte Olan Ulkeler Igin Onemi: Tiirkiye gibi gelismekte olan
tilkeler, ekonomik biiyiime igin dig kaynaga ihtiya¢ duyarlar. Bu nedenle
yabanci fonlarin borsaya olan ilgisi, doviz kurlarindaki istikrarla yakindan
iliskilidir.

Makroekonomik Gosterge Olmasi:

Ekonomik Giiven: Doviz kuru ve borsa endeksleri, bir tlkenin
ekonomisine duyulan giivenin 6nemli birer barometresidir. Politik ve
ckonomik istikrarsizlik donemlerinde genellikle déviz kurlarinda ytikselis ve
borsa endekslerinde diisiis gozlemlenir.

Enflasyon Beklentileri: D6viz kurundaki artiglar, ithal tirtinlerin fiyatlarin
ve Uretim maliyetlerini artirarak enflasyonist baski yaratabilir. Yiikselen
enflasyon ise girket karhiliklarini ve yatinmcilarin alm giiciinii azaltarak
borsay1 olumsuz etkileyebilir.

Cift Yonlii Nedensellik Tligkisi:

Doviz kuru ile borsa endeksi arasindaki iligki tek yonlii degildir; borsa
endekslerindeki hareketler de doviz kurunu etkileyebilir:

Borsadan D6viz Kuruna Etki: Borsada yaganan giiglii bir yiikselis, tilkeye
yonelik olumlu beklentileri artirarak yabanci sermaye geker. Artan doviz
girigi, yerel para birimine olan talebi artirarak deger kazanmasina (doviz
kurunun diigmesine) neden olabilir. Tersi sekilde, borsadaki sert diigiigler
sermaye ¢ikigini tetikleyerek doviz kurunu yukari yonlii baskilayabilir.
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Neden BRICS iilkelerini inceliyoruz?

BRICS, Brezilya, Rusya, Hindistan, Cin ve Giiney Afrika’dan olusan
orijinal {iye grubunun bag harflerinden adini alan bir ekonomik ve siyasi ig
birligi platformudur. 2024’teki genisleme ile Misir, Etiyopya, Tran ve Birlesik
Arap Emirlikler’nin de katilmasiyla iiye sayis1 artmigtir. BRICS’in 6nemi,
sadece tiye iilkelerin ekonomik biiytikliigiinden degil, ayn1 zamanda kiiresel
diizeni yeniden sekillendirme potansiyelinden kaynaklanmaktadir. Bu boliim
ve alt baghklar diizeyindeki BRICS iilkeleri diizeyindeki incelemeler ve
sunulan bilgiler (Bloomberg Originals, 2025; BRICS Countries - an Overview
| ScienceDirect Topics, 2025; BRICS Joint Medin Statement (September 26,
2025), 2025; The BRICS, 2025; Ministry of External Affairs Government
of India, 2025) ¢aligmalarindan derlenmistir.

BRICS Ulkelerinin incelenmesi neden énemli?

c

BRICS’in 6nemi “ekonomik giig ve potansiyel”, “jeopolitik denge unsuru
olmas1”, “finansal alternatifler yaratmasr” ve “stratejik ve kaynak zenginligi”
olarak dort ana baslik altinda incelenebilir.

Ekonomik Giig ve Potansiyel

BRICS, diinya ekonomisinin 6énemli bir boliimiinii temsil etmektedir.
Geniglemis haliyle grup diinya niifusunun yaklagik %45ini, kiiresel gayri safi
yurt ici hasila’nin (GSYIH) satin alma giicii paritesine (SGP) gore yaklagik
%36’s1n1, diinya petrol iiretiminin yaklagik %42’sini olugturmaktadir.

Bu rakamlar, BRICS’in kiiresel iiretim, tiiketim ve enerji piyasalarinda ne
kadar biiytiik bir etkiye sahip oldugunu gostermektedir. Bu ekonomik agirlik,
onlara kiiresel ekonomik politikalarda daha fazla s6z hakki talep etme giicii
Verir.

Jeopolitik Denge Unsuru Olmas:

BRICS, Soguk Savas sonrast kurulan ve biiyiik olglide bat1 (6zellikle
ABD) merkezli kiiresel diizene bir alternatif olusturma iddiasindadir. Grubun
temel amaglarindan biri, tek kutuplu diinya diizeninden ¢ok kutuplu bir
diinya diizenine gegisi hizlandirmaktir. Bu baglamda BRICS, batili tilkelerin
hakimiyetindeki G7’ye karst bir denge unsuru olarak goriiliir. Uye {ilkelerin
Birlesmis Milletler gibi uluslararas1 platformlarda ortak pozisyon alarak
batinin politikalarina kars: birlegik bir cephe olugturmasint hedefler. “Kiiresel
Giiney” olarak adlandirilan geligmekte olan iilkelerin ¢ikarlarini savunan bir
platform olma iddiasindadir.
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Finansal Alternatifler Yaratmasi

BRICS’in en somut basgarilarindan biri, Batr’nin kontroliindeki finansal
kurumlara (IMF ve Diinya Bankas1) alternatifler geligtirmesidir.

Yeni Kalkinma Bankasi1 (NDB - New Development Bank): 2014’te
kurulan bu banka, iiye iilkelerdeki ve diger gelismekte olan iilkelerdeki
altyapi ve siirdiiriilebilir kalkinma projelerini finanse etmeyi amaglar. Diinya
Bankasr’na bir alternatif olarak tasarlanmustir.

Kosullu Rezerv Anlagmasit (CRA - Contingent Reserve Arrangement):
Uye iilkelerin finansal krizler sirasinda birbirlerine likidite saglamasim
amaglayan 100 milyar dolarlik bir fon havuzudur. Bu, IMF’nin roliine bir
alternatif olarak goriilmektedir.

De-dolarizasyon ¢abalari: Uye iilkeler, aralarindaki ticarette dolar yerine
kendi yerel para birimlerini kullanmay1 tegvik etmektedir. Bu, dolarin kiiresel
rezerv para birimi olarak hakimiyetini azaltmayr hedefleyen uzun vadeli
stratejik bir adimdir.

Stratejik ve Kaynak Zenginligi

BRICS iilkeleri, kiiresel tedarik zincirleri ve kaynaklar agisindan kritik bir
konuma sahiptir.

Enerji: Rusya, Iran ve BAE gibi diinyanin en biiyiik enerji iireticilerini
barmndirir.

Imalat ve Teknoloji: Cin, diinyanin “imalat merkezi” konumundadir.
Hindistan ise yazilim ve hizmet sektoriinde kiiresel bir giigtiir.

Tarim ve Hammadde: Brezilya, tarim {irlinleri ve dogal kaynaklar
agisindan zengindir.

Bu gesitlilik, grubun kendi iginde bir ekonomik ekosistem yaratma
potansiyelini artirmaktadir.

BRICS ile Avrupa Birligi Tliskisi:

BRICS ve Avrupa Birligi (AB) arasindaki iliski, kiiresel siyasetin en
karmagik, gok boyutlu ve 6nemli dinamiklerinden birini olugturur. Bu iligki
tek bir kelimeyle 6zetlenemez; iginde vazgegilmez ortaklik, sert rekabet ve
derin ideolojik farkliliklar1 ayni anda barindirir.

Unutulmamasi gereken en 6nemli nokta, AB’nin BRICS’1i monolitik (tek
par¢a) bir blok olarak gormedigidir. AB, her bir BRICS fiiyesiyle farkli ve
kendine 6zgii bir iligki geligtirmigtir:



108 | BRICS Ulkeleri Diviz Kuru ve Borsa Endekleri Hiskilerinin Panel Veri Analizi ile Incelenmesi

Cin: AB’nin resmi tanimina gore bir “igbirligi ortagi, ekonomik rakip ve
sistemik rakip” olarak {iglii bir role sahiptir.

Hindistan: Yiikselen bir gii¢ ve diinyanin en biyiik demokrasisi olarak,
Cin’1 dengeleme potansiyeli nedeniyle AB igin “stratejik bir ortak™ olarak
goriilmektedir.

Rusya: Ukrayna’yr isgali nedeniyle su anda bir “hasim” olarak kabul
edilmektedir ve iligkiler en alt diizeydedir.

Brezilya ve Giiney Afrika: Tklim degisikligi, siirdiiriilebilir kalkinma ve
bolgesel konularda 6nemli ortaklar olarak gortilmektedir.

Tligkiyi daha iyi anlamak icin “Ekonomik Iligkiler”, “Siyasi ve Jeopolitik
Tligkiler” ve “Isbirligi Alanlarr” olarak ii¢ ana baghga ayirabiliriz.

Ekonomik Iligkiler:

Ekonomik iliskiler vazgecilmez ortaklik ve rekabet temelinde
bigimlenmigstir. Ticaret ve yatirnmlarda, ayrica tedarik zincirlerinde derin
kargilikl bagimliik bulunmaktadir ve bu durum iliskinin en giiglii ve
en geliskili boyutu olarak belirmektedir. Pazar erisimi ve haksiz rekabet,
teknolojik gii¢ dengeleri ve hakimiyet ¢abalari, “Briiksel Etkisi” ve standartlar
ile sert ekonomik rekabet alanlar1 olarak 6ne ¢ikmaktadir.

AB, bir biitiin olarak BRICS iilkelerinin (6zellikle Cin’in) en biiyiik
ticaret ortaklarindan biridir ve tersi de gegerlidir. Milyarlarca avroluk mal
ve hizmet her giin iki blok arasinda hareket eder. Avrupa’min tiiketim
mallar1, teknolojisi ve liiks tirtinleri BRICS pazarlarina ihtiyag duyarken, AB
endiistrisi de BRICS’ten gelen hammaddelere, ara mallara ve ucuz ig giiciine
bagimlidir.

Kiiresel tedarik zincirleri, bu iki blok arasindaki entegrasyon {iizerine
kuruludur. Cin’deki bir fabrikada firetilen bir parga, Almanya’daki
bir otomobilde kullanilir ve Brezilya’dan gelen tarim iiriinleri Avrupa
stipermarketlerinde satilir.

AB, sik sik Cin gibi iilkeleri devlet siibvansiyonlari, teknoloji transferine
zorlama ve fikri miilkiyet hirsizh@ gibi uygulamalarla suglamaktadir.
Bu durum, adil bir rekabet ortaminin olmadigi yoniindeki endigeleri
artirmaktadir.

5G, yapay zeka ve yesil teknolojiler gibi alanlarda AB ve Cin arasinda agik
bir rekabet vardir. AB, kendi teknolojik egemenligini korumaya galigirken,
Cin bu alanlarda kiiresel lider olmay1 hedeflemektedir.
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AB, kendi i¢ pazarinda belirledigi yiiksek standartlar1 (Ornegin, gevre
koruma - smirda karbon diizenleme mekanizmast (Carbon Border
Adjustment Mechanism - CBAM), veri gizliligi - (The General Data
Protection Regulation - GDPR) kiiresel bir norma doniistiirme giiciine
sahiptir. Bu durum, standartlara uymak zorunda kalan BRICS iilkeleri igin
ek maliyetler ve zorluklar yaratmaktadur.

Siyasi ve Jeopolitik Tliskiler:

Ekonomik baglara ragmen, siyasi arenada degerler gatigmasi ve stratejik
farkliliklar konularinda derin gériis ayrihiklar meveuttur. Oz olarak taraflarin
farkl diinya diizeni vizyonlar1 bulunmaktadur.

AB: Kurala dayali uluslararasi diizenin, liberal demokrasinin, insan
haklarinin ve mevcut ¢ok tarafli kurumlarin (Birlesmis Milletler - BM, Diinya

Ticaret Orgiitii - DTO) giiclii bir savunucusudur. Mevcut diizeni korumak
ve giiglendirmek ister.

BRICS: Mevcut kiiresel diizenin Bat1 merkezli oldugunu ve gelismekte
olan iilkelerin sesini yeterince yansitmadigini savunur. Cok kutuplu bir diinya
diizenini tegvik eder ve IME Diinya Bankas: gibi kurumlara alternatifler
(NDB gibi) yaratarak bu diizeni reforme etmeyi veya dengelemeyi hedefler.

Ukrayna Savagi ve Rusya Faktorii BRICS ve AB bloklar1 arasindaki
ayrigmanin ¢ok keskin oldugu bir noktadir. AB, Rusya’ya karsi benzeri
goriilmemis yaptirimlar uygularken ve Ukrayna’y1 desteklerken, BRICS
tiyelerinin ¢ogu (Cin, Hindistan, G. Afrika, Brezilya) yaptirimlara katilmay1
reddetmis ve Rusya ile ekonomik ve siyasi iliskilerini siirdiirmiigtiir. Bu
durum, AB tarafindan “kurala dayali diizenin ihlaline karg1 kayitsizhik™ olarak
goriilmekte ve derin bir giivensizlik yaratmaktadir.

Insan Haklari ve Yonetim Modelleri baghginda da farkli goriigler
bulunmaktadir. AB’nin dig politikasinin temelinde demokrasi, hukukun
dstiinliigili ve insan haklar1 gibi degerler yer alir. BRICS blogunda ise Cin,
Rusya ve Iran gibi otoriter yonetimlerin yani sira Hindistan ve Brezilya gibi
demokrasiler de bulunur. AB’nin 6zellikle Cin’in Sincan ve Hong Kong’daki
politikalarina yonelik elegtirileri, iligkilerde siirekli bir gerilim kaynagidir.

Isbirligi Alanlart: Ortak Kiiresel Sorunlar

Tiim rekabete ve farkhiliklara ragmen, her iki tarat da bazi kiiresel
sorunlari tek baglarina ¢ozemeyeceklerinin farkindadir. ilklim degisikligi,
kiiresel saglik, ve terorle miicadele ve niikleer silahsizlanma ortak kiiresel
sorunlar olarak algilanmaktadir
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Diinyanin en biiyiik ekonomileri ve yayicilari olarak, iklim degisikligiyle
miicadelede igbirligi yapmak zorundadirlar. Paris Anlagmasr’nin hedeflerine
ulagmak, her iki tarafin da katiimi olmadan imkansizdir. Ancak “ortak
fakat farklilastirilmis sorumluluklar” ilkesi {izerinden sik sik anlagmazliklar
yaganmaktadhr.

COVID-19 pandemisi, gelecekteki salginlara kargi hazirlik ve isbirliginin
Onemini gostermigtir.

Terorle miicadele ve “algilanan” niikleer tehditler alanlarinda, ozellikle
Iran niikleer anlagmasi gibi konularda, ortak gikarlar temelinde diyalog
kanallar agiktir.

BRICS, AB, G7 ve G20 iliskileri
Bu baglikta BRICS, AB, G7 ve G20 iliskileri degerlendirilmektedir.

Tablolastirarak 6zetleyecek olursak:

Tablo 1

G20 (Gelismis ve

G7 (Gelismis 7 Gelismekte Olan | Avrupa Birligi
Ozellik | BRICS Ulke) 20 Ulke) (AB)
Geligmig
Ekonomik is birligi, = eckonomilerin Siyasi ve ckonomik
kiiresel yonetisim | koordinasyonu, Kiiresel eckonomik | entegrasyon,
Ana reformu, ok kiiresel politika istikrar, finansal kriz | tek pazar, ortak
Odak kutupluluk belirleme yonetimi politikalar
“Kiiresel Kuzey”,
Temsil “Kiiresel Giiney”, | yerlesik Bat1 Kiiresel Kuzey ve | Uye devletlerin
Ettigi yiikselen piyasalar, | ekonomik ve siyasi | Giiney arasinda bir | ortak gikarlart ve
Diinya  Bat1 dis1 giigler diizeni koprii degerleri
Kiiresel ekonomik
krizlere ortak Uye iilkeler
Mevcut kiiresel Mevcut kiiresel ¢6ziim bulmak, arasinda barig,
Temel diizeni degistirmek/ | diizeni stirdiirmek/ | diyalog ortami refahi ve istikrari
Amag dengelemek yonetmek yaratmak saglamak
Siyasi ve ckonomik | Liberal Hem G7 hem de Demokratik
sistemleri farkl demokrasiler, BRICS iiyelerini ve hukukun
Uye (demokrasi, otoriter | serbest piyasa igeren heterojen bir | {istiinliigiine dayali
Profili rejim vb.) ckonomileri yap1 iilkeler
Yeni Kalkinma Kiiresel ekonomik Ortak para birimi
Bankast (NDB), politikalar, Finansal (Euro), Schengen
Somut | Kosullu Rezerv yaptirimlar, ortak | diizenlemeler (6rn. | Bolgesi, ortak tarim
Admmlar | Anlasmasi (CRA) | deklarasyonlar 2008 krizi sonrasi) | politikast




Uye
Ulkeler:

Brezilya, Rusya,
Hindistan, Cin,
Giiney Afrika,
Musir, Etiyopya,
Tran, Birlesik Arap
Emirlikleri

Almanya, Amerika
Birlesik Devletleri,
Birlesik Krallik,
Fransa, 1talya,
Japonya, Kanada
(Avrupa Birligi de

temsil edilmektedir)

Tiirkiye, ABD,
Almanya, Arjantin,
Avustralya,
Brezilya, Cin,
Endonezya,
Fransa, Giiney
Afrika, Gliney
Kore, Hindistan,
ingiltcrc, italya,
Japonya, Kanada,
Meksika, Rusya,
Suudi Arabistan,
Avrupa Birligi,
Afrika Birligi
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Almanya,
Avusturya, Belgika,
Bulgaristan,

Cekya, Danimarka,
Estonya,
Finlandiya, Fransa,
Hirvatistan,
Hollanda, Trlanda,
Ispanya, Isveg,
italya, Kibris,
Letonya, Litvanya,
Liitksemburg,
Macaristan,

Malta, Polonya,
Portekiz, Romanya,
Slovakya, Slovenya,
Yunanistan

BRICS ve AB iligkisi, 21. yiizyilln jeopolitigini sekillendiren temel

dinamiklerden biridir. Ekonomik olarak birbirlerine siki sikiya bagli olsalar
da, siyasi ve ideolojik olarak giderek farklilasan iki diinya goriigiinii temsil
etmektedirler. Bu iligki, pragmatik igbirligi anlar1 ile stratejik rekabet ve
degerlere dayali gatigma anlar1 arasinda gidip gelmeye devam edecektir.
Gelecekte bu karmagik dengeyi kimin daha iyi yOnetecegi, kiiresel giig
dengelerinin de yoniinii belirleyecektir. Her ne kadar farklilagan iki gortisii
temsil ediyor olsalar da, AB ve BRICS mevcut konjonktiirde rakip veya
kargit tezler olarak goriilmemektedir.

G7,G20,AB ve BRICS gruplari arasinda iiyelik kesigimleri bulunmaktadir.
BRICS Ulkeleri ile ilgili temel notlar:

G20°de yer alan BRICS iiyeleri: Brezilya, Rusya, Hindistan, Cin ve
Giiney Afrika.

BRICS iilkelerinden higbiri G7 veya Avrupa Birligi tiyesi degildir.
G7 Ulkeleri ile ilgili temel notlar:

G7 tilkelerinin tamami ayni zamanda G20 tyesidir.

Avrupa Birligi’nde yer alan G7 iiyeleri: Almanya, Fransa ve Italya.
G7 tilkelerinden higbiri BRICS iiyesi degildir.

Bu degerlendirme ve tespitlerden sonra BRICS ile G7 ve G20%i
kargilagtirmak kolaylagmugtir.
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BRICS ile G7 mukayesesi:

Bu, en net karsithktr. G7, yerlesik diizenin koruyucusuyken, BRICS bu
diizene meydan okuyan ana aktordiir. G7 ideolojik olarak daha homojenken
(liberal demokrasi), BRICS siyasi farkhiliklarina ragmen pragmatik ¢ikarlar
etrafinda birlesir.

BRICS ile G20 mukayesesi:

G20, BRICS ve G7’yiayni masada bulugturan tek platformdur. Bunedenle
bir “alternatif” degil, bir “kapsayic1 diyalog forumu” olarak goriilmelidir.
BRICS, G20 iginde kendi pozisyonunu koordine ederek daha etkili olmaya
caligr.

BRICS’in 6nemi, salt ekonomik rakamlarin oOtesinde, 21. yiizyilin
kiiresel gii¢ dengelerindeki degisimin en somut gostergesi olmasindan
kaynaklanmaktadir. Grup, bati merkezli kiiresel yonetisim modeline kargi
yiikselen diinyanin sesini ve ekonomik giiciinii temsil etmektedir.

Ancak BRICS’in 6niinde i¢ ¢ekigmeler, Cin hakimiyeti ve sinirli somut
bagarilar gozlenmesi gibi ciddi zorluklar bulunmaktadir.

Ozellikle Cin ve Hindistan arasindaki sinir anlagmazliklart gibi siyasi
sorunlar grubun biitiinliiglini zayiflatabilir. Grubun ekonomik agirliginin
biyikk kismmni Cin’in olugturmasi, BRICS’in bir “Cin projesi” olarak
algilanmasina neden olabilmektedir. NDB disinda, grubun ortak siyasi ve
ckonomik hedeflere ulagmadaki etkinligi hala tartigmalidir.

Sonug olarak BRICS, mevcut kiiresel diizenden memnun olmayan
tilkeler igin 6nemli bir umut ve alternatif bir platform sunmaktadir. Basarist,
i¢ farkliliklarini agip ekonomik giiciinii somut ve birlesik bir jeopolitik etkiye
doniigtiirebilmesine bagl olacaktir. Ancak varlig bile, uluslararasi iligkilerde
artik tek bir gli¢ merkezinin olmadigini ve ¢ok kutuplu bir diinyaya gegisin
hizlandigini gostermest agisindan kritik bir 6neme sahiptir.

Tirkiye'nin - BRICS ile gelecekteki olasi entegrasyonu’nun da
degerlendirildigi (Bayramoglu et al., 2025) caliyma, konunun iilkemiz
agisindan  6nemine ayrica dikkat etmemiz gerektigini gostermektedir.
Literatiir hali hazirda BRICS {ilkelerinin borsalar ie Tiirk borsasi arasindaki
iligki oldugunu ortaya koymaktadir(Parmaksiz & Kocabiyik, 2020). Ayrica,
BRICS iilkelerinde doviz kuru ve borsa arasindaki getiri ve volatilite
etkilesiminin de ¢aligilan bir alan oldugu bilinmektedir (Polat & Kilig, 2022).
Iste tiim bu degerlendirme ve tespitler ile kiiresel dlcekte giig ve ekonomik
saglamlik degerlendirmelerinin gergeklestirilmesi amaciyla, bu galiymada bir
blok olarak BRICS iilkelerinin borsa endeksleri ve doviz kurlar1 {izerine
yogunlagilmaktadr.
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Literatiir

Finansal agidan doviz kurlarindan borsa endeksine dogru ve/veya borsa
endekslerinden doviz kurlarina dogru etkilesimlerin gozlenmesi olagandir
ve bu iligkilerin nedensellik tahminleri politika kararlar1 agisindan 6nem
arz etmektedir. Literatiirde doviz kurlari ile borsa endeksleri arasindaki
iliski Gnemli bir zemin bulmaktadir. Ulkenin ana sektor endeksi ile sinirh
kalinmayip alt sektor endeksleri ile doviz kurlarinin incelenmesine kadar
genig bir perspektiften konunun arastirildigr belirlenmistir(Kanat, 2018).
Bu ilgi zemini sadece Tiirkiye ile sinrlt kalmamaktadir. Ornegin, (Granger et
al., 2000) Asya Krizi ile bu konuyu ele almaktadir. (Pekkaya et al., 2017, p.
34) ckonomi teorisinin “akim” ve “hisse senedi” odakli yaklagimlarla déviz
kurlar1 ile hisse senedi piyasa endekslerinin ele alindigini belirtmektedir.
Pekkaya ve arkadaglarinin ¢aligmasinda hisse senedinden anlagilmasi gereken
olgu portfoy yaklagimi kavramudir.

Porttoy yaklagimi, pay senedi fiyatlarinin déviz kurlarma onciiliik ettigini
ve aralarinda negatif bir korelasyon oldugunu belirtir. Geleneksel yaklagim ise
doviz kurlarinin pay senedi fiyatlarina 6nciiliik ettigini ve aralarinda rastgele/
keyti bir korelasyon oldugunu belirtir (Granger et al., 2000, p. 347).

Akim temelli veya geleneksel yaklagim olarak bilinen yaklasgima gore,
reel doviz kuru uluslararasi rekabet giiciinii, genel ekonomik faaliyeti,
ticaret dengesi pozisyonunu, makroekonomik degiskenleri ve sonug olarak
ckonominin reel ¢iktisini etkiler (Dornbusch ve Fischer, 1980; Aggarwal,
1981). Bagka bir deyisle, yerel para biriminin degerindeki bir diigiis (deger
kaybri), iilkenin dig rekabet giiciinii ve dolayisiyla gelirini, ticaret dengesini
ve ekonomik refahini etkiler. Bu yaklagima gore, artan hisse senedi getirileri,
yerel para biriminin azalan degeri (deger kaybi) ile iliskilendirilecektir.
Yerel para biriminin azalan degeri, firmalarin kazanglarini, karliigini ve
mevcut/beklenen nakit akiglarini artiran dolayl etkisi nedeniyle firmalarin
hisse senedi fiyatlarini etkiler. Portféy denge modeline (Branson vd., 1977;
Frankel 1983) dayanan hisse senedi temelli yaklagim, doviz kurlarinin (
Exchange Rates - ER) piyasa mekanizmas: tarafindan belirlendigini 6ne
stirer. Hisse senedi fiyatlarinda beklenen bir artig yabanci yatirimcilart geker
ve boylece yabanci sermaye akimlari {ilke para birimine olan talebi artirir ve
bunun tersi de gegerlidir. Artan (azalan) hisse senedi getirileri, yurt igi serveti
ve yerel para birimine olan net talebi ve dolayisiyla degerini artiracaktir
(azaltacaktir) (Gavin, 1989). Bu dengeye gore, hisse senedi endeksindeki (
Stock Index - ST) hareketler, para birimlerine olan talebi, degerlerini ve doviz
kurunun (ER) degerini etkileyebilir. Ozellikle finansal kriz zamanlarinda,
yatirimer davranigindaki ani degisiklikler nedeniyle gelismekte olan iilkelerde
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bu dengeyi siirdiirmek daha da 6nemlidir. Eger (yatirimcilar) ekonomik
ve politik istikrara olan giivenlerini kaybederlerse, riskli tilkelerden ¢ikmak
isterler. Bu nedenle, bu iilkelerin varliklarina olan talep azalabilirken, yabanci
para birimlerine olan talep hizla artabilir. Bu yiizden, bu tiir iilkeler igin
sermaye hesabi dinamikleri, déviz kurunun (ER) belirlenmesinde 6nemli
bir role sahiptir (Pekkaya et al., 2017, pp. 34-35). Daha 6nce de belirtildigi
tizere alan yazinda doviz kurlar1 ve pay senedi fiyatlar: iliskisi ekonomik
teori kapsaminda 1ilgi gekici bir ¢aligma alani olarak yer almigti. ASEAN
tilkeleri ve BRICS iilkelerinin kargilagtirildig: (Aydin et al., 2023) ¢aligmasi
bu iligkiyi karsilagtirmali bir panel analiz ile irdelemektedir. Benzer sekilde,
kirilgan besli iizerinde pay senedi endeksleriyle doviz kurlari iligkisini
irdeleyen (Pekkaya et al., 2017) panel ¢aligmast bulunmaktadir. Tlgili galisma
tiim kirilgan besli iilkeleri igin literatiirle tutarh olarak, donemler itibariyle
tarkliliklar gozlendigi belirtilerek borsadan d6viz kuruna dogru ve ters yonlii
olarak, tek yonlii ve gift yonlii nedensellik iligkisi bulmugtur. Asimetrik panel
nedensellik testiyle doviz kuru, enflasyon ve hisse senedi piyasalari iligkilerinin
BRICS iilkeleri agisindan degerlendirildigi (Gazel, 2020) ¢aligmasinda da
iilkeler bazinda farkhlagan gift yonlii ve tek yonlii nedensellik iligkileri tespit
edilmistir. Ulkeler bazinda siurlar ¢izildiginde déviz kurlarindan endekse
dogru nedensellik iligkisi Cin, Brezilya ve Rusya ig¢in bulunurken, tersi
yondeki nedensellik bulgusu sadece Hindistan igin belirlenmistir.

Ekonomik etkilesimleri tek bir degisken ile agiklayan {istiin bir model
gelistirilmemistir.  Agiklayicilligr  arttirmak  ve  iligkilerin - daha  makul
sekilde irdelenmesi igin farkli degiskenlerle temel kurgulanan modellerin
desteklenmesi akademisyenlerce tercih edilen yontemlerdendir. Ornegin
tilke kredi risk primleri (CDS) ile petrol endeksi (OVX) ve volatilite endeksi
(VIX), iilke borsa endeksleri tizerinde ¢egsitli etkilere sahiptir (Yavuz et al.,
2023). Bir biitiin olarak veya tekil olarak iligkilerin incelenmesi miimkiindiir.
Borsa ile volatilite endeksinin incelendigi (Giizel, Fatih & ilta§, Yiiksel, 2022)
caligmast tekil incelemeye giizel bir 6rnektir. Piyasa dinamiklerinin sosyo-
ckonomik ayriliklar1 da destekledigi gercegi, pay senedi getirileri ile gelir
esitsizligi arasindaki niiansh iligkilerin incelenmesini de tetiklemistir. Brezilya,
Rusya, Hindistan, Cin ve Giiney Afrika (BRICS) ile Meksika, Endonezya,
Giiney Kore, Tiirkiye ve Avustralya (MIKTA) iilkelerinin olusturdugu
yiikselen ekonomilerin ele alindigi (Durmaz et al., 2025) galigmas: dikkate
degerdir. Bir bagka ¢aligmada hisse senedi piyasalarinin bolgesel ve kiiresel
diizeydeki biitiinlesme siireci goz oniinde bulundurularak, GSYTH biiyiime
oranlarindaki degiskenligin varhgi ¢ok degiskenli bir model ile geligmis
ve yiikselen hisse senedi piyasalarina ait kiiresel risk faktorlerinin agiklayici
giicli agisindan incelenmistir (Ferreira et al., 2022, p. 9). Matematiksel
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model kurgusunda doviz kuru oynaklig: ile ilgili olarak dig ticaret ve ihracat
hacimleri iizerinde gesitli panel veri yontemleriyle analiz gerceklestiren birden
gok ¢aligma bulunmaktadir (Can & Kilig, 2021; Ekanayake & Dissanayake,
2022; Morgigek, 2024). Cok degiskenli bir ¢aligma kurgusu ve modelleme
i¢in dig ticaret verilerinin eklenmesi degerlendirilebilir.

Veriler ve Yontem
Veriler

Uluslararasi rezerv para olmasi nedeniyle tiim para birimlerinin Amerikan
Dolar1 karsiligi doniisiimleri kur verisi olarak alinmistir. Incelemeye alinan
tilkeler, borsalar1 ve doviz kurlar1 tabloda sunulmugtur. Veriler investing.com
adresinden temin edilmistir.

Investing.com’da Tahran Borsas1 (TEDPIX) endeksini takip etmek
miimkiin olsa da, iilkedeki gift kur sistemi ve yaptirimlar nedeniyle Iran Riyali
i¢in giivenilir ve anhk bir doviz kuru ticker’t bulunmamaktadir. Etiyopya:
Etiyopya Menkul Kiymetler Borsas1 (ESX) ¢ok yeni bir borsa oldugu igin
heniiz Investing.com gibi biiyiik finans platformlarina entegre edilmemistir.
Bu nedenle takip edilebilecek bir borsa endeksi ticker’t mevcut degildir. Bu
gerekgelerle Tran ve Etiyopya calismadan gikarilmistir.

USD Kargilig1 Borsa Endeksi
} Ticker (Investing. | Borsa Ticker (Investing.
Ulke Para Birimi com) Endeksi(leri) com)
Brezilya Reali Bovespa Endeksi
Brezilya (BRL) USD/BRL IBOV) IBOV
Rus Rublesi MOEX Rusya
Rusya (RUB) USD/RUB Endeksi IMOEX
Hindistan Rupisi
Hindistan | (INR) USD/INR BSE SENSEX 30 | BSESN
USD/CNH Shanghai
Cin Cin Yuani (CNY) | (Offshore) Composite (SSEC) | SSEC
Giiney Giiney Afrika FTSE/JSE All-
Afrika Randi (ZAR) USD/ZAR Share JALSH
Misir Musir Liras1 (EGP)  USD/EGP EGX 30 EGX30
Birlesik
Arap BAE Dirhemi DFM General
Emirlikleri | (AED) USD/AED (DEMGI) DFMGI
Iran Iran Riyali TIRR) | Mevcut Degil TEDPIX TEDPIX
Etiyopya Menkul
Etiyopya Birri Kiymetler Borsast

Etiyopya (ETB) USD/ETB (ESX) Mevcut Degil
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Analize alinacak iilkelerin hem kur hem de borsa verilerinin bulunmas:
gerekmektedir. Bu gerekgeyle Tran ve Etiyopya analizden ¢ikarilmistir. Kur
verisi giinliik temin edilebildigi i¢in, analiz igin kisitlar borsa verileri olarak
ortaya ¢tkmaktadir. Analiz periyodu BRICS kapsaminin genigletildigi ve
ye tilkelerinin sayisinin arttigi 1 Ocak 2024 doneminden baglamaktadir.
Analiz siire zarfinda en uzun siire agik olan Rusya borsasi, en kisa stire agik
olan ise Misir borsasidir. Resmi tatil gibi borsalarin isleme agik olmadigt
giinler temizlenerek, panel verisi tim borsalarin agik oldugu periyoda
indirgenmigtir. Verilerde “x1” Borsa endekslerini “x2” doviz kurlarini temsil
edecek bigimde kodlanmustir.

Metodoloji

Literatiirde farkli finansal konularda panel veri yontemiyle uygulamalar
bulunmaktadir. Bu ¢aligmalar, temettii politikalari, iflas olasiliklar1 ve
hatta finansal oranlar ve hisse getirileri gibi gesitli alanlarda kargimiza
¢ikmaktadir (Oget & Kaya, 2023; Yaman et al., 2017; Yildiz et al., 2014;
Yildiz & Demireli, 2019). Panel veri uygulamas: agisindan N-11 tilkeleri
kapsaminda panel uygulamas: veya kripto varliklarla korku endeksinin
panel veri metodlariyla incelenmesi ¢aligmalar1 uygulamanin farkl alanlarda
olanakhiligini gostermektedir (Gupta & Bhatia, 2021; Sit et al., 2021). Bu
caligma kapsaminda borsa endeksleri ve doviz kurlart ile dengeli bir panel
hazirlandiktan sonra dogal logaritma alinarak veriler doniistiirtilmiistiir.
Veriler iizerinde, slope homogeneity testleri, cross-sectional bagimlilik
testleri, ikinci nesil panel birim kok testleri, CIPS testi, sabit etkiler ve
rastgele etkiler modellerinin Hausman testi ile sinanmasi ve model segimi
gergeklestirilmistir. En son olarak da model agiklayiciigi degerlendirmeye
alinmustir.

Caligma STATA 19.5 programu tizerinde ger¢eklestirilmistir.

Oget 2024 cahgmasinda, galigmalarin ¢ogunda degiskenlerin dogal
logaritma dontigiimii kullanildigini gézlemledigini belirtmistir. Kullanim
amacinin ise, verilerdeki heteroskedastisiteyi ve normallik digi durumu
azaltmak, anormal dagilimli veri sorununu ¢6zmek igin oldugu gerekgesiyle
agiklamaktadir (Oget, 2024, p. 998). Bu calisma da Oget ile aym yonde
kurgulanmugtir. Caligma igin iliski formiilii su sekilde gosterilebilir:

Inxl, =a + BInx2 + pu denklem (1)
burada alt simge “1” kesitleri, alt simge ‘€ ise zamani temsil etmektedir.
Hata terimi, denklem (1)’de “p,” ile temsil edilmektedir.

Oget 2024 calismasinda heterojen panlede kesit bagimliligr test
etmenin 6neminden bahsederken Pesaran 2004 CD testini kullandigini
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CD = N(N— 1 Z Z pJ rulanan  test budur.

i=1 j=it1 (2) de sunulmugtur.
denklem
(2)

Pesaran 2004 caliymasi, LM testinde kullamilan kareler yerine OLS
kalintilarinin ikili korelasyon katsayilarina dayali CD testinin kullanilmasini
onermistir. Denklem (2 yde “p,” , kalntilarin ikili korelasyonunun 6rnek
tahminini temsil eder. Tlk T[Jeo Ve ardmdan N[Jee CD testi asimptotik olarak
normal dagilimi izler.

Panel veri modelleri igin, egim homojenligini ve kesit bagimhilig1 sorunu,
bir¢ok panel veri modelinde egim katsayilarinin bireysel birimler arasinda
homojen oldugu varsayildig: i¢in incelenir.

Seri olarak iligkili olmayan hatalar 6rneginde boyut ve giig ile ilgili olarak
dikkate alinacak testler, kesitsel olarak genigletilmig IPS testi, CIPS(N
T) ve onun kesik versiyonu CIPS*(N, T) ile ters ki-kare ve ters normal
testlerinin kesitsel olarak genisletilmis versiyonlaridir; bunlar sirasiyla CP(N
T) ve CZ(N, T) ile gosterilir (Pesaran, 2007, p. 276,286). Bu ¢aligmada
kullanilan CIPS istatistikleri Pesaran 2007 c¢aliymasindaki haliyle denklem
(3) ile tanimlanmaktadir. CP istatistiklerinin hesaplanmasi, stokastik
simiilasyonlarla bireye 6zgii reddedilme olasiliklarinin tahmin edilmesini
gerektirir.

N
CIPS(N,T) = t-bar = NL Z t;(N, T) denklem (3)

Bulgular

Yatay kesit bagimlihigi ve homojenlik, panel veri analizinde 6zellikle
onemli faktorlerdir. Belirli bir iilke borsasindaki artiga bagl olarak komsu
tilkelerde de borsalarda artiglar olabilir ve bu da kesit bagimhligina neden
olabilir. Egim homojenligi, iilkeye 6zgii 6zelliklerin bir sonucu olabilir.
Bu nedenle, homojenligi ve kesit bagimliligini géz ardi eden tahmin
tekniklerinden yaniltic1 sonuglar elde edilmesi olasilig1 ytiksektir.
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Tablo 2. Egim Heterojenliji Testi

A Aadj

Ulkeler -11.912 (0.000) -15.758 (0.000)

STATAda “xthst x1 x2” koduyla (Pesaran, Yamagata. 2008. Journal of
Econometrics) metodolojisi ile “HO: egim katsayilart homojendir” sinamasi
gergeklestirilmigtir. P degerleri parantez ig¢inde verilmistir.

Tablo 3. Yatay kesit bagumllyjs test

Ulkeler
In x1 In x2
CD Test 531.32 (0.000) 531.06 (0.000)

STATAda “xtcd x1 x2” koduyla average correlation coefficients &
Pesaran (2004) CD test sinamas1 HO: kesitsel bagimsizlik hipotezi altinda
CD ~ N(0,1). P degerleri parantez i¢inde verilmigtir.

Tablo 4. Panel Birim Kok Testler:

Diizeyde
Trendsiz Trendli
Inx1 -4.180 (0.000) -1.235 (0.108)
Inx2 -4.898 (0.000) -6.482 (0.000)

STATAda “multipurt x1 x2, lags(0)” koduyla analizler gergeklestirilmis
ikinci nesil panel birim kok testlerinden Pesaran (2007) Panel Unit Root test
(CIPS) simnamast gergeklestirilmigtir. P degerleri parantez iginde verilmisgtir.

MW ve CIPS testleri igin sifir hipotezi seri I(1) seklindedir. MW
testi kesit bagimsizhigini varsayar. CIPS testi kesit bagimhliginin tek bir
gozlemlenemeyen ortak faktor seklinde oldugunu varsayar. -multipurt- Scott
Merryman’in -xtfisher- ve Piotr Lewandowski’nin -pescadf- programlarini
kullanur.

x2 her durumda duragan (I(0)), x1: Trend yoksa: duragan (I(0)) Trend
varsa: duragan degil (I(1)) olarak belirlenmigtir. Duraganligin saglandig:
trendsiz model ile galigitimugtir.
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Doviz kurundaki degisimin (x2), BRICS iilkelerinin borsa endeksleri
(x1) tizerindeki etkisini 6l¢gmenin amaglandigr bu ¢alismada hangi modelle
caligtlmasi gerektigi Hausman testiyle sinanmistir. Hausman testi, panel veri
analizinde Sabit Etkiler (FE) modeli mi yoksa Rassal Etkiler (RE) modeli
mi daha uygun oldugunu belirlemek i¢in kullanilir. Bu minvalde HO hipotezi
rassal tkiler modeli uygundur seklinde yani FE ve RE arasinda sistematik
fark yoktur seklinde kurulmustur. Alternatit hipotez sabit etkiler modelinin
kullaniminin uyugn oldugu yoniindedir.

Hausman testinin gergeklestirilmesi i¢in STATAda sirasiyla “xtreg x1 x2,
fe”, “estimates store fe”, xtreg x1 x2, re”, “estimates store re”, “hausman fe

re” kodlarr galigtirilmistir.

Tablo 5. Hou Test Sonuglar:

x2 katsayilar

fe 0.0620236

re 0.0621783

Prob > chi2 = 0.9350

Test degeri ¥?(1) = 0.01 ve p-value = 0.9350 olarak belirlenmistir. FE
ve RE sonuglart arasinda anlamli fark yok, dolayisiyla RE modeli uygundur

Tnblo 6. RE(Rassal Etkiler) Modeli 1

Degisken Katsayr Std. V4 P Yorum

Hata
x2 (doviz  0.0622 0.0314 1.98 0.047 Doviz kurunda 1 birimlik artig, borsa
kuru) endeksinde yaklagik %6,2’lik artiga yol
agryor. Etki pozitif ve %5 diizeyinde
anlaml.
Sabit terim 9.7148  0.694  13.99 0.000 D&viz kurunun etkisi sifir oldugunda,
(cons) borsa endeksinin ortalama seviyesi

yaklagik 9.71 birim.

Tablo 7. RE(Rassal Etkiler) Modeli 2

Tiir Agiklama

Within R? = Zaman igi varyasyonun agiklanma orani ¢ok diisiik. D6viz

0.0020 kurundaki degigim, aynu iilke igindeki borsa hareketlerini fazla
agiklamiyor.

Between R2 = Ulkeler arasindaki ortalama farklar1 agiklama giicii diisiik.

0.0078

Overall R2 = Modelin genel agiklama giicii zayif, ancak katsayz istatistiksel

0.0078 olarak anlamli.
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rho = 0.9974 olarka belirlenmistir yani degiskenligin %99.7’si iilke
sabit etkilerinden kaynaklanimaktadir. Bu durum iilkeler arasinda ¢ok giiclii
yapisal farklar oldugunu (yani iilkelerin sabit etkileri baskin) gostermektedir.
Ayrica, “sigma_u > sigma_e” tespiti iilke bazl farklar (u_i) hata teriminden
cok daha biiyiik, yani iilke etkileri 6nemli geklinde sonuglanmugtir.

Sonug

Random-effects model sonuglarina gore, doviz kurundaki 1 birimlik artig
BRICS iilkelerinin borsa endekslerinde ortalama 0.06 birimlik pozitif' ve
istatistiksel olarak anlamli bir artiga neden olmaktadir (p = 0.047).

Ancak, modelin R? degerleri diigiik oldugu i¢in, doviz kuru tek bagina
borsa hareketlerini agiklamada yeterli degildir; muhtemelen faiz orani,
enflasyon, petrol fiyati, risk primi gibi diger makro degigkenler de modele
dahil edilmelidir.

Do6viz kuru ile borsa endeksleri arasindaki iligkinin incelenmesi ile
saglanmasi beklenen, girket karhliklari {izerindeki dogrudan etki, yabanci
yatirimei kararlarindaki 6nem ve makroekonomik gosterge olarak kullanim
faydalar1 agisindan sadece kiiglik bir fayda gozlenmesi ihitmali oldugu,
ilerleyen donemde modelin revize edilerek ¢aligilmasi gerektigi kanaati
olugmustur.

BRICS’in artan 6neminin ve iilkeler arasindaki etkilesimin sorgulandig:
bu ¢aligmada basitlestirilmig bir model ile yiiksek agiklayiciliga erigme imkani
olmamugti. Modelin yenilenerek sinamalarin tekrar yapilmasi, politika
hedefleri, yatirim kararlar1 gibi ¢ikarimlar igin daha faydali olacaktir.
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